MEZHAL
Journal of Advances in Military Studies https://doi.org/10.37944/jams v2i1,41
2019, Vol, 2, No. 1, 37-55,

E
*}%6101 %7‘3%‘ AQ7t

KZEZED>

A4 AuAe AU F4se AFE BUSHA Raul, 53 1Y A0S S0l oW oA

ARE WA B A AU BRS A5 A AAA A LA A R o] AT 2
A% Azt Ao 47 JuE B ARE EUE 0F drE B 93 2P 24 # oY
A4 GuAe A48 24T £t GA BS ARG T BFE 89, 129, 134, 1481 164
0% et B¢ 0% B¥e U4 AuAcl we AUS WENE YA A8 29 4
Wi A9 FF FAZE B8 (Bifactor) FEE AESE do| gor], A4 AdAel F A
Bol o® Yo WaWA FEF EES ok s A& AN

o
e
ro
1
0
N
ofn
1%
$
A
0%
X
il

* me(@seonghobae.me



38 MTIZgeiT HM22 HMi1=

I. 270

3HA 7158 Q71 3tHCarnes, Houghton,

ko

od ZZolE rig ALY o IA HAVL F
& Ellison, 2015). A5& 37 = 1 2y A AN 4 F o)l F
Hahe Aoz Wgtsigity. JHA A AAHAEA A A AAF A3E EYE IA3E H
HAEY Aol F5 T g AL Aol F L8 (Kwak & Choi, 2016; Lee & Park, 2017).
T ZA(military setting)oll Al AHE-sh= AE] FAARE AAL A7 $31 AAoy Al A4, 1S
A7l T FF= & A7 W] HEel 8= olaiskAl X3l B de AAL S o/ Ee
Ate] A o2 nlgAlst Y E(socially desirable contents)S HoF WA= A 4 77 2y
T UE A A & A B3 A5 A9 e AFgsof sk J™d) oln] E3E A
2] Z1AHpsychological testing)o]H2He 4+ #3)|(Principal Component Factoring)& ©]&3 2
HE AHSIAY 4 BTy 54 FES A9Y0] obd A5F o2 FHFdhe 4 (Rhemtulla,
Brosseau-Liard, & Savalei, 2012a)7} AAE 1S 4 1t (Henson & Roberts, 2006). ©1&A] T4

T walet ZEE S 7 PAE 54 2 Hmeasurement error)E T WX, 3 LA F
_]

Aldte A= A A HARE wEA Hol AAT 2uE ek xXéte AdHE deh

At 48 a9 FXE 54 55 BAVE o) FAE ofd 3o AgA oz vEA e

S 92 JER & Q7] WE(Holden & Book, 2009), 2|5 Adg QA AAL £3Fo 2 A
A47] ojH}.

o] 23 g HAAtde 9 ¥ &3 common method effect)7} E3+=) Qo
Aol = A7] KB il(self-report)o] W2 A 29 X]H- AU HPodsakoff & Organ, 1986). & H)
AAZE FAE T4 43 24 B IE ‘AR BH(EE do)) &% wiidd W a2
7} A 4 &(Podsakoff, MacKenzie, Lee, & Podsakoff, 2003)& 47 H itk

ol &HE AoJstr] gt Mol E JiX] Qi g A4 RH(ESEM: Exploratory
Structural Equation Modeling)s ©]&-3l= ®(Ferrando, 2009; Marsh et al., 2010; Marsh,
Nagengast, & Morin, 2013; Morin, Katrin Arens, & Marsh, 2015), 281 E&H-$0|E(RT:
Item response theory)E ©]&3H= ¥ (Bock, 1997; Brown, Inceoglu, & Lin, 2017; Cai, 2008; Cao,
Drasgow, & Cho, 2015; Carter et al., 2014; Kang & Chen, 2008; LaHuis, Clark, & O ‘Brien,
2011; Reise & Flannery, 1996; Sinharay, 2015; Tendeiro, 2017; Thissen, Cai, & Bock, 2010)¢]t}.
o] F EINHZO|ES ol&3t ¥ Y I S B F e AP AL £Fs 4™

g ol
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111 FRPANEY Wn Bugelg A

_4

TEREARE AIH o) H2 /P 2 Aol £F 24 3 A4S 318(Kline,
2011, pp. 251-252)3H=A] obdA|(Allen & Yen, 1979)°1 @3 ch. 72U AARY HIL CTCU
(Correlated Trait Correlated Uniqueness) = ©]&3l A £& 7+ Y&o] FARBIEEE &
5‘01 A% Z1o 7 B (Marsh et al,, 2013)3H= A o] Qo HhH FHHgolE82 574 A 7
tHS 3 851%) e o2H £ 715 % AXKLikelihood calculation) ™ 71t 7% E(LL)3}
239 11 7 AR 2 A0 BAE ZE WPy Wako] WS £ 93} Awo] WA= Bat
& A ASHChalmers & Ng, 2017, Drasgow, Levine, & Williams, 1985; Kang & Chen, 2008,
2011; Liu & Chalmers, 2018; Tay & Drasgow, 2012; Tendeiro, 2017). |24 AHH o2 = R E
WES THEA A3 1A =27 A4S A Ik

IOI‘LO>

1.12 E3RkgolZo] 43t o7 9 SH(faking response) HZ

QIAb At A4S 93t A8 Hrke= 139 ZHAKhigh-stakes testing)eh 3 $Hoh(Attali, Lewis,
& Steier, 2013; Levashina, Weekley, Roulin, & Hauck, 2014; Malaansky & Glas, 2013). %2
ArRE A A= S (Griffith, Chmielowski, & Yoshita, 2007)< Rt 294 o] o] fARSH
S5 o] vEHE AF £ o4 7+ A#o] A (Podsakoff et al, 2003)3t] 35 WY BF
o] Yehd  lerE F3 o} d¥o] BAshE £3e AAE + UA FrHChalmers & Ng,
2017; Drasgow et al., 1985; Kang & Chen, 2008, 2011; Liu & Chalmers, 2018; Tay & Drasgow,
2012; Tendeiro, 2017).

1.2 A =5d A4

1.2.1 7] 7N

A XS B 9 7S SAER e A OUNE FA: conceptual criterion)7} $lojok A
A PF (A A £ behavioral criterion)2 EHZ 57 0] 7}53FHCampbell, Dunnette, Arvey, &
Hellervik, 1973). 238t X4 2ltjH(authentic leadership) AA¥2¢l A e N AbA
(critical incidents)©] FRAQNR] B3I Faheh. A Beiio] HAF B3O 7EE7] o™ A7)
o= “Zjo] A" (self-aware), “F5 A th3l” (unbiased processing), “FA 0 2 3%3}11"(Authentic
Behavior and actions), “A3F #7A1E @ ="(relational authenticity) 2|61 EA4 o2 FE wgit)
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(Ilies, Morgeson, & Nahrgang, 2005). 2L 1% Altjel 4 gy 54 =771 XS /L
(Walumbwa, Avolio, Gardner, Wernsing, & Peterson, 2008) 4 gtjd &4 =7+ a4 +
o] BE A ATE Foksl HEle o/FE etk 24 A AAE iLE ge BRE
e THE) Hoe HAF vnE F e I AR THLE ‘YT (behavion) S =
oF SFH(Campbell et al., 1973). 2™ o= Walumbwa$} 52 (2008)= Campbell®} & (1973, p. 16)
7b g “Foo] (XA EGA M) 713 n] AT SR8 QAN E =95k AAE A%
M HETE 7 A “FRAE A AV et ANd A BA7F AUAA A1 B EiF T

“a pattern of leader behavior that draws upon and promotes both positive psychological

i)

capacities and a positive ethical climate, to foster greater self-awareness, an internalized moral
perspective, balanced processing of information, and relational transparency on the part of
leaders working with followers, fostering positive self-development”(Walumbwa et al., 2008, p.
W da 4y ERES S44 FAE 2 Aok AG2E @ 165F0E UF H2 99
S48t st R, ol £F o] FAL B YA HEekR] &A Hole AHE ¢Sk

1.2.2 891 2

24 294 HAKWalumbwa et al., 2008) 70 A7t EH &3t Wo] gloy, & 16830z F
A 3, o]5 ES 1A 29 FZ(second-ordered factor structure)E <A o] AlFE 241
e FHsH ‘R ool & e Z AMHEE o AR o) Walumbwa$}t 5 £(2008)
7 F% 4220 T2 FAISY 1688 AAS 3 29lo 7 Attt E CFI(Comparative Fit
Index) 2} RMSEA (Root Mean Square Error of Approximation) X117} A7FE EEA & golE
d % Qe FT2Z YER7] W&l (Kenny, Kaniskan, & McCoach, 2015; Lai & Green, 2016)
& 29107 A A% FaAs Aushd Walumbwadt T2 (2008)7F <F 20082 S2O 2

st AAE HERE, ©] W CFI7F 912 £ 24 RMSEAE ¢F 109 23t 189 7% & o}
0] E3l= A2 2351 tHHu & Bentler, 1999). 23 8] Hu® Bentler?] A E# o] 3= &3

Kenny, Kaniskan® McCoach (2015) Al&d#o]A AelA= 2004 EEY w RMSEAZF A% g
Ql 0sRTH Z &2 FHu 38700 23ttt o] witol Hul Bentlerd] AlEd ol 237t A 7|&
o] @ £+ ¢lon] CFI7} 97} YA¥k RMSEAZ} 102 ¥A Ago] $x] 28 w(Lai & Green,
2016)% RMSEA®] 9Jg #as BFg HQe7t Qlch

A7 AlFE g FH902 A Q91 T2+ ‘Self-Awareness, ‘Relational Transparency’, ‘Internalized
Moral Perspective’, ‘Balanced Processing’ 22 T3] ItHWalumbwa et al., 2008, p. 99). Z# ¢l
ol IAF 9]l Fx0o]7] wWEel EINESo|BME AF W& Fo] Tl (facet) 2UY
¥ o] o) A (Makransky, Mortensen, & Glas, 2013) ‘A4 gli4 ol & @} ofegfjol| A oJH AAL &

e AHgE 2 BAE 9l A7 B 4 9

b
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1.2.3 H]3

¢!

N

24 oA AA A7 = 29 A4 A A7 (Walumbwa et al, 2000)4 % A 54 F
FAZE & Eou QA vk 7R BYS ARSSt] AARE EElglEdE e e
A=A, 22k 2t o] WA, ol TFo] $E TFAA ATl foH, FFel A

oJ A &&(Walumbwa et al., 2008, p. 12D)ZA A& o] f5 AFata 3IA| %s}ﬂr &3] o]
Zlel T 2d e A4 HdidE SAskaR o] FAMA, 54 LAt A
2 EFo] FAA AL AHg3tofo
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A2 E A FEH M8 AT (Yang, Kim, & Kim, 2017)°14 AF&3E 2185 Q]3] o] &3 th

2 %7} A (peer rating data)S AHESIITE 3028 0] 7} wek 1, 203 0] Blskh AT
o] TR, TRl S, 2tiFo] S Friste A2 FrkE ot webs A
2 719 ID9 S 71 ID, tith3 719l IDE dlojEle] A8 7tsEE A2H Sk

2.2 A4
2.2.1 34 LZTEY0]
EEEo)E Qe AF B4 29l 4 AT E0J(Bae, 2017)E ol &stth 4 Hxle
£ FA| W (control variables) 24 2|9 (W, T, 2008, B7H 1 28 3=, 9%7}
7 A ZEE ARESITE 181 o)F W 292 AT A5 AE7HA itk o
gk o] F 7t TSR ZAAAY BFLAL Alte] a&FolA] X BFELS A diidelA] A9

it} AIC(Preacher, Zhang, Kim, & Mels, 2013)2 7|22 HF &7} A=l
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53 F == 3 tH(Thissen et al,, 2010). ©] W] Bayesian 373 WS ©]&(Chalmers, 2015)3}
o FA o A S ddo] Y HES b 4% U5 2 ¥(Chung & Beretvas, 2012)-& 2 &3}
A} A3 AT (Walumbwa et al., 2008)7F IAEI o] 120YL AA S Qlorz 199107
B1A

2.2.3 2% HEE 4 9= HE

T BHIE A AT HEE T AT A (item fit indices)E AES}T A2 A8 AT
(Chalmers & Ng, 2017; Drasgow et al., 1985; Kang & Chen, 2008)7} #A| A3t +&9] 7l % At
(Likelihood calculation) ® 71t 7VFs= EQL)I #2H 1L F AAE F43 p<0s 5
(Benjamin et al., 2018) A& 71t 3 olgste B¢ EA7F e £Fo 2 golsty &< Al

7 F oA 248 A4S g

7} B3] oA 34 23 RMSEA(Garrido, Abad, & Ponsoda, 2016; Maydeu-Olivares,
2017; Maydeu-Olivares & Joe, 2014; Maydeu-Olivares, Shi, & Rosseel, 2017)7} 43} 5= 28

& A% 2oz AU,

m A+

i
K

ofN
[
ot

3.1%

374 A= Table 1, Table 2, Table 391 AASF3Ith Table 12 1623 5 F 5232 AF
o7 MEF Zlo|t}, Factor Loading= U¥H 02 +& AUzt 71 3914 58 dojof gt} o]
AFshd 352 73X (Communality)7} H 1, 1914 5% F4S wjd o3 P2 £
t}. 2822 Factor Loading®] 19 7M7F2-55 g 7/IdS 34312 Y& FHA £Fo =2 AF
& 7 Qi

‘Lo A&dAE TE ANl Foj oyt B Foff AFI)SelA 1] Aol dial 17g s
of”, ‘U8 A& BEHEA FRE o & Ae EY4 7ES WEW, ‘U A5
od AHE £3]7] Aol & Al Foidoly g o A3h=e] gAas Tt gt
“Ue] A&dAte A FEER] A G AR (el Fdidoly B Fof X HES] A4S A
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A}, U] A& THE ARl Roidolt B o) AAMHEY AL g T 27
AR Fol JAERL U o B A4 DH4S 03 glo] 34T - Qe 94 B
o2 2EHST oS B0l AT ¥} AR Moz HFAT $F Fol I3 AT 5 U
24 oAt drh} 28T PPAANE B AYE 292 Table 290 tehtalek

Table 1. Factor Loadings and Communality estimates

Items Factor Loadings | Communality
ALQR: Y] &A= o2 ALE(do: Eoidoly B B 233 E 67 750
Al 9] Aol dis) °174515} ’ ’
%Lgif o] A& G ZHEA B doF & A= TYF 7ES 371 758
ALQI13: Y2 Z&dAE ojwl A4S 23|7] Aol O ALE(d: Fuidd 917 22
oy g Rl AFMHEY 9JHE F3H3 o ’ ’
ALQ14: Vo] &A= AT 593HR] 814 v AR Fdlgo] 905 318
v B 2o Z]?J’*)—C—Bl AZr& A g ’ ’
ALQI16: o] &A= E}E A (e]: Foj oy g £ X3 s 98 361
A g w§ «l ZA AA3 Fof gArAA S YA, ’ :

Table 2. Item fit indices estimates

Tsirs 7 | sx2 |dis x2 nglsgx pS_X2

ALQS: o] A& e /\}”(fﬂl Fojdolyt g o
AFWMEANA 29 Aol dhaf AR

ALQI12: LM A& e guEA e ok 2 A =
94 71EE et

ALQI3: Urgl & gAE ofd AAE 23]7] Aol ohE Alg
(df: Foidoly g 2o AFWHEQ] g Flein drk
ALQI4: o] FEAAE AT B8R 8] g ALy
(f: Fojgolyt B Fof AFHES] 4742 I

1.825 | 29.036 | 16.000 | .034 024

1.733 | 32404 | 14.000 | .043 004

2533 | 19905 | 12.000 | .031 069

2422 | 32965 | 14.000 | .04 .003

ALQI6: o] A&GAE o8 Ag(d: Fdidoly & &
A AFHE YL v Fo 2A BAHT Foll JAbE | 2.899 | 32.940 | 15000 | .041 005
4& W&

Table 2 E(LL)E EF3} 3l W rro] EQLL)I dAvhdt ] Ho|A A=A E Z#k Zhs} =7
A Fho] AT S-X2, 2 Fto] Al AHRE, 2AE Jto] AT RMSEA, 23 € 7o) Alw e
p-valueZ ¥&3 7ot} p <.005 FF(Benjamin et al., 2018)S o3l AF ol &2 =Z 3
o, &2 A3 71F 22 283 S-X29) p-valuet p <.0025 FFol|A HA = oo} 3}, o]ef
&8s Z3k2 -2.80 ©l3kLD S-X29] p-valuet: 002501t ©] FAE olgdh= Edo] AR
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Table 3. Discrimination (@) and response difficulty (b;)

a bl b2 b3 b4 b5
Items () (F3R/28 | (A8 opny/ | (OMY/RT | (XF/237 | aF/H¢
ofyth ZAE) | oo ZAE) | ZAR) BAY) | 279 BAH)
ALQB 2.966 -3.124 -2277 -1.117 102
ALQI12 3.016 -2984 -2.388 -1.157 -.035
ALQ13 3925 -3.178 -2671 -1.972 -1.039 125
ALQI14 3612 -3213 -2609 -1.839 -.950 215
ALQ16 4231 -2.600 -1.834 -973 046

2 A2 T8 H HER o9 AYA S ZRE(dolR) bE BT Zlojth HA £
H do|oE FA ool 3, At E4F JA Ui A 2% s a5 vE T
Q= wWdzEoe] Fr} T AHMElx 9 THRE(EO|E) bhE MMLEMarginal Maximum
Likelihood Estimation) (Bock & Aitkin, 1981)¢] A% & X (prior distribution)Q! 7H-A1<F 2F 3
TEE 6 ~NO0DE BEE 54 ol 9371Ae] Azl 4 god A5 el A%
7} "t}

g =0, B7HE W gurt BE £3¢ S 28 H7ME B%S AL, Hdl o = 215
o dFste HTE 44 E92 ¥z “dd ol g T “IT'-%%”O] "}E]"Xk% W=
6 = —3.213°) Pt AFE A Dt 0& A Wdste] FHo] 50, ®
EUERAS W T=50+0x10% FA2E AFE A HEZE & 17877, ﬂtﬁ 52.15@% 71ﬂ1
& Utk

1) Zh & &5 AS 4o 2 FF3cH(Drasgow et al, 1985, p. 77).
2) A 3 AT FAHA] o} i JFW}ZP} F2 7 WSS felle ofF Rk duEFol
w2 Z7(Jin & Wang, 2014)3tt}.
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Test Information

e}

a

ol +2¥FHA Pt A4 70388 Wt FFolH, IA JdA Frke JA g
, A4 Fu o] @& g W =
] Figure 1°]t}.

Figure 1< 7 } A B SHE(TIF: Test Information Function)th. ¢l HAWF A3t 715
T e HAE 28 Y Zolth AR 1(0)7F THETF T AHY o7t FE4°] e
< 2ot T34 o] 3 BR —4 <9 <1 AT HANA A4 Yy Art &5t
A & F Ytk ole IA FHEA HAAPE A BrAe] R gulE s ol f8% HAL
E AMEE S Tk Aotk T8 v A9 W=t g Figure 2 A U4 AL ojd W
AelA A7t FrE = QleEx] YT it AFE T3t 4 <9 <1 F = HBHAA .6 0%
o] gHH1 gloH ¢ ‘l—“‘z"% ATE de A EE U R J5-E v AF A80] "ol
& Qloh webA ol A EuA AAE w2 A BuA aFES Ad guE WEskE o
T8-S oA FHETh
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Rellabllity
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Figure 2. Reliability Function xx(8) and coverage area of 6

o 24 FuA HARE W FEY I Juids Ad Y E WEskE A7
A2 57 % A E(Likert, 1932)7F € ZHAF 718 A7-(Walumbwa et al., 2008141
TE HE HEE 185A G7] Wiel & F NS 7HeAol =0 H2 +2EF
ToXE 285FE TAZA Likert AEE EUE AlEHH ATE e v ot
(Rhemtulla, Brosseau-Liard, & Savalei, 2012b). ©] A2 A& 24X 58 HT7A= A%
HE7b obd Mg HE2 FHFHoF 3, 650] d& wAok A% HEE Tesfof gt= ol
TEERARGANA FEE XY HEE FAFste A EIWSo|E AMS X8 THWirth &

of
e
T

Al
A

AR
Edwards, 2007).

T WA 715AL 58 AERA AAZE F Bido] AN Aotk Wakitast 55 (Wakita,
Ueshima, & Noguchi, 2012)= 474, 54, 74 AYAE F1 A8X] 7i¢ ¥ FF4 & FHI300h
I AR 430] 71 Ags SHo| 7t Pes BIa, A9A] AgTt sodss 7 4

235 BAFA.
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Item trace lines
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Figure 3. Item trace lines of Authentic Leadership Items

—_

o]& A% Figure 32 Trace line®] P13} P2, B2 P29} P37} AUX|Al 7HgAl wix|=] Q)
o 53] ALQI2, ALQI3Z P27} 2HA 8= 1 o] AUA|A Fof, ALQI2E ‘obdtY, ALQ13
& A op k7t AR kA & AYARSS ol ok B 5 fFste -
I HAF £Fo] HRste] Adgo] AAS Aotk £3HEgolE&Y =8 F = T
7] Al (cumulative response process)©]tHChernyshenko, Stark, Chan, Drasgow, & Williams, 2001).
FALR7IA A H A (Full credit) s ¥e Abgo] oW H1u3 9 71x= 4 (attenuation) €
o}, mebA Figure 3914 B P5 (& P6)7F g = 0 AA el A8 e Zelth

I3 AF 3 Sl £ 7 MM F&3] feiMEE “WgA
= EA(Gaddy, Gonzalez, Lathan, & Graham, 2017)0|9, 2H A= o
£ JHIZE Zahd AP e dhe & A 2 =20] HX %o
o, 252 AFlA 5t HeH FES F& d =8l HA 4& T US(Gaddy et al,
2017)< WEE +% 3ok Gaddy9t $5(2017)7F AAe AAH JAA e e “Ato]| =4
Al”(psychopathy)7t & AFE 5= gloH, o]f “Ato]FAA|"7} & 2tlE H48) 317] 34
g 24 YA F23HGaddy et al., 2017).

ok A Fuie] =2 AREE WEE § e, okl A o] W Algg wEE

T A=A GHAA AE RN o] AT A A AAE I Byl w2 AR
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715°] Y& T A= HAFAh AAE A o] =2 HHoA 42 £

v QAR IA ool S9F o R W ARKTH ST 304 oldh2 s8] X3 stAY g
H2A AP 3HAl Fo2A WAL A|E AdeHA] RSFEF ok dHtH(Gaddy et al., 2017).
g9 AT+ B2 A(Bifactor) 3(Gibbons & Hedeker, 1992; Mansolf & Reise, 2016)S AES
2A o] A7 AEUEE Fol1, ¥ B AAEE T5Y oVt itk o] AT E AILHSE 7
oA ARA Guds 23R Xske Bu g I3 uidS 23lske guE st Q)

=
g &l o9A BHFE A 1UE A& Fert IR
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Abstract https://doi.org/10.37944/jams v2i1,41

Which Item Measure the Authentic Leadership
of the Entry Level Leaders in Military

Appropriately?

Seongho Bae

Kwangwoon University

Due to little research focusing on high precise measurement of authentic leadership is not active,
and haven't knowledge for reliability and coverage range of authentic leadership questionnaires when
want to make high stakes personnel decisions in military settings. This study presented five
questionnaires to measure authentic leadership appropriately based on military leader responded
survey data. They were ALQ8, ALQ12, ALQ13, ALQ14, and ALQ16. In this study presented they
could be discriminate leaders who low level of authentic leadership with reliability. Further tasks may
discover and consider of bi-factor solution of factor structure of authentic leadership questionnaire,

and flourish discussions how to use authentic leadership questionnaire to make decisions in context
of military leader resource management.

Keywords : IRT, Appropriate Measurement, Coverage, ltem Selection
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