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Object/Non—object Image Classification Based on the
Detection of Objects of Interest

Sung-Young Kim *
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Abstract

We propose a method that automatically classifies the images mto the object and non—object images.
An object image is the image with object(s). An object in an image is defined as a set of regions that
lie around center of the image and have significant color distribution against the other surround (or
background) regions. We define four measures based on the characteristics of an object to classify the
images. The center significance is calculated from the difference in color distribution between the center
area and its swrounding region. Second measure is the variance of significantly correlated colors in the
image plane. Significantly correlated colors are first defined as the colors of two adjacent pixels that
appear more frequently around center of an image rather than at the background of the image. Third
one is edge strength at the boundary of candidate for the object. By the way, it is computationally
expensive to extract third value because central objects are extracted. So, we define fourth measure
which is similar with third measure in characteristic. Fourth one can be calculated more fast but show
less accuracy than third ome. To classify the images we combine each measwe by training the neural
network and SVM. We compare classification accuracies of these two classifiers.

» Keyword : 2HZHX|(Ooject of Interest), S&124A|(Certral Cbiect), LAHEF(mege Classification), SVM
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Table 3 Evaluation of the classification resut based on
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Table 4. Evaluation of the classification result for CS and

V(SP), respectively
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