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Applying Distributed Agents to Parallel Genetic
Algorithm on Dynamic Network Environments

Jin-Wook Baek #  Jeon-Won Bang
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Abstract

Distributed Systems can  be defined as set of conputing resources comnected by
computer network. One of the most significant techniques in optimization problem domains
is parallel genetic algorithms, which are based on distributed systems. Since the status of
dynamic network environments such as Internet and mobile computing, can be changed
continually, it must not be efficient on the dynamic environments to solve an optimization
problem using previous paralel genetic algorithms themselves. In  this paper, Wwe propose
the effective technique, in which the parallel genetic algorithm can be used efficiently on
the dynamic network environments.

» Keyword tEM A|AEI(Distibuted  Systern),  EAF OO[ME A|AEI(Distibuted  Agent  System),
B3 FAA} UnE|E(Parald Genetic Algorithm)
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Fig 2. Parallel Genetic Algorithm
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