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Abstract

In this paper, we propose a search algorithm for similar example-sentences in the computer—aided
translation. The search for similar examples, which is a man part in the computer-aided translation,
is to retrieve the most similar examples in the aspect of structural and semantical analogy for a given
query from examples. The proposed algorithm is based on the Needleman-Wunsch algorithm, which is
used to measure similarity between protein or nucleotide sequences in bioinformatics. If the original
Needleman-Wunsch  algorithm is applied to the search for similar sentences, it is likely to faill to find
them since similarity is sensitive to word’'s inflectional components. Therefore, we use the lemma in
addition to (typographical) surface information. In addition, we use the part-of-speech to capture the
structural  analogy. In  other word, this paper proposes the similarity metric combining the surface,
lemma, and part-of-speech information of a word. Finally, we present a search algorithm with the
proposed metric  and present pars conmwibuted to similarity between a query and a found example
Qur algorithm shows good performance in the area of electricity and commumication.

» Keyword : computer-aided translation( B IX| RIA|AE]), Needleman-Wunsch algorithm,
translation memory(2193 H|22]), alignments(&Z)
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