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k—Nearest Neighbor Query processing in
Multi-Dimensional Indexing Structures
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Abstract

Recently, query processing techniques for the multi-dimensional data like images have
been widely used to perform content-based retrieval of the data. Range Quesy and Nearest
neighbor query are widly used multi dimensional queries. This paper proposes the efficient
pruning strategies for Kk-nearest neighbor query i R-tree varants indexing structures.
Pruning strategy is important for the multi-dimensional indexing query processing so that
search space can be reduced. We analyzed the pruning strategies and perform experiments
to show overhead and the profit of the strategies. Finally, we propose best use of the
strategies.

» Keyword @ k-Nearest neighbor query, Multi-dimnesional indexing, R-tree, Pruning
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