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Abstract

In this paper, the input pattern vectors are extracted and the leaming algorithms is designed
to recognize EEG pattern vectors. The frequency and amplitude of alpha thythms and beta
rhythms are used to compose the input pattern vectors. And the algorithm for EEG pattern
recognition is used SOM to leam initial reference vectors and out-star leaming algorithm to
determine the class of the output newrons of the subclass layer. The weights of the proposed
algorithm which is between the input layer and the subclass layer can be leaned to determine
initial reference vectors by using SOM algorithm and to leam reference vectors by using LVQ
algorithm, and pattern vectors is classified into subclasses by neurons which is being in  the
subclass layer, and the weights between subclass layer and output layer is leamed to classify
the classified subclass, which is enclosed a class. To classify the pattern vectors of EEG, the
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proposed algorithm is simulated with ones of the conventional LVQ, and it was a confirmation

that the proposed leaming method is more successful classification than the conventional LVQ.
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(Pattern classification)
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Table 1. The measured EEG data
(alpha : Hz, uV, beta : Hz, uV)
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