Egﬂ 7””51 ]}:#&TE uH-H)LwL —12-7-1-
#13% HTH, 2008. 12. 200813777176

CEE 2 ol4] w0l et 6T

old T, nxF™

Study of Methodology for Recognizing Multiple Objects

Hyun Chang Lee ™, Jin Kwang Koh **

kO
Q

FHZ eI 23 38 Fofl|A] 7FA o] A& ¢ A O]‘('LO]"’% JEE 2219 R =R BAE
Aske A7t &) o] FolR| 1 Qitk, o] F $lgF AFRA 2Hol A BAE Zollle o= 7 W 63”50]
AAE T Qlom, A&EA o7 2R Al Ak 75 FAE & S’J Z AA F AR ok, d 24, Al
S AE B o AR ARE ARGl QIAIEEAL 7] el Alztear Q1AEke A 25w Al tiek
BE v gx glefol gty ajEE B APl Ul8rIve] EXQIAMe gk 7leRA A o)A
SIFT(Scale Invariant Feature Transform) 22 2]&< o]&3l] B4 A7 vlo[guo]~g F531%10M, o|&
7Rt g s B3l EE el EAlslks el EAE Sl Al&s] Qe WS Aldsl TEsls]

y—i
T
—‘0
i

=
=

Abstract

In recent computer vision or robotics fields, the research area of object recognition from image
using low cost web camera or other video device is performed actively. As study for this, there are
various methodologies suggested to retrieve objects in robotics and vision research areas. Also,
robotics is designed and manufactured to aim at doing like human being. For instance, a person
perceives apples as one see apples because of previously knowing the fact that it is apple in one’s
mind. Like this, robotics need to store the information of any object of what the robotics see.
Therefore, in this paper, we propose an methodology that we can rapidly recognize objects which is
stored in object database by using SIFT (scale invariant feature transform) algorithm to get
information about the object. And then we implement the methodology to enable to recognize

simultaneously multiple objects in an image.
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