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Support Vector Regression based on Immune Algorithm
for Software Cost Estimation

Kwon Ki-Tae”, Lee Joon Gil **

O ot
4 9

HHA| zEo] T o] go] Fofde] upgt Az ESo] A a9} i H]J‘-’Lol <7k =0, 71Eede S
2 gaels 7] RS o] 8sle] AZE0] A5 APgeislont o5 TS WSl Bl
ATHR vt & =RellAE 71AE 71€9 sh’l SVRE ARate] AXESo] H 8-S AgsiiaL, o o
SVRelM AHgehe sietuleEe] 24 232 HA <] Eﬂgﬂa g3 i duelss A8l A 27E
it} AzEdo] Bl S flal A, Z1dH 2, deFdAeE WA i WY daels 7k

SVRE A&siix, o 43 492 7€ 974 b2 17415}% e va S48k

ol

PN

_19, JR

Abstract

Increasing use of information system has led to larger amount of developing expenses and

demands on software. Until recent days, the model using regression analysis based on statistical

algorithm has been used. However, Machine learning is more investigated now. This paper

estimates the software cost using SVR(Support Vector Regression), a sort of machine learning
technique. Also, it finds the best set of parameters applying immune algorithm. In this paper,
software cost estimation is performed by SVR based on immune algorithm while changing
populations, memory cells, and number of allele. Finally, this paper analyzes and compares the
result with existing other machine learning methods.

» Keyword : MZE HE| 5|7{(Support Vector Regression), 2= E0] H[84E(Software Cost
Estimation), 7|A| &t&(Machine Learning), ™% &12|&(Immune Algorithm), oH

TWH==(Parameters), =I7(Regression).
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10 | 17684 0.084 0.010 0.4087 0.44
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