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Abstract

In this paper, we propose a head detection method based on vertical and horizontal pixel
histogram analysis in order to overcome drawbacks of the previous head detection approach using
Haar-like feature-based face detection. In the proposed method, we create the vertical and
horizontal foreground pixel histogram images from the background subtraction image, which
represent the number of foreground pixels in the same vertical or horizontal position. Then we
extract feature points of a head region by applying Harris corner detection method to the
foreground pixel histogram images and by analyzing corner points. The proposal method shows
robust head detection results even in the face image covering forelock by hairs or the back view
image in which the previous approaches cannot detect the head regions.
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Fig 5. Binary background subtraction image(left) and
feature section of the vertical foreground pixel
histogram(center), feature section of the horizontal
foreground pixel histogram(right)
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