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Local Block Learning based Super resolution for license
plate
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Abstract

In this paper, we propose a learmning based super resolution algorithm using local block for
image enhancement of vehicle license plate. Local block is defined as the minimum measure of
block size containing the associative information in the image. Proposed method essentially
generates appropriate local block sets suitable for various imaging conditions. In particular, local
block training set is first constructed as ordered pair between high resolution local block and low
resolution local block. We then generate low resolution local block training set of various size and

blur conditions for matching to all possible blur condition of vehicle license plates.  Finally, we
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perform association and merging of information to reconstruct into enhanced form of image from

training local block sets.
algorithm.

Representative experiments demonstrate the effectiveness of the proposed
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Fig. 1. The concept of local block in image

1) h(n+1)]=[wn) hn)]-k @
Fd Qe 7 we wE Gee A =
T 59 ATE el wradste] gttt 1
sk WS o] 838t AE T HolH sets

3x3, Oxb, 7x7, Ix9E A oM, o5 nigoR e}

= UER Yo TUT 2 S 3 Ay

AFS AAIEAT xgxm Z&Ak il
oA, Ash = T B2 56 “}éi% Bl 4
¥ el A

Mg e |

L, olell %3

A5t # 49) 2= 3

5] Ase 3 223} g

E 1. gao F7)of wE

49
9 vsd= s 9
o] 9 9ol

m

57 oAl B2

T oo

Table 1. Categorized training image by the size of image

=2 Aottt 27| ot et =7
1 135x69 271x138
2 122462 244x124
3 110x56 220x112
4 90 198x100
5 845 17830
6 80x40 160x81
7 736 144573
8 6533 13066
9 5829 17x59
10 5226 105x53
1 47x24 95x48
12 4221 85x43
13 38x19 77X30
14 x17 6X3B
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Fig. 5. Reconstructed images by using artificial license
plate imege (a) Low resolution image () Bi-cubic
interpolation (¢) Proposed method (d) Original image
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