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Abstract

In this paper, we propose an efficient on-line handwritten digit recognition base on
Convex-Concave curves feature which 1S extracted by a chain code sequence using
Smith-Waterman alignment algorithm. The time sequential signal from mouse movement on the
writing pad is described as a sequence of consecutive points on the x-y plane. So, we can create
data—set which are successive and time-sequential pixel position data by preprocessing. Data
preprocessed is  used for Convex-Concave curves feature extraction. This feature is scale-,
translation-, and rotation-invariant. The extracted specific feature is fed to a Smith-Waterman

alignment algorithm, which in turn classifies it as one of the nine digits. In comparison with
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backpropagation — neural — network,

performance.

Smith-Waterman  alignment  has  the

more  outstanding

» Keyword : Handwritten digit recognition, Smith-Waterman alignment algorithm, Character recognition
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Table. 2. Local features for on-ine handwritten system

Letter length velocity X acceleration
Vertical position Inttial— y acceleration
direction
Horizontal- Pen- radius of curvature
position elevation
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