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Abstract

In this paper, we propose a music recommendation method considering users tags by collaborative tagging in
a social music site. Since collaborative tagging allows a user to add keywords chosen by himself to web
resources, it provides users” preference about the web resources concretely. In particular, emotional tags which
represent human’s emotion contain users musical preference more directly than factual tags which represent
facts such as musical genre and artists. Therefore, to classify the tags into the emotional tags and the factual

AL 488 emAA A
-—‘yE—_T_"’ 0 2012. 09. 06, AAFYE 1 2012. 09. 27, AAMEAHL : 2012, 10. 02.

*

4041}Eﬁﬂj HHEA T3 (Dept. of Statistics and Information Science, Dongduk Women's University)
°] =2 FHAAN G 20109 % A4 Ao 93] FPE A



134 Journal of The Korea Society of Computer and Information November 2012

tags and to assign weighted values to the emotional tags, a tag ontology called UniTag is developed. After

preprocessing the tags, the weighted tags are used to create user profiles, and the music recommendation

algorithm is executed based on the profiles. To evaluate the proposed method, a conventional playcount-based

recommendation, an unweighted tag-based recommendation, and an weighted tag-based recommendation are

executed. Our experimental results show that the weighted tag-based recommendation outperforms other two

approaches in terms of precision.
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Algorithm 1. Music Recommendation

Input: set of User Profiles {Un X In X Pn}

Output: set of recommended items

For every user Un

compute user similarity between Un and Un+1

lists the top n users ranked by similarity as a
neighborhood N

For every item In which a user Un in N has a
preference for, but a target user Ut does not have a
preference yet

For every user Uv in N which has a preference for In

compute a similarity s between Ut and Uv

calculate Uv's preference for In weighted by s on
average

lists the top m items ranked by estimated preferences
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