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A study on the properties of the finite-dimensional
approximation of an r-fold Wiener Process

Sung-Hee Choi*, Suk-Hyung Hwang™*

O of
S 9

L

r—fold Wiener processt 222 © & infinite dimension®]i, FAFEIE finitely dimensional subspace

9k FFe 4= 7] wlEo] »—fold Wiener processt AFEIER FAE 4 gtk weh 2 =RoHE r—fold
Wiener process®] m-dimensional approximation 32| £ thef A3},

» Keywords : Wiener process, average case 24}, Probability measure

Abstract

Because the r-fold Wiener process is truly infinitely dimensional and a computer can only
handle finitely dimensional subspaces, we study in this paper the basic properties of the m

—-dimensional approximation function of the r-fold Wiener process.
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