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Detection of Character Emotional Type Based on
Classification of Emotional Words at Story
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In this paper, I propose and evaluate the method that classifies emotional type of characters

with their emotional words. Emotional types are classified as three types such as positive, negative
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and neutral. They are selected by classification of emotional words that characters speak. I propose

the method to extract emotional words based on WordNet, and to represent as emotional vector.

WordNet is thesaurus of network structure connected by hypernym, hyponym, synonym, antonym,

and so on. Emotion word is extracted by calculating its emotional distance to each emotional

category. The number of emotional category is 30. Therefore, emotional vector has 30 levels. When

all emotional vectors of some character are accumulated, her/his emotion of a movie can be

represented as a emotional vector. Also, thirty emotional categories can be classified as three

elements of positive, negative, and neutral.

As a result, emotion of some character can be

represented by values of three elements. The proposed method was evaluated for 12 characters of

four movies. Result of evaluation showed the accuracy of 75%.
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Table 1 Emotion categories to be grouped
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