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A Method of Auto Photography Composition Suggestion

Yong-Sub Choi*, Dae-Hyun Park®, Yoon Kim*

B R i AR} e ARLE B E RS S WEATIEA g Ae Tre] 99E
& % e AE T ANIEE AAT D AR T ARl TS T AR el glol AR S

ota, HGE AL SRS YR7F AR Fol vkl #e ARl Tl AR vz w
HIAE7} AREALE Al 9 & 9732 AElske Wiie] obd & Al FAQ FEE AHso 2 AXlalTe
< AFa. Akl WS Saliency Map, Image Segmentation, 24 7& 52 S JARIE #4338}
TR ARl Tt AR F e ARG FFEE slel=aklF I 2t AdAAE B BAt
=1 AEsle] AMgAlAl AFs o ® Frt AAEE Ae & F ULk

» Keywords : AR T, BAAA Xz, o[0|X| MOHE0M, d=HA AE

&

2 kR 2 of o
il

p
_LL/
)
fd
Ho
e,
¢
mlo

Abstract

In this paper, we propose the auto correction technique of photography composition by which
the eye line is concentrated and the stable image of the structure can be obtained in case the
general user takes a picture. Because the general user photographs in most case without
background knowledge about the composition of the photo, the subject location is not appropriate
and the unstable composition is contrasted with the stable composition of pictures which the
experts take. Therefore, we provide not the method processing the image after photographing, but
he method presenting automatically the stable composition when the general users take a

photograph. The proposed method analyze the subject through Saliency Map, Image Segmentation,
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Edge Detection, etc. and outputs the subject at the location where the stable composition can be

comprised along with the guideline of the Rule of Thirds. The experimental result shows that the

good composition was presented to the user automatically.
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Fig. 7. Photography example of unstable composition.
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Fig. 26. Original, without scenario, with scenario.
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Fig. 31. Auto composition suggestion on photography
shooting.
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