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Abstract

In this paper, we propose a mobile application categorization method using word cluster
information. Because the mobile application description can be shortly written, the proposed
method utilizes the word cluster seeds as well as the words in the mobile application description,
as categorization features. For the fragmented categories of the mobile applications, the proposed
method generates the word clusters by applying the frequency of word occurrence per category to
K-means clustering algorithm. Since the mobile application description can include some
paragraphs unrelated to the categorization, such as installation specifications, the proposed
method uses some word clusters useful for the categorization. Experiments show that the proposed
method improves the recall (5.65%) by using the word cluster information.
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Fig. 1. Sample Screenshots of Mobile Application
Descriptions
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Fig. 2. Word Cluster-based Document Classification
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Fig. 3. Document Distribution by Length
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Table 3. Number of Mobile Applications per Categories

B M HE M
OAI0l= A 214 FERE| 745
oHM/rEl Al 106 2L/ gk 276
AlEeold Al 80 e 100

AZEIY 89 FZ|Apps 10
HE/E= Al 357 ATR/A0]| 88
RPG Al 111 e 64
H|=LA/Z2E 168 ARl 72
ofal/x|z/nE 186 24 47
HEZAM/AA 105 SNS 61
s/ st 28 FHEAE B3
/M 84 2A| 88
e 90 ESmi 31
A/ 259 Bl 3,621




o] 3] 7|9 BHld o ZE]Alo)d M) 21
E 4. o] TS 25t HEY M5 i
Table 4. Performance Improvement per Categories by Utilizing Word Clusters
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