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Abstract

In modern society, various crimes is occurred. It is necessary to predict the criminal in order to
prevent crimes, various studies on the prediction of crime is in progress. Crime-related data, is announced
to the statistical processing of once a year from the Public Prosecutor's Office. However, relative to the
current point in time, data that has been statistical processing is a data of about two years ago. It does not
fit to the data of the crime currently being generated.

In This paper, crime prediction data was apply with Naver trend data. By using the Web traffic Naver

trend, it is possible to obtain the data of interest level for crime currently being generated. It was
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constructed a modeling that can predict the crime by using traffic data of the Naver web search. There

have been applied to Markov chains prediction theory. Among various crimes, murder, arson, rape,

predictive modeling was applied to target. And the result of predictive modeling value was analyzed. As a

result, it got the same results within 20%, based on the value of crime that actually occurred.

In the

future, it plan to advance research for the predictive modeling of crime that takes into the characteristics

of the season.
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3.2.2 a0l

H1—§]_ 1:!4*1_4 QA 7 ﬂ o] ’|
w3 vy AAE B A, 2 Aol R
S, 0~65, S, 66~150% 31T} % A
§3l], 9 24 Zei9e) A2 349 (201149 108~12
DAl g, P (1,0) 2asle, § 2
3 Yolels} eigte] WS visiel JeisS U
Al AN F, A2 4834 AeI99E T
295 271583 Aolgel A% ks A3 Age,
Wajol ol A WY o GBS 7T 5 Ao

0.78 0.22

(1 0)( 05 05 ) )

= (0.78 0.22)

AR LASEL 2] (6)e] wet ezt S, D W 0.78% o
2 990k, %, e gol BT 9 A4 B 0~65 A1
olof HAlE ZoZ d& & 4 9t} W3] B oS Heg
g 7] 914 1 4 W g el 9Y Augs 7

= 20099 ~2011d] S H]

6. ‘é‘,‘xl I H|E DI =] t:H_|_| A H|Eg 9_| =|CHgZr (t”Q")
Table 6. Incidence of crime and The maximum number of
the current month incidence of crime(Arson)

B ] D vl (8D ] L vl o
T 2009'—j 20104 20114 i MVIC)
14 143 96 128 143
28 131 105 189 189
38 169 149 210 210
48 162 163 166 166
53 203 162 175 203




2 o] &3 HH o= wddd #F AF 99

WA HlolHE Agalgitt. 4 ol 2T W B Wes

o vl FMVIO)E 7T E 6 84 24 Held
2 9] w4 delelel Anigteld
WH W NESE 3P e e B s

Y HANR(MVIC)E A (Dl A E3dte] A
o = ¥l=geel A4 WAl Wz wA glolele] Az} ke
T2 easic w, Wa A sl daglel 24
she w8l

7. e o gl A A eiE(s)
Table 7. The number of predicted and actual incidence of
crime(Arson)

= x| G gl ofFgk | BE| LM dss AR
I 112 133
28 147 130
38 164 170
44 129 145
52 158 177

W3 A RIE dSget AAIE viaeh a74sh 2o

0.81 0.19
< 0)( 0.36 0.64) @
(0.81 0.19)
HASAYSELS A(T)ol vt ezt 54 W 0.81% d
2 H9i}. 3, the 2ol BT ¢ P4 =L 0~126
/\}o]oﬂ HEHgQE 7/,—1_@; oq]z aF 2= oh;} BJJJ tﬂ—/%l oﬂz =,

52 To] At 2 e B NEsd 9d A
Fafok @t B w=RalaE 2009d~2011del A W3]
4 wlolel S ARt 2 Lol AT WA Y NS
o AUGMVIC) S T3k & 88 2 24 dole] 2

W3 2 el o] gkl
8 Hr| L dlr 3 ehl e 2l vimol g (22D

Table 8. Incidence of crime and The maximum number of
the current month incidence of crime(Rape)

T3] 4. a2 o gt AN T gl Hw

Fig 4. Comparison of incidence of the predicted and
actual value of crime (Arson)

3
37 Aol 9 A EgRl F39] dloJElE o] &af,
2 DA S A stk 2 R lAlge] Hele
S,€0~126, S,& 127~252% gich, 27|98 4
(DE o83, 9 HA Ezige] H 374 (20119 10
~12¢9)HlelE & o83, P (1, 0)= 739t ¢ A
< E?ﬂm tlojel e} AIGS] M E v ste] deiEe U
St F AolBlFE Aker T, 2(2)0l A &3] Aol E L
7] Zo

et} a8l % 2] A3 ga 4(3)el A

N

S —7
Sy

BHE| 2R B (S) BHx| ghAY BiEo)
T 0004 | 20108 | 20119 | sk MVIC)
HE 2 oSar o 2 (s E 876 963 1,310 1,310
200 28l 938 974 1,648 1,548
150 3@ | 1,145 1,478 1,843 1,843
- W‘A " 44 | 1,141 1,562 1,528 1,562
L 58 | 1,261 1,863 1,980 1,980
e
100
80
o WA WY ST A3 8 8RBy NEs 3
40
20 FE AU MVIO) S 2(4)o] BEst] d& 3 A
R - 2 o2 WEdesh A4 Wy W] iy dlelele] Az} ghe E
——EE e a7 E-mHEM dEs AT 9= st &, W3 A NlTgo] o &gke] A o]

P

Easlis= o rasg

E

_\.L 9 l:Hxll:ll—AH 0:”_ |:||E/\ I:|I /\Ixﬂ :El_LI‘:_zr_(jol-‘j_[.)
Table 9. The number of predicted and actual incidence
of crime(Rape)

72 [ on oM vlet oEu | U 24 viet ang
13 1,061 1,082
28 1,254 1,081
38 1,493 1,362
48 1,265 1,472
5% 1,604 1,889

W B Weg dSgkat dAe vlashd T-5s 2
o



100 Journal of The Korea Society of Computer and Information January 2015

1800 A
1600
1400 /A \_———:; /
1200 —  —
1000 ~
800
500
400
200
0
) El 48 58

T2 5. | WA off% wITe} Al Y §ITS Hlm
&@z2h
Fig 5. Comparison of incidence of the predicted and
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