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Abstract

With the increasing popularity of social network services (SNSs), there have been many attempts

to analyze the users of SNSs. By doing so, the characteristics and preferences of the users can be

understood, which can help companies provide personalized information and services that they need

or are relevant for them. This study aimed to analyze the usage behavior of Korean Twitter users

from various perspectives to deepen the understanding of it. For this research goal, an online survey

was conducted for the users of Twitter and the data about their actual usage were collected using

the open API of Twitter. Factor analysis of the data revealed five factors that explain about 69.3% of

the usage variables. It was also investigated how the factors are related to gender, age, and brand

preferences. The results showed that the usage behavior of Twitter is largely affected by age

(p<0.001), and also by gender through an interaction effect (p<0.05). Also,

the factors showed

significant statistical correlations with the brand preferences of the users.
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V. Analysis Results

1. Descriptive statistics of Twitter usage
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Table 1. Descriptive Statistics
Variables Min Max | Average Std.
Dev.

Female 989

Gender Male 69%

Age 15 67 27.04 8.04
Following 18| 36948 947 .16 | 3549.42
Followers 6| 34074 895.09 | 3322.47
Tweets 64 57452 18315'2 52209.6
Faved 0| 20618 514.78 1816

List 0 90 7.01 12.81
Mentions 0 1.66 0.44 0.31
Hash Tag 0 1.95 0.36 0.48

URL 0 1.08 0.23 0.28
Positive
emotion 0.01 1.32 0.27 0.18
words
Negative
emotion 0 0.86 0.25 0.15
words
Numbers 0.02 2.57 0.34 0.37
Positive o| 2.02 0.28| 0.26

emoticons

Negative o| 1.33 0.21 0.25
emoticons

Punctuations 0.35 9.69 2.34 1.30
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Fig. 1. Skewed Distribution of the Variables
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2. Factor analysis of Twitter usage variables
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Table 2. Factor Analysis of Twitter Usage Features

Factors
1 2 3 4 5
Follower 0.946 0.069 0.070 0.030| -0.019
Following 0.880| -0.010] -0.052 0.038 0.060
List 0.849| -0.114 0.079 | -0.006 0.007
Tweets 0.564 0.289 0.284 0.506 | -0.040
POSIITIVB 0.019 0.798 0.159| -0.080| -0.088
emoticons
Mentions 0.194 0.744| -0.111| -0.019 0.162
Negatlve -0.216 0.522 0.017 0.373 0.026
emoticons
Positive
emotion 0.040| -0.022| -0.727| -0.199 0.064
words
Negative
emotion -0.082 | -0.190| -0.650 0.015| -0.278
words
Hash Tag 0.136| -0.420 0.558 | -0.313| -0.025
URL 0.239| -0.538 0.545| -0.253 0.043
Faved 0.112| -0.026 0.000 0.887 0.069
Punctuations 0.058 0.134 | -0.086| -0.010 0.884
Numbers -0.060 | -0.144 0.428 0.124 0.704
5
b 25(%) 20.70| 35.80| 49.20| 59.30| 69.30
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Table 3. Interpretation of the 5 Factors

Factor | Highly loaded variables | Proposed interpretation
1 Follower, FoIILci>Sv¥|ng, Tweets, The level of Twitter use
Emoltloons (poghve and Personal and friendly
2 negative), mentions, Hash Messages
Tag(-), URL(-) o
Emotion words (=) (positive ) } -
) Public sharing or provision of
3 and negative) information
Hash Tag, URL
4 Faved, Tweets Showmg pr.eference. or
collecting information
5 Numbers, Punctuations F‘resentlr.]g objective
information or facts

3. Gender, age, and Twitter usage behavior
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Table 4. Age and the 5 Factors

Factor
1 2 3 4 5
Correlation | .435x+ | ~2%°" | ~0.107 | ~0.121 | 0.14
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Fig. 3. 5 Comparison of the 5 Factors by Age
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Table 5. Gender and the 5 Factors (ANOVA)
F value p value
Factor 1 16.801 | 0.000***
Factor 2 5.047 | 0.026**
Factor 3 1.191 | 0.277
Factor 4 6.956 | 0.009**
Factor 5 0.242 | 0.623
*x p < 0.01, »** p < 0.001
B Female
iZ Male

Fig. 4. Comparison of the 5 Factors by Gender
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Table 6. Regressions analysis for Age, Gender, and the 5 Factors

Gender Age GenderxAge(Interaction)
B t B t B t F R
Factor 1 102 1.303 482 5.298% -.159 -1.953 16.120% % 0.229
Factor 2 —-.032 —.385 -.374 —3.833**x* .219 2.513% 6.853* %% 0.112
Factor 3 .165 1.871 -.166 -1.623 -.009 -.100 1.677 0.03
Factor 4 -.168 -1.920 -.092 -.908 .060 .665 2.597 0.046
Factor 5 -.030 -.333 150 1.463 -.021 -.226 0.916 0.017
ote: * p < .05, **x* p < .001
2712, 891 29 A$ Uolgh Al g G BF 9T YEr 2k $ AeS <Julank olg =z veh)
#o% Aoz vehtw gk of dake el met ele] W Fig 59 2k Fig 5% 91e) 291 29 U 571 24]2) 2
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3l Ao g B 4= 9t} A Well-known global SPA brand. Characterful
style.
B Global high class casual brand. Classic
style.
0.6 c Well-known global SPA brand. Basic and
0.4 practical style.
D Global casual brand. Unique and fitting
0.2 style.
o B Korean high class casual brand. Classic
| . style.
o ZW“MA P Global casual brand. Well known for its
jeans in Korea. Characterful style.
04 G Global budget casual brand. Basic and
practical style.
0.6 H Global high class casual brand. Mostly
08 sports style.
—— Male Female
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Table 8. Correlation between the 5 Factors and Brand Preference
A B C D E F G H
Factor 1 -0.002 -0.003 -0.127 0.072 -0.136 -0.041 -.178x% -0.083
Factor 2 -0.033 0.116 -0.009 0.064 290* * 0.115 0.125 170*
Factor 3 -.166* -0.059 0.024 0.018 0.028 -0.066 0.037 0.057
Factor 4 0.029 -0.07 -0.003 -0.064 -0.069 -0.141 -0.031 -0.118
Factor 5 0.09 0.133 0.058 270%* 0.129 0.064 0.073 0.066
«p < 0.05 *+p < 0.01
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2. Limitations and issues for future study
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