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Abstract

In this paper, we propose an efficient method that is tracking an object in real time using particle

filter and adaptive observation model. When tracking object, it happens object shape variation by

camera or object movement in variety environments. The traditional method has an error of tracking

from these variation, because it has fixed observation model about the selected object by the user in the

initial frame. In order to overcome these problems, we propose a method that updates the observation

model by calculating the similarity between the used observation model and the eight—way of edge model

from the current position. If the similarity is higher than the threshold value, tracking the object using

updated observation model to reset observation model. On the contrary to this, the algorithm which

consists of a process is to maintain the used observation model. Finally, this paper demonstrates the

performance of the stable tracking through comparison with the traditional method by using a number of

experimental data.
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Table 1. Grassfire Y1 2|&

Procedure Grassfire

imagedata data;
integer cx, cy, width, height;

Iflcx < 0 || cy < 0 || cx >= width || cy >= height)
return;
data(cx, cy) = 0;
If(data(cx+1, y) is 1)
Grassfire(data, width, height, cx, cy);
If(data(cx—1, y) is 1)
Grassfire(data, width, height, cx, cy);
If(data(cx, y+1) is 1)
Grassfire(data, width, height, cx, cy);
If(data(cx, y-1) is 1)
Grassfire(data, width, height, cx, cy);
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Table 3. The average performance comparison using 5 test videos
S X ofX| = REC
DHE ofx 25 2 [fixed] e A
Name Total Frame [OPOSS
Correct % Correct %
Video_1 645 538 83.4 596 92.4
Video_2 686 537 78.2 602 87.7
Video_3 824 692 83.9 741 89.9
Video_4 396 299 75.5 334 84.3
Video_5 700 547 781 623 89.0
Avg 79.8 88.6
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V. Conclusion
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