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Robust Visual Tracking using Search Area Estimation and Multi—-channel

Local Edge Pattern

Eun-Joon Kim*

Abstract

Recently,

correlation filter based trackers have shown excellent tracking performance and

computational efficiency. In order to enhance tracking performance in the correlation filter based

tracker, search area which is image patch for finding target must include target. In this paper, two

methods to discriminatively represent target in the search area are proposed. Firstly, search area

location is estimated using pyramidal Lucas—-Kanade algorithm. By estimating search area location

before filtering, fast motion target can be included in the search area. Secondly, we investigate

multi-channel Local Edge Pattern(LEP) which is insensitive to illumination and noise variation.

Qualitative and quantitative experiments are performed with eight dataset, which includes ground

truth. In comparison with method without search area estimation, our approach retain tracking for the

fast motion target. Additionally, the proposed multi-channel LEP improves discriminative performance

compare to existing features.

» Keyword: Visual tracking, Correlation filter, Search area estimation, Local edge pattern
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Fig. 1. Overall process of proposed tracking algorithm
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Pyramidal Lucas—Kanade Algorithm

Table 1.

23]

53
B

z
S
T
o T
G 8 -
[ o —
S 5 2
- M o ks o
w5 @ g 158 2
17 ISE o — K]
S8 3% ) e g L
O B - oo = 2 g ©
se cg'TIls 82 &
s sc. 3t x50 =
S o §E =- x 23 ©
MOMWN, S = + £
S. £ 2Tag 84 2 8
232 o 8 8 825 3
o 2 o O s
B ° T4 S Ly g =
= E2 TlI=2e7s Il o4
SN2 g g i LTS
= __k s +
Il . TN e
TQ 1= 29 TV @™o ™
5 = m__
> L o 3
PETTYLE 2T
X0 — N M NE o Ne © O Wr
mWaﬁw'_sz ﬂﬂomﬂWEP
faxe]
aaogmqog?ﬁg@w?mw
3 * RO L © el =7 B
e I T~ T SO s
o = W XS oo
wﬂ = RS S = R wu o Np
wa_q}wﬂoa«auwmgurm
o ® @ o ©
N X — O
gl b §ET T oo
- 5 g B o=
I T = © — =
oo o o= M T F % T
B W o %HE N o= oo T
Aﬁ]LuL = T EL‘HU‘.JIﬂ
N R
Ll,‘_.ﬂo ﬁo]\mﬂm_.o_,_”ﬂo#e J,mM
A iy T oI o mr WX
mm oy N R o W Mo py gn b
B =z No X E%Mﬂo_a o =
o g T TR Yo
I R = BTN
,moﬂ7@o1_.‘_@.Mﬂ,m6V
Mﬂ Mm iy = Ef go o= mr
Mo P oo T o o
B oTﬂ_ﬁEodl.ﬂﬂ,HU‘olﬂnﬂ o
— W RO oo oo — H
X B° BE oo T o M OE
TR NN T xR i

2]

I

X
N

i}
=

A g

ol T RN the

3|

7]

Pyramidal Lucas—Kanade based search ()

1.

area estimation

Lucas-Kanade &g

&l el M

hvA

A=

o]

el
K

i)

7RSS Sehv] =2

3,

Alel AHgAe ehlEs 8

4 3

o %

o 1AMzt %

%]
|

=3

u

Jool tel 2zt L, +170 @de] vz

23]
~

0

=

Gy
B

d7gsto]

A

=
=

SEERIER

YAV
ar

Al kel 7y =71 sl

& Azl gl K ¥

A

ES
d

Foltt. @ L, oA

o} A717F A7) )

i 2

9]

=19 =277} S7F

03

st #d L, Fdelrel A

[e}

Lm [e]
=

A= AHgE o] A2 3t

7] 4

=

A

e o 9

v

!

¢l Lucas-Kanade &

e
=

oM

ol

g3t ¥gn| = Lucas-Kanade ¢85

=
—=

(5)ell ¥z}

e

EEL

dof| =
9

B oz
-

Ll

Lucas—-Kanade 7]

Y=

Aol &=

3l

=
4

) =

3NN () — T+ gh +dhy+g

T=uy

e (dl,dy

™

(6)

L 1L)\2
v +d)),

w,

w,

HHH 2 Lucas—-Kanade

Ar

Lucas-Kanade 7]4F ©A1999 o

Y

Uy,

T
a

&l A

ol

o

I
N

=

©

I

WS
S|

7t glol BAE A%

g9 712 =

EFAH
= 1
=3



Robust Visual Tracking using Search Area Estimation
and Multi—channel Local Edge Pattern 51

ig. 3. The result of 25 points optical flow using
Pyramidal Lucas—Kanade algorithm
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V. Experiments
1. Experimental setup

Table 2. Experimental Parameters

Parameter Value
Learning rate(\) 1e-2
Padding 1
Gaussian sigma 0.03125
Orientation 9
HOG Cell size 1
Block size 2
Table 3. Experimental dataset list
Dataset name Target size # of frame
Tower IR Black Bus1 58X 24 400
Tower IR Black Bus2 43X 30 550
Hill EO Cart 59X 57 1390
Tower IR Black Trucki 27 X15 290
Tower IR Black Truck2 22X15 200
Hill IR Cart 52X 57 800
Building EO Truck 67X 63 166
Building EO Car 12763 385
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