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Influence Assessment Model of a Person within Heterogeneous Networks

Based on Networked Community
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Abstract

In this paper, we tried to investigate whether the influence of ' in a heterogeneous network of

physical network and virtual network can be quantitatively measurable.

To do this, we used

Networked Community(NC) methodology to devise a concrete model of influence assessment in

heterogeneous network. In order to test the model, we conducted an experiment with Donald J.

Trump and his surroundings to evaluate the effectiveness of this influence assessment model.

Experimentation included the measurement of impacts on the physical and virtual networks, and the

impact on the networked community. Using Trump's case, we found that analyzing only one of the

two networks can not accurately analyze the impact on others.
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Fig. 1. Real World and Virtual Space
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[Il. Influence Assessment Model
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Fig. 3. NC Modeling of President Moon Jae In

V. Experiment
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Table 1. Collecting Photos and Tweets
Tweets
Term Photos All Mentioned person’s
Tweets name
17.1. 20
17 4 19 2307 415 142
17. 4. 20
~17.7 19 1782 493 167

3. Influence in PN Model
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Fig. 5. Time—Series of NC Model in 2017 Q1-Q2

Table 6. NC model of Donald Trump in 2017 Q1

Rank Name cf1(PN) cf1(VN) total
1 Mike Pence 0.1193 0.0282 | 0.1475
2 Barack Obama 0.0538 0.0493 0.1031
3 Shinzo Abe(JP) 0.023 0.0423 | 0.0653
4 Neil Gorsuch 0.0278 0.0353 | 0.0631
5 Justin Trudeau(CA) | 0.0287 0.0282 | 0.0569
6 Theresa May(UK) 0.046 0.0071 0.0531
7 Hillary Clinton 0.0005 0.0493 | 0.0498
8 Angela Merkel(DE) 0.0274 0.0071 0.0345
9 Chuck Schumer 0.0044 0.0282 | 0.0326
10 Nj::g:‘&?m 0.0252 | 0.0071 | 0.0323
O 28718 2H 22 17] PN Hjasiols o Al
FZn A FBI =43 98] o] 9o &3tom, ojxg}
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Table 7. NC model of Donald Trump in 2017 Q2

Rank Name cf1(PN) cf1(VN) total
1 Emmanuel Macron 0.1336 0.0539 0.1875
2 Angela Merkel(DE) 0.0702 0.018 0.0882
3 James Comey 0 0.0839 0.0839
4 Hillary Clinton 0 0.0719 0.0719
5 Mike Pence 0.0343 0.024 0.0583
6 Moon Jae—in 0.0275 0.018 0.0455
7 Theresa May(UK) 0.0315 0.006 0.0375
8 Reuven Rivlin(IL) 0.0242 0.012 0.0362
9 Pope Francis 0.0242 0.012 0.0362
10 Nj::izm?m 0.0225 | 0.012 | 0.0345

6. Time-Series Analysis of NC model

g2 EfY 3 39 AEE] dld] 18719 28719
TRt 4 23 18
2 > b

9

(3
(3
o
=

2 ol

ot it
Hrﬂ o2
Hom e

o
<]
—
Y rlo
o
=il
o |g
RN

2 o,
i
ot

—r
T of
)
fo
s
[
oty
of X

ok
=)
[\)
M
N
=
rlr
=
2 o
H,

i
o

st
HI
=2
o2
ot
I
o
i)
re, ot
=)
o

1x o
i
iU o
ol
e
—
M
N
=2,
§E
o
P,L

%o
> £
i
ot

(o3

rir

[\

fL I
o N

ML ofy
ox, o
o
2
2
=
[>
U
=

ooz
ool
[ e DR 1 TR

TR VAT
o o2 o3 o [H X2 M (o ¥ KM

m 4z P
™

2
& x4

o
por
rlo

oX,
=2
8
=
2
n

Ho
wo Mo I 4

2
A

Ao o 8o of % or X Mmoo
re
-z
2

i X
— o o

AL of
N
=
r

[
o

=l
o

[\)
M
N
=2,
(m
o T
[kl
N
)
|

A

ST

o 2
X

Ho [H oot
N lo
Y
iy
e
)
=
X

)
N
E=)
Sl
o
fru

P
o
jt
-0,
[t
-z
i
o,
38
rﬂ

— [
ML r
N
fo,
Do
M
N
1o
o2
o
i)

iy o o

ol

2 32
>,
o
et po -
PO
o
fetl

ofm
o MN
o
fetl
FEY
> |o
fetl

o2
o
i)
o
O:



Influence Assessment Model of a Person within Heterogeneous Networks

Based on Networked Community 187

[V. Conclusions
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