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Abstract

The collection and manipulation of Internet of Things (IoT) data is increasing at a fast pace and its

importance is recognized in every sector of our society. For efficient utilization of IoT data, the vast

and varied IoT data needs to be reliable and meaningful. In this paper, we propose an IoT framework

to realize this need. The IoT framework is based on a four layer IoT architecture onto which context

aware computing technology is applied. If the collected IoT data is unreliable it cannot be used for

its intended purpose and the whole service using the data must be abandoned. In this paper, we

include techniques to remove uncertainty in the early stage of loT data capture and collection

resulting in reliable data. Since the data coming out of the various loT devices have different

formats, it is important to convert them into a standard format before further processing, We propose

the RDF format to be the standard format for all IoT data. In addition, it is not feasible to process

all captured lot data from the sensor devices. In order to decide which data to process and

understand, we propose to use contexts and reasoning based on these contexts. For reasoning, we

propose to use standard Al and statistical techniques. We also propose an experiment environment

that can be used to develop an IoT application to realize the IoT framework.
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