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[Abstract]

Recently, due to the increase of online reviews and the development of analysis technology, the
interest and demand for online review analysis continues to increase. However, previous studies have
not considered the emotions contained in each vocabulary may differ from one reviewer to another.
Therefore, this study first classifies the customer group according to the customer's grade, and presents
the result of analyzing the difference by performing review analysis for each customer group. We found
that the price factor had a significant influence on the evaluation of products for customers with high
ratings. On the contrary, in the case of low-grade customers, the degree of correspondence between the
contents introduced in the mall and the actual product significantly influenced the evaluation of the
product. We expect that the proposed methodology can be effectively used to establish differentiated

marketing strategies by identifying factors that affect product evaluation by customer group.
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I. Introduction
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Fig. 1. Trend of Online Shopping Volume
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Fig. 2. Differences in the Emotions of Terms by Reviewers
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II. Related Works

2.1 Influence of Online Reviews
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Fig. 3. Review Acceptance Framework
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Table 1. Previous Researches on Reviewer’s
Characteristics[12]
Source Result
Racherla, et | Online reviews from reputable authors
al. (2012) are perceived to be more useful to
[13] consumers
. Reliability of information source is the
Briggs, et al. . . }
most important factor influencing the
(2002) [14] . ) .
adoption of advice online
The author's review is more useful
Forman, et . . ,
when revealing the reviewer's personal
al. (2008) . )
information, such as the real name and
[15] . .
location of residence
t . . . .
Josang, e Trust in sources is more important in
al. (2007) [ ) . . .
[16] online reviews than in offline reviews
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2.2 Sentiment Analysis
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Fig. 4. Sentiment Analysis Methodology[17]
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2.3 Deep-learning Based Sentiment Analysis
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Fig. 5. Attention Mechanism[22]
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III. Methodology
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Table 2. Data Segments

Rating
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Lower Group
Ly, 1-4) 1,195 1,195 2,390
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4.3 Experiment Result
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Table 4. Top 40 Keywords of High Level Reviewer
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Table 7. Comparison of Positive Keywords

Comparison of Positive Keywords
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Table 8. Comparison of Negative Keywords
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Table 9. Analysis of Rank Difference

# Keywords
20 50 100 200
Positive 7.35 20.66 34.16 37.77
Negative 17.8 22.66 33.63 37.89
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