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[Abstract]

In this paper, we propose a device that can control the primary control surface of an aircraft by
recognizing speech commands. The speech command consists of 19 commands, and a learning model is
constructed based on a total of 2,500 datasets. The training model is composed of a CNN model using
the Sequential library of the TensorFlow-based Keras model, and the speech file used for training uses
the MFCC algorithm to extract features. The learning model consists of two convolution layers for
feature recognition and Fully Connected Layer for classification consists of two dense layers. The
accuracy of the validation dataset was 98.4%, and the performance evaluation of the test dataset showed
an accuracy of 97.6%. In addition, it was confirmed that the operation was performed normally by
designing and implementing a Raspberry Pi-based control device. In the future, it can be used as a

virtual training environment in the field of voice recognition automatic flight and aviation maintenance.
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I. Introduction
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II. Background

1. Speech Recognition Technology
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Fig. 2. Exemplary Word Net for Voice Controlled Aviation
System[37]
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Fig. 10. Prototype of Flight Controller
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