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[Abstract]

Humans are social animals that have gained information or social interaction through dialogue. In
conversation, the mood of the word can change depending on the sensibility of one person to another.
Relationships between characters in films are essential for understanding stories and lines between characters,
but methods to extract this information from films have not been investigated. Therefore, we need a model
that automatically analyzes the relationship aspects in the movie. In this paper, we propose a method to analyze
the relationship between characters in the movie by utilizing deep learning techniques to measure the emotion
of each character pair. The proposed method first extracts main characters from the movie script and finds
the dialogue between the main characters. Then, to analyze the relationship between the main characters,
it performs a sentiment analysis, weights them according to the positions of the metabolites in the entire
time intervals and gathers their scores. Experimental results with real data sets demonstrate that the proposed

scheme is able to effectively measure the emotional relationship between the main characters.
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Completed

Determined to ensure Superman's ultimate sacrifice was not in vain, Bruce Wayne
aligns forces with Diana Prince with plans to recruit a team of metahumans to
protect the world from an approaching threat of catastrophic proportions.

@EN~

Director: Zack Snyder
Writers: Chris Terrio (screenplay by), Zack Snyder (story by) 4 more credits »
Stars: Jared Leto, Amber Heard, Henry Cavill | See full cast & crew »

Edit
Cast '
Credited cast, sorted by IMDb STARmeter:

Jared Leto The Joker

s=4| Amber Heard Mera
Henry Cavill Superman / Clark Kent
Robin Wright Antiope

y Adams Lois Lane

Ben Affleck Batman / Bruce Wayne
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Edit

Storyline

Determined to ensure Superman's ultimate sacrifice was not in vain, Bruce Wayne aligns forces
with Diana Prince with plans to recruit a team of metahumans to protect the world from an
approaching threat of catastrophic proportions. The task proves more difficult than Bruce
imagined, as each of the recruits must face the demons of their own pasts to transcend that
which has held them back, allowing them to come together, finally forming an unprecedented
league of heroes. Now united, Batman, Wonder Woman, Aquaman, Cyborg and The Flash may
be too late to save the planet from Steppenwolf, DeSaad and Darkseid and their dreadful
intentions.

Plot Summary | Add Synopsis

Plot Keywords: superhero | extended version | dc extended universe | dc comics | cyborg
See All (77) »

Genres: Action | Adventure | Fantasy | Scl-Fi

Motion Picture Rating (MPAA)
Rated R for violence and some language
Darante Guida: Add cantant advieary far narante »

Fig. 1. Information in IMDb
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IV. Proposed Method
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Fig. 2. An overview of the proposed method
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Table 4. Result of a film <Frozen> analysis

pairs result
Anna -> Elsa 0.226424
Elsa -> Anna 0.178713
Elsa -> Hans 0.124833
Hans -> Anna 0.187306

V. Experiment

1. Experiment Setup
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Table 5. Evaluation score of a film <Frozen>

analysis result

pairs result score
Anna -> Elsa 0.226424 3
Elsa -> Anna 0.178713 2
Elsa -> Hans 0.124833 5
Hans -> Anna 0.187306 5

2. Result
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Table 6. Accuracy of the proposed method on 5 films

et | Fef2 | Fsf3 | gatd | Fsts
945 | 93.18 | 94.2 | 90.86 | 97.7

B
94.01

e

TH) whe Ate 2 90.86, 7P =& AEwg 97.7%

715300 e} 5He| FFL K012 J1S st ol
g g Ans V. 2004 A o] Jat el wat

Aot HAFE OjAstET] B2 45 HAS st

2-2. Computing Sentiment Scores

T 72 70 WHE ALSAL W7t M4 BolF 9k
]_

iy

JFoA & 4 QRO1 M, O] ARBAIRRE TP =2 ¥
7 T AR e 3ter Ue AHE
m=3)1 5tez Uz FHm=5)5 HlusiEH,
m=3% FL7t o 43t d5e Hole e € 4
ot ol Kol AlRACZ LHRojA|H 7HSR|9] Ato]7}

K

Tk ARA HR, S FIEE. ARMEoR Ho
SIRIEE PIE)0) 24 A7t AAIRS Aol 7 A
o] ORI o] AI7] ol

Table 7. Average evaluation score for each method
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