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[Abstract]

This paper shows the applicability of deep learning algorithm in predicting target position and getting
correction value of impact point in order to improve the accuracy of naval gun firing. Predicting target
position, the proposed model using LSTM model and RN structure is expected to be more accurate
than existing method using kalman filter. Getting correction value of impact point, the another proposed
model suggests a reinforcement model that manages factors which is related in ballistic calculation as
data set, and learns using the data set. The model is expected to reduce error of naval gun firing.
Combining two models, a ballistic calculation model for improving accuracy of naval gun firing based

on deep learning algorithm was designed.

» Key words: Deep learning, Ballistic calculation, IMM Kalman filter, Reinforcement learning,
Impact point correction
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I. Introduction
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II. Preliminaries

1. Related works
1.1 Considerations applying deep learning
algorithm in defense field
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1.2 Previous study of predict target position
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Fig. 1. RMSE result for track tracking by LSTM and
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III. The Proposed Scheme
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1. Prediction of target position
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2. Factors affecting ballistic calculation
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