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[Abstract]

LNG is known as the transitional energy source for the future eco-friendly, attracting enormous
market attention due to global eco-friendly regulations, Covid-19 Pandemic, Russia-Ukraine War. In
addition, since new LNG suppliers such as the U.S. and Australia are also diversifying, the LNG spot
market is expected to grow. On the other hand, research on the LNG transportation market has been
marginalized. Therefore, this study attempted to predict short-term LNG 160K spot rates and compared
the prediction performance between artificial neural networks and the ARIMA model. As a result of
this paper, while it was difficult to determine the superiority and superiority of ARIMA and artificial
neural networks, considering the relative free of ANN's contraints, we confirmed the feasibility of ANN
in LNG 160K spot rate prediction. This study has academic significance as the first attempt to apply
an artificial neural network to forecasting LNG 160K spot rates and are expected to contribute
significantly in practice in that they can improve the quality of short-term investment decisions by

market participants by increasing the accuracy of short-term prediction.

» Key words: LNG, LNG Spot Rate, Artificial Neural Networks, ARIMA

(2 <]

LNG+= 7|2 ﬂ%‘r%'p_i 7h=
oL, ook
il

A, COVID-19 |
v o 5 A2
faal= 01 1 ukel] LNG &
Zof AFE Al

HozA, AlAA R 287
Eﬁ

A
g A1) FES WA gl

s 83 dl’”*iw H] Riﬁ‘r 2 —EJ 23}, ARIMA
oF Qgadel dS5dsel #F 98 7HIs ol ot ARIMAR go] 7H]= dlo[E Ao}
of glomz ANNO| At #]l A= AlFEE ejsh NG 160K 239 o5l &8 7hs
e RIS 2 =2 ING 160K 23t9lell #ete] Qe Ws A8 Hxe AmRA
SHEAQL oo7h glow, Agteqle]l @rldS RS wod A Felse @YIRA oAEAd
ol A& w7 dths SHA ARAQ Vs @ 5 9lE AoR dEn:

> FAOf: LNG, LNG ATE2¢, 215413, ARIMA

 First Author: Sangseop Lim, Corresponding Author: Young-Joong Ahn

*Sangseop Lim (limsangseop@kmou.ac.kr), Div. of Navigation Convergence Studies, Korea Maritime and Ocean University
*Young-Joong Ahn (yjahn0726@kmou.ac.kr), Div. of Navigation Convergence Studies, Korea Maritime and Ocean University

* Received: 2022. 07. 05, Revised: 2022. 07. 26, Accepted: 2022. 07. 26.

» This paper is an extension of the paper presented("Forecasting Spot Freight Rate in LNG Market") at the
Conference(Proceedings of the Korea Society of Computer and Information winter Conference 2021).

Copyright © 2022 The Korea Society of Computer and Information
http://www ksci.re.kr pISSN:1598-849X | eISSN:2383-9945



188 Journal of The Korea Society of Computer and Information
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Table 2. Literature Review of Forecasting Other
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Table 3. Descriptive Statistics of LNG 160K Spot Rate
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