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[Abstract]

In this paper, we propose how to implement text summaries for colloquial data that are not clearly
organized. For this study, SAMSum data, which is colloquial data, was used, and the BERTSumExtAbs
model proposed in the previous study of the automatic summary model was applied. More than 70% of
the SAMSum dataset consists of conversations between two people, and the remaining 30% consists of
conversations between three or more people. As a result, by applying the automatic text summarization
model to colloquial data, a result of 42.43 or higher was derived in the ROUGE Score R-1. In
addition, a high score of 45.81 was derived by fine-tuning the BERTSum model, which was previously
proposed as a text summarization model. Through this study, the performance of colloquial generation
summary has been proven, and it is hoped that the computer will understand human natural language

as it is and be used as basic data to solve various tasks.
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I. Introduction
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III. The Proposed Model

3.1 SAMSum Dataset
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Table 1. SAMSum dialog and summary

Dialog

Aria: You won't believe who I've just met!

Aria: Charlie Evans!

Maverick: Oh God, I haven't seen him from ages!
Maverick: How is he doing?

Aria: He's doing great. 1)

Aria: He got married, he runs a small family business,
which he is very passionate about and generally he
seems to be a happy and fulfilled man. 1)
Aria: Oh, and he has two absolutely
daughters. )

Aria: It was so nice to meet him, he's such a sweet
soul.

Maverick: I'm glad to hear that. )

Maverick: Time flies so fast, doesn't it?

Aria: It does. :) Recently I've met Cooper Roy, I'm sure
you remember him, I constantly talked about him back
then in high school, because I had a huge crush on
him. He’s changed a lot!

Aria: I barely recognized him!

Maverick: I remember, how you and Kylie used to
gossip about him all the time. :)

Aria: Well, we were madly in love with him.

Aria: Or at least we thought so. ;)

Maverick: I sometimes miss those times.

Maverick: Everything seemed to be easier, better and
calmer back then.

Aria: The world wasn’t as crazy as it is now.

Aria: 1 feel like politics got crazier, people - more
radical and hostile and economics - less predictable...
Maverick: Me too...:(

adorable

Summary

Aria has just run into Charlie Evans. He is now
married, with two daughters, and a family business.
She has also met Cooper Roy from high school. She
used to have a crush on him, now she almost didn't
recognise him. Maverick and Aria miss the old times
and think the world has changed for the worse.

3.2 Model
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Fig. 1. Workflow
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Table 2. SAMSum dialogue and Input document
sample

Dialogue

Hannah: hey, do you have Betty's number?

Amanda: let me check

Amanda: sorry, can't find it

Amanda: ask Larry

Amanda: he called her last time we were at the park
together

Hannah: i don't know him well

Amanda: bye bye

Input document

[CLS] O, " hannah : hey , do you have betty's number
? [SEP] [CLS] amanda : le ##m me check [SEP] [CLS]
amanda : sorry , ca n ##' ##t find it . [SEP] [CLS]
amanda : ask larry [SEP] [CLS] amanda : he called
her last time we were at the park together [SEP]
[CLS] hannah i do n ##' ##t know him well [SEP]
[CLS]

[SEP] [CLS] amanda : bye .t.).ye [SEP]
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IV. Experiments

4.1 Experimental Set-up
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Table 3. Experiments Set-up

Models Train Learning Batch
steps rate

TransformerAbs 50,000 0.05 500

BERTSumExtAbs 164,000 0.05 512
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Table 4. Experiments Results

Models R-1 R-2 R-L
TransformerAbs 42.43 17.58 34.45
BERTSumExtAbs 45.81 22.36 38.38
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Table 5. Dialogue and inferenced summary with
TransformerAbs and BERTSumExtAbs

Dialogue

Corbin: Is this the department in charge of school
violence?

Dimitri: Yes, it is.

Corbin: I want to report school violence in our school.
Dimitri: Okay. What school are you in?

Corbin: Jungang high school. The student who is
victim of the violence is my friend. They are not
hitting him any more. But you should help my friend.
If they notice i was the one who reported, they will
hit me as well.

Dimitri: First, calm down. Give us your phone number.
You will be safe.

Corbin: 486-984-324. 1t is.

Dimitri: Don’t worry. I will call you now, ok?

Ground truth

corbin reported to the department in charge of school
violence that his friend has been beaten

Inferenced summary with TransformerAbs

corbin wants to report school violence in his school
violence. dimitri wants to help his friend.

Inferenced summary with BERTSumExtAbs

corbin wants to report school violence in jungang high
school . the student who is victim of the violence is
corbin 's friend .

V. Conclusions
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