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[Abstract]

In this paper, we propose a legal document search method that uses the Sentence-BERT model. The
general public who wants to use the legal search service has difficulty searching for relevant precedents
due to a lack of understanding of legal terms and structures. In addition, the existing keyword and text
mining-based legal search methods have their limits in yielding quality search results for two reasons:
they lack information on the context of the judgment, and they fail to discern homonyms and
polysemies. As a result, the accuracy of the legal document search results is often unsatisfactory or
skeptical. To this end, This paper aims to improve the efficacy of the general public's legal search in
the Supreme Court precedent and Legal Aid Counseling case database. The Sentence-BERT model
embeds contextual information on precedents and counseling data, which better preserves the integrity of
relevant meaning in phrases or sentences. Our initial research has shown that the Sentence-BERT search

method yields higher accuracy than the Doc2Vec or TF-IDF search methods.
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I. Introduction
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3. Embedding-based legal search system
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3-2 BERT
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III. S-BERT based legal search

1. Legal Search System Process
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Fig. 6. Legal Search System Process (S—BERT)
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3. Implementation Procedures

3-1. Legal counseling case collection
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Aid Corporation

Fig. 8. Legal Consultation Case Document (Title,
Content, Answer)
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Fig. 10. Supreme Court case data scraping results
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3-2. Data Preprocessing
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Fig. 14. S-BERT embedding for statutory data sets and queries
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Fig. 15. Supreme Court case search results for queries

IV. Experiment result

Table 1 wel 7i7o] Qv ®elo] ol Wrlow
2 70| QAR WUSHEA| 253 5 9l WA, 7]

!
9= oR QAEE A

L TF-IDF 24 8rale

£ dojo] tisll 71EA1E =7 FA, fARE 2= o

@ote 2oz Helth DocZVec 22 Tof 51 A0

tioll 2% JHES poidoza, wuo tigh FRE ¢

A HEE 4 AL, AR A U2 S = 5 9

o} Doc2Vec RHEPA] 2 HATS oF 719 id = 2=
F

- Q)
Siiel S BERE W] S Yo w0l K
o). 9AbE Zahs oha wRjgh ongt 7
s =T 4 AU
S-BERT 22 uld € #& A dol2at o
BAE UE 210 349 ALES 3

B orlr

2 5o vjol s2 FE=F =5 & ok
AR 0 Z S-BERTE o] &sh 7AMO] Aste = TF-IDF

of vlsl 6.62%, Doc2Vecof H|3}] 2.62% FFAE]|QICE. o]
Zle Aojeat AR et 2o Aust A viede 2t

2l & 4 9.
Table 1. Accuracy and cosine similarity by model
model n accuracy Avgrage
Similarity

10 52.9 0.6193

20 55.6 0.5825

TF-IDF 30 58.3 0.5268

40 60.2 0.4874

50 62.1 0.4492

10 56.2 0.7352

20 59.4 0.6897

Doc2Vec 30 61.3 0.6556

40 64.2 0.6478

50 68.0 0.6187

10 58.1 0.8053

20 61.9 0.7482

S-BERT 30 63.9 0.7154

40 67.1 0.6924

50 71.2 0.6735
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Fig. 16. Supreme Court case search results for queries

V. Conclusions
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