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[Abstract]

In this paper, we use a LiDAR sensor and an image camera to detect a left-turning waiting vehicle in
two ways, unlike the existing image-type or loop-type left-turn detection system, and a left-turn traffic
signal corresponding to the waiting length of the left-turning lane. A system that can efficiently assign a
system is introduced. For the LiDAR signal transmitted and received by the LiDAR sensor, the left-turn
waiting vehicle is detected in real time, and the image by the video camera is analyzed in real time or at
regular intervals, thereby reducing unnecessary computational processing and enabling real-time sensitive
processing. As a result of performing a performance test for 5 hours every day for one week with an
intersection simulation using an actual signal processor, a detection rate of 99.9%, which was improved by
3% to 5% compared to the existing method, was recorded. The advantage is that 99.9% of vehicles waiting
to turn left are detected by the LiDAR sensor, and even if an intentional omission of detection occurs, an
immediate response is possible through self-correction using the video, so the excessive waiting time of
vehicles waiting to turn left is controlled by all lanes in the intersection. was able to guide the flow of
traffic smoothly. In addition, when applied to an intersection in the outskirts of which left-turning vehicles

are rare, service reliability and efficiency can be improved by reducing unnecessary signal costs.
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I. Introduction
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II. Related Works

1. LIDAR Sensing Technology for Vehicle Detection
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2. Comparison of Performance of Conventional
Detectors and LiDAR Detectors
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Fig. 3. Left turn response process
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3. Deep Learning Algorithm for Car Number

Recognition
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Table 2. The excellence of the proposal system
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III. System Development

1. System Design
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IV. System Testing and Performance
Evaluation

LDAR 7] 527 2 % A28 3o A9 o
A m®rtstr] Yol A 5}
FG%591 WALZ A 9] E] EX A

I

S48, A9I0) SWI 5 ole] Fp] AZKE BAE lon
2 A1 22 Aol Test-Bed B02 TaeH)

1. Test Environment
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Table 3. System test environment
Cat. Designation Specification Qnty
LiDAR 360°, 32CH 1set
LPR
LPR Camera (Entrance, Exit) 2sets
HW Equipment All .Vldeo Iset
Case equipment
+RAM : 16GB
Server +CPU :i9 1set
+ SSD : 256GB
0S Windows 10 64bit 1set
SW Detector C# 1set
Recognizer C, C# 1set
User UI java, C# 1set
NW LAN TCP/IP 1set
Sample | Vehicle Video Video, Images random
Test
Time 1 week 5 hours / everyday

2. Performance Evaluation
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Table 4. The comparison of performance evaluation

Test conditions Result
Detection With LiDAR 99.9%
Rate Loop or Radar Type 95%
With Deep Learning o
- 98%
Recognition | -YOLO, CNN
Rate Without Deep Learning o
. 95%
-Repeated use of images
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Fig. 132 Table 4.9 w2t 452 ulmst Awfolr}

Comparison of detection rates
with or without LIDAR
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(a) Comparison of detection rates with or without LIDAR

Comparison of recognition rates
with and without deep learning
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(b) Comparison of recognition rates with or without deep
learning

Fig. 13. The result of performance evaluation comparison

V. Conclusion and Future Research
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