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[Abstract]

Style transfer is one of deep learning-based image processing techniques that has been actively
researched recently. These research efforts have led to significant improvements in the quality of result
images. Style transfer is a technology that takes a content image and a style image as inputs and
generates a transformed result image by applying the characteristics of the style image to the content
image. It is becoming increasingly important in exploiting the diversity of digital content. To improve
the usability of style transfer technology, ensuring stable performance is crucial. Recently, in the field
of natural language processing, the concept of Transformers has been actively utilized. Attention maps,
which forms the basis of Transformers, is also being actively applied and researched in the
development of style transfer techniques. In this paper, we analyze the representative techniques SANet
and AdaAttN and propose a novel attention map-based structure which can generate improved style
transfer results. The results demonstrate that the proposed technique effectively preserves the structure of

the content image while applying the characteristics of the style image.
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I. Introduction
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II. Preliminaries

1. Relater works
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2. VGG Encoder
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3. Self Attention
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III. Attention based Style Transfer
methods
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Fig. 2. Framework of SANet
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3.2. AdaAttN (Adaptive Attention Normalization)
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V. Experiments
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