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[Abstract]

In this paper, we propose an algorithm that can improve the accuracy performance of collaborative
filtering using attribute-based opinion mining (ABOM). For the experiment, a total of 1,227 online consumer
review data about smartphone apps from domestic smartphone users were used for analysis. After morpheme
analysis using the KKMA (Kkokkoma) analyzer and emotional word analysis using KOSAC, attribute
extraction is performed using LDA topic modeling, and the topic modeling results for each weighted review
are used to add up the ratings of collaborative filtering and the sentiment score. MAE, MAPE, and RMSE,
which are statistical model performance evaluations that calculate the average accuracy error, were used.
Through experiments, we predicted the accuracy of online customers' app ratings (APP_Score) by combining
traditional collaborative filtering among the recommendation algorithms and the attribute-based opinion
mining (ABOM) technique, which combines LDA attribute extraction and sentiment analysis. As a result of
the analysis, it was found that the prediction accuracy of ratings using attribute-based opinion mining CF

was better than that of ratings implementing traditional collaborative filtering.

» Key words: Recommender System, Collaborative Filtering, Aspect-based Opinion Mining, App Store,
Online Consumer Review
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I. Introduction
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II. Theoretical background

2.1 Recommendation system
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Table 1. Example of user-item rating matrix
Item 1 Item 2 Htem 3 Item N
User 1 5 4 2
User 2 1 4 3
User 3 2 2 3 2
User Ad-1 2 5
User M 1 3 5 1
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2.3 Topic modeling
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Fig. 1. Graphical representation of LDA
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Fig. 2. Proposed research model
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IV. Experiment

4.1 Data collection
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4.2 Experimental Design
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Table 2. Experiment result

. . ABOM .
Metrics Original CF (LDA+OM+CF) Diff.

RMSE 1.1997 1.1959 0.0038
MAE 0.9688 0.9383 0.0305
MAPE 38.23 37.0897 1.1403
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V. Conclusion

1. Academic, practical implications
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2. Limitations and future research
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