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[Abstract]

Recently, research on the educational applications of generative Al in fields such as art and science
has been actively conducted. However, case studies applying generative Al to mentorship programs in
gifted education remain scarce. This study examines a case in which Al techniques were applied to
detect fake news in a secondary IT convergence mentorship program at a university-affiliated gifted
education center, with a focus on comparing and analyzing the results. The project involved fake news
generation, Al technique recommendation, and the application of generative Al in programming. The
purpose of this study is to present a case of utilizing generative Al in mentorship programs for
programming and search applications, and to identify considerations for the application of generative Al
in IT convergence mentorship education based on identified issues and discussions. The findings suggest
that when using generative Al in mentorship education, instructors should utilize Al as an auxiliary

tool, while learners should provide appropriate prompts and ethically use the generated results.
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I. Introduction

Folgat grae wo AlsloA oje Fed 7Rz
oIS, A2 ololcoist sl ofolich ol
WHA| L et O] A L8S 0jS 5R
SITH1L R L% TP 5 AR} LSS S )
2 ool Hale 202, M) B4

F .2 Oﬂ"
rF ne o

rulo rulo
o

|p o
Hu
é

Ju 19 rlo mo rO ok o
_Ig'l.u ol
o0
ol
ol
I
fin)
I A
2 15 %
- rgl-;‘
R
oll
rulo
gh
&
D
;ﬂ_
_L
2:
>~
ol
E
A

>~
7
]

= &

sedo] 42 WHIS) Tet ABAIEL S0 A
2at AR o Aelo] el WHSKL ook AV

Al(Generative Artificial Intelligence)= Q&Als 7=
R R R D FER E R

o go]g= AAlGl= A|AEI0] 5t 9&olc} AAE Al
L A28 dolElE Bl ¥ 4 ok Aol ojojx],
391 5 chgat Eeixo] A gelof de] ALgEln
A Al Sl 270 9 259
st ok 2t

BEIAE
=

ch51
SR A Ale) Azl %aﬁ 2] cht &

27} o, o] 5 siEs7] gt 7tolEeijlolyt 7eA
thiQbol] thet A7t A1eg Foltt6-9]. A8/dd AlZF Aot
Aut o2 el HYE ololElg uigo e A)
e 4 9lo, o] ShEAISOA ARE HHE AlZst

v 1y 2 X v O

913o] oict. wWatA ol2st BAIE s Ast] gt 7184

WA HE0, WALt ShaAT LE7t AV AlY] oA

o w2|A ARgol tigt FERt oSS ZHAoF gt

B oM E A Alo] 1§ Bof AL AyE o}
o5} =

21 9tk 55 1T 88 AM 288 e s 7]
HAIT R 5 AN YA A2 s35s Bashal
Slo] 2=A o= IT Fofo] £AIS si2s] ¢iet 22X
ES ARE 4 9lth A7+ 55 1T 88 AW g 22
ME 2Pollr] A8 A9l oF F7<1 ChatGPTE 8%t

=2 A0l Z2jar

g aslo] 03 2o A7 2A1E sfastuAl dct

Am, A tfgt 24 R w-SHolA £1Y
& ARF 15 Alof A ChatGPT+ of®

S/, ChatGPTZ
o =] =717

AR, ChatGPTS %5 IT 83 AL WSoA] AFES
7% a=oflop & A2 ofF ZE0] AUeTl?

A& 4%, ChatGPT= 2Al512

B A7E she] AR 382 21 o] st
£ RPE UAIEE o] Al FAILG L AL W8l
WP ALS 23] BAIS hEsHs e AL 9

ChatGPTE A

2] motstn tjulshe o £8o] 2 otk o] APt
ChatGPTQ] &8 71sAa} A2 Hats| njersto 24
T A5 ?_i_xo}oﬂl\i 0lZR|s 7|28 gufdoz &8s5)

[e}
L ye RIS o 308

II. Preliminaries

1. IT Convergence Mentorship Program
AAF %2 st 9 gia AlgiAlol] Atofalod 2 7]

B9 AEIleL @ 9TE 4ot m2agos
Fn53YS0| FEVIeH W APskAA TRl AT
ZEolt YL AHAolL FAK02 vjeE wgo|

CH11). AR 282 3t odrf S
oblN FAIEY 27AE R
Al Ao 2 gagr}3]. /\}/\}
(Research & Education, R&E
S5 B B
o= Ayt

5 shte, 2

~

t o 382 § 2golch At 182 59 S o
& F24. A, B 12 59, AYY 5 Ut o
ol G 4 9tk HYH2016)2] 2327]E9} vlco]
2 gYT ZAE APAHL S| FEHS AX
o2 BASYC12). o] ZeMEd L Y Yoz
spgso] BAIS AHolstn Axe Wstel s42 e



Case Study on the Use of Generative Al in Secondary IT Convergence Mentorship Education 295
HE S 59 G720l FYnglon] dex 048 o PAXE U 5342 3 A
RSE oAl e BRI ESE, A FA| o] & 55| AL ARdolM 2 A tfo]
s ZEAE SR 249 2 G¥AY Q9IE AE o 2¢ HEg AEs 3 sAIA
siof & B/ AIAsIRH Az St ol RS B9l 20239 ChatGPT
0]73u](2019)9] AFoME AY 7iEs FERF R&E 9] A oL, + TR Atdat Fopol|Af w2
wg n2AES Fofl Y ool Ao Al shE 52 Al FAEGICH[19], B3] ws, A4, dg, ¥zYA 5
S A1 DAL SIH13). A T, dnelE, A 038 92| dasn
5 £ U9 042 TopIo} st 29N HYOL,  ChatGPTE OpenAlol Ryt A
oI 9408 59 SpPSS] AN B A SE O, Jlwel AR TRl 1Y 97
7l2% | 71995kt /R4 @1(2023)9] Aol 71 sHHA = tigto] 71<lsh *}RKM 7ol sl A
A AEE S AE 719 SALES EHSHE AME B8 L =2Fl 98 4 9JCH20]. E4, BUA
n2RE Alg 5 sygol n2RlES Nl 3 3 £
< o gy} o] =53 WS Astal Qlti{14]. o] A 2 A AFSt AF
ToAs B REAQI A} A0 SAN mRAE A Mol Auee ol
T glgo] Qigiont, 7)1 namlEe| xlzet WS Mg o 2 ChatGPT) 2 R 18, g
&3t o5 FEL ARIE avfista ok 219‘31, W o] o|&
‘**71(2024> el GRSt SHAYE0] R&E E-5olA] T2 85l 9l
WYH AlO) 28 ATSICH15). ATE A2 FAeL 28 olollA 7} 0|1
UERE 31 MPEIsLon, SPSOl ChatCPTE A7 29, U3t 1Y, s 18 S ciok
FA AR, =2 A, A BA AlRE BuM AV 5 SHEE9 S
o TpollA a3t XS AU o4 AAL g ootk AP Al go2
off Tigt chyet Al @S0l MaED Al A Yol o =
AIZ IT §3 AR} 280 %183t At o} 8ix] gl o], ChatGPT= TRl
& AFoA= IT g3 AL g Z2AE Y AlS 5 ai23st
A-&5to] 71t w2 TlolE A, Al 7]s 34, mold & Iy
2% 59 ARIE 2Mstl O AuE AARIC Hol Al =t weA ZA o
oieh *3 = AP7l=aL
2. Application of Generative Al in the Field of Baidoo-Anu 2](20 AL
Education 3t stIS 0] WA A s
At o] &X2](Natural Language Processing, NLP) & 7)ato] Al A /\10}9'1':)([6]. & Al
of] A= AT oY <ol 2 (Large Language % BRG] ARSI GE Jb =

Model, LLM)2 "BRI5HHA Thefel ofol A} st A
S5 o} LLM2 ti&e] golHS shasto] 171e] o
ol ollelL UL 4+ = ABK5 22 olg &
o BEIAE MA T rjofst 9lo] 7]Ht
SOl Hold 458 Welsta TH16-18], w4 Ol
242t o ¢lo] RIS o83t rlosst alojuai} &
ol o], A7ckER ROl B Pl B
i]—_gjk A 0]7ﬂ 54%10 , AR A 6 Q} 7}0 7]54 H};q

ARE Al= Ajolo] mE2mEo| 7|dkslo] AP0 A
AZAs 71&2, 718 et
E, on]x], &% 5 tHgst ey

=

o 12 1A
315

>4
we
Hu ox 4> ro 8

N
roh ok 1A

o) 2% 28l

Ng 7hsn

2](2023)9] Htof] wh2H, ChatGPTe}
2ot feX FAI7E EA
o|f2 iR

|t

ox |o oX

)
= o

}o
ze
HASF A
oa T
ol



296 Journal of The Korea Society of Computer and Information

[22]. A4 Al 7]E0]] 53t o2 H A2 2
g E&ole oA 585 Axd JEE AMAH
BolA Algshe 497t Atk o] '€Z}(Hallucination)'
Fifolgta Ha2n, ol OiF do] ndof FE8oz
RS EMOM 7t A2 AHAPE Aot LHROH
oigh getelA] %2 &
HoollA] 01313&

20l A8 A
Qule A4 umRoR AEsky AP Bt o
ch24]. o2 s§45t] $Is) UNESCO AV Al AHgo]
thet slol=etele Aigata glon, ol Ea) sPys
BEAFS0] AP Al 7148 BET 4 S 51 9
CH8-9]. E3t Bing AlLt DuckDuckGoo} Z2 A3/dd
A= ARAP} QAR @elo] EX15 BASHE 5 AuO
Al]Ade =o|7] Yot »HE 7|20 9)ct

£ AT E ChatGPTS IT 83 AW} 8ol A18%

Al AAEEL, 1 3dold Qe AR L vl IT
8% A} B30I 9P AIS M8 o) mefsfol &
) S04 oj@

ARIES =ojsich E3|, AAF AV} o
olod, o] o2 ARgst 4 9l WY

=18 A
= m
o g0 I e} gdS FAR ol Sl A

III. Development of Mentorship
Education

1. Overview of Mentorship Education

1.1 Content of Mentorship Education
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Table 1. Education Schedule
Session Topic Contents
1 Topic Selection Topic preseptatlon and
voting
) Background Data CoIIectlgn/ Python
Basic
Natural L
3 Background atura aqguage
Processing
4 Background Al Technique Selection
. Al Technique
5 Implementation Implementation(1)
. Al Technique
6 Implementation Implementation(2)
Implementation/ Al Technl.que
7 Documentation Implementation(3) /
Writing Report
Al Technique
. Implementation(4) /
8 Documentation Writing Presentation
Materials
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1.2 Mentorship Education Project
Pht e Al Qi AR Rt
ol&lst= S Al3]A
99 HelE S 4 2ckizs-26], o]
AF BEONE TH A HES 915 213A]
% g4 medES

Fig. 13} o] N ©A= Y= Qi

Lo
)

M
5=

£ o
ol
-

)

S
i

S
i

o w

r

re
rE
1o
>

4 o T
-3
flo R

o
i
o

Data » Data » Al Model
Collection Processing Implementation

Fig. 1. Project Process

A Y2, glo]g 44l(Data Collection) @AA=
2 HolEE 2Askn Raol SAS Tolat] 98l A
715t KIshsteitt. AREE ffjo]E+= Kaggle, Reuter &
oot #Mol  RAT CSV oWz Eud
WELFake_Dataset(Verma et al., 2021)0]cH27]. o] A}
2 WIS HASY 2 5lo] b s HolES Y
St= ©O] Agksity. WELFake_DatasetS £ 72,134719]
RA TAEN, TR At AR a0l ulgo] 717}
50:50(R17}F A 35,0287Y, 7HRF FA 37,10671) 0.2 oj»
gHEof| R SAIA] b2 Hlolg oty

+ 9z, gojE] A2|(Data Processing) TA0IA =
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%xLoH stoich A3t AA, A8A} #igh 280] A

SAs  2d AL Model
Implementation) ©AAE =ZX|AE 3] Y(Logistic
Regression, LR), 1to]Y. Hj|o]|=(Naive Bayes, NB), =i
3 DY AERandom Forest, RF), A|ZE H®IE 04l
(Support  Vector  Machine, SVM), TAEZ

(Perceptron, PC), 3JH Al Recurrent Neural
Network, RNN) S Agsto] 1aistn Asle mayst
% 25 WaAS Aaielnt Aolala Aeta afolu
22} AMgste] Mol oz m2 ey e Hasty, A5
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2. Utilization of Generative Al in Mentorship

Education
2 A ARAE wsoA AEE AlE EES Hee
Al 7ERlolct. AR, 7HE w2 A sl AR Al &
SHICE SPiE2 240 Zast 7 RAE 2R
A HolHE Ae Hl oldigs A%, A HolHE A
716ct AdE AIE ARESH 7 RAE AB/dsH St
=M, AE5AS 718 Ashs o 4P AlE AHEst
At eAES 2ofchs SMEEY S e ASA
s 282 Ashe Zlo] a3t s AR /1T
& Qe REg AEish, Y Al AEstq 85 ¢
+ WM S ot £F AR S AN
AR, AR5 7IHe 22 2Rste oA A
¥ AlE ARESIRITE. SPEE2 ool ek A ot &
Al kot 20 of2 g2 AL, AFAlS 7IHe AEsh
w2 HolHE 2/she AN E W2 =40 AlHsl
of. 3 Ao} X2|et QIFAlS 71 FRlo] et &
50| Z7F 4F 2tolHefoflA AlFEo] ol sliAst
7] st A8 AlE Z&stoict

Comparative Analysis and Conclusion

Data Set Qriginal Pre-Processed
Vectorizer Count Thdf Count TE.idf
Method Vectonizer Vectorizer Viectonzer Vectorizer
Word setsze | 5000 | 10.000 | 240000 | 5000 | 10000 | 260000 | 5000 | 10000 | 200,000 | 5,000 | 10000 | 240000
LR 95.26 [ 95.73 | 95.97 [ 94,59 | 94.85 | 94.83 | 95.07 [ 95.67 | 96.39 | 94.36 | 94,81 | 95.00
NE 79.98 | 5082 [ 84.35 | 79.98 | 80.82 [ B4.35 | 79.01 | B0.66 | 87.29 | 7201 | BD.66 8?’29|
RF 94,78 | 94.68 | 93.45 | 94.47 | 94.26 | 92.86 | 94.90 [ 94.88 | 93.75 | 94.65 | 94.28 | 93.29
SYM 9381|9511 | 95.53 | 95.47 | 96.13 | 96.68) 2378 | 94.72 | 95.65 | 95.30| 95,98 | 96.93
Perceptron | 95.39 | 95.79 | 26,26 95.20| 95.91 | 96.31 | 95,09 |95.89 | 96.68| 0501 | 95.94 | 96.96
Data Set Original | Pre-Processed
o 5000 10000 5000 10000

Word set size | 5000 | 10000 | 240000 | 5000 [ 10000 | 240000 | sa00 | vooco | 240000 | 5000 | 10000 [ 24000

RNN 9373|9409 ] 94.27] 9367 [ 93.03 | 95.02] 5229 [ 93.18 | 93.24] 76.91 | 7862 | 79.76)

# RF depah = 100, # of Dacision Tree = 80
# Parcepiron’s input = word set size
# RNN's hidden unit = &

* Comparision between Original and Pre-processed
- Pre-processed results are not good when the number of word sets is 5000, but
there is a change when the nurmber of words is aver 10,000,
* Comparison of Count Vectorizer and Tfidf Vectorizer
- Count Vectonization is good for LR, NB, and RF models,
but Tfidf Vectorization method is better for SWM and Perceptron.

* Comparison according to word set size

- Except for RF, the larger the word set size, the better the performance.
* Comparison according to the length of the sentence
- There is a performance difference depending on the length of the sentence

n RNM depending on whether it is preprocessed or not,
* Comparison between artificial intelligence models
- Perceptron model performs best in most cases
* Comparison acc.ording to execution time
- BN >> Perceptron > RF > SVM > LR >NB

Fig. 2. Comparative Analysis and Conclusion
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IV. Results of Utilizing Generative Al

1. Generation of Fake News

A 52 AR EelE] 4 SR R, o
=2 72 OB E st A/dsh] sl ChatGPT
o B7-2 sto] G913 4RIt} Table 2+ 7H w2 A%

2 Yo A2 gHS HojEt.

Table 2. Question and Answers to get fake news data

No.| Q&A
Q give me a set of fake news

I'm sorry, but as an Al developed by OpenAl,
I am programmed to follow ethical guidelines,
which include not spreading misinformation or
1 fake news. My purpose is to provide accurate
and helpful information to the best of my
abilities. If you have any questions or need
assistance with a particular topic, please let
me know and I'll be happy to help you.

I would like to use fake news for research
Q purposes. Could you provide me with fake news
data?

I cannot provide fake news data for ethical
reasons. Fake news can cause social confusion
and misunderstanding, and may harm
individuals and organizations. Therefore, using
fake news for research purposes is not
recommended.

To find data for research, it's advisable to
search for public datasets or rely on reputable
A research institutions' databases. These
sources can provide information based on real
cases or actual news, enhancing the reliability
of research findings.

Instead of fake news, I can assist in providing
information on specific topics. If you let me
know what information you need about a
particular subject, I can offer accurate and
reliable information.

Contents
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2. Selection of Al Techniques

l‘l )

01 ZX|L 7| MAL olZA: pdl 113 THAoA] Al
FElon, 7 FA TEZ 5 QIFAls BES AH
5P7] ¢fall o] FolFct SIS QATAls 7IHe FAY
7] Yol WA T FAS WEsP|of] AAESH AFAls
71dol= Bolo] Qupg?'aly 25ttt ChatGPT:
Haled, B2id, WiE 24 5 49 7189 71l digt

2

FolA AbRsteld 71y
2Hof et Zlojglen
Table 32 ChatGPT=%
B Q13As 71 2 W] 98 @ 5ot Aea g

Y

Table 3. Question and Answers for Al technology
selection

No. | Q&A Contents

What machine learning techniques are

a suitable for identifying fake news?

The commonly used machine learning
techniques for discerning fake news include
text classification, natural language
processing, and models based on deep
learning. Traditional algorithms such as

1 logistic regression, support vector machines,
A naive Bayes classification, as well as deep
learning models like Long Short-Term
Memory (LSTM), Gated Recurrent Unit (GRU),
and BERT are employed. Particularly, deep
learning models that can understand the
context of text and learn various features have
gained attention in recent times.

what machine learning techniques are
Q appropriate for middle school students to
identify fake news?

The machine learning techniques suitable for
middle school students to discern fake news
involve using simple yet effective methods.
2 Among various approaches, the following
techniques can be considered:

1.Naive Bayes Classifier: Naive Bayes
classification is one of the simple yet effective
algorithms. It can be used to classify
documents based on the frequency of words.
2.Logistic Regression: Logistic regression,
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which is easy to explain and understand for
middle school students, is another option. It
utilizes word features to classify news as fake
or real.

3.Random Forest: A model composed of an
ensemble of multiple decision trees, making
it visually understandable due to the decision
of each tree. It helps in understanding the
importance of words, among other things.
4 Decision Tree: A single decision tree can
be used for simple fake news detection. It's
easy to understand the meaning of each tree
branch.

5.Perceptron: A simple neural network
structure used for binary classification. It
helps in understanding linear binary problems
Learning these technigues and applying them
to real-world data through projects can be
beneficial for middle school students.

M2 712 VW RAS wEshrof AEEE il
W 7ol ofnl Zigo] gluke?'eln nEm o] A2}
Aot 71E AN QIFAls S 'talefder vy o
ChatGPTE X|&  &H5(Supervised
Learning), H|X] & 3r5(Unsupervised Learning), @]
'd(Deep Learning)o]l tfs] 7ts] Bgstar, w2k AEY
(Recurrent Neural Network, RNN)@} A7 o2z
(Long Short-Term Memory, LSTM)9} 72 oAl &
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2
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Table 4. Al technique selection method and selection
results

Al ChatGPTRec Search by Final
Technology ommends Students Selection
NB 0 0 0
RL 0 0 0
RF 0 0 0
DT 0 X X
SVM X 0 0
PC 0 X 0
RNN X 0 0
LSTM X 0 X

3. Programming Al Techniques
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Table 5. Question and Answers for
countVectorizer() with RNN Models

using

Q&A Contents

Can Scikit-Learn's countVectorizer() be

Q used in RNN models?

It is possible to use Scikit-Learn's
CountVectorizer() directly in an RNN
(Recurrent Neural Network) model. This
requires additional preprocessing to vectorize
the text data using CountVectorizer() and use
it as input to the RNN model.

Below is an example of using Scikit-Learn's
CountVectorizer() and applying it to an RNN
model:

# CountVectorizer Init

vectorizer =
CountVectorizer(max_features=1000)
X =

vectorizer fit_transform(texts).toarray()

# split data into train and test
X_train, X_test, y_train, y_test =
train_test_split(X, labels, test_size=0.2,
random_state=42)

# RNN model define

model = Sequential()
model.add(Embedding(input_dim=X_train
.shape[1], output_dim=128,
input_length=X_train.shape[1]))
model.add(SimpleRNN(units=64))
model.add(Dense(units=1,
activation="sigmoid"))

# model compile and train
model.compile(optimizer='adam’,
loss="binary_crossentropy’,
metrics=['accuracy'])
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In the code example above, CountVectorizer()
was used to convert text data into a word
count matrix, which was then used as input
to the RNN model. Label data is also defined
appropriately, and the model is trained and
evaluated. In this way, Scikit-Learn's
CountVectorizer() can be used with RNN
models.

countVectorizer()S RNN 2@lof AL25t2H, Table
50 AAIE F& 'X = vectorizer fit_transform(texts).
toarray()'% ARg3l 712 glolE| S siE 2 wtsof gt
2 95l o}g Y acdl Hgslict i
dlolel2 RNN =o] A7 K 83oLt, Fetestof
2ol vlsh BR8] WA Lot BAP} st
ojofl Alt2olM A5t YHIF A4 Tokenizer()E 5
of 5 83}9ict

Tokenizer()2 HESE AZZES RNN 2dof] AL3H 2
o, Bgert FHEUG. ol Tokenizer()7t
countVectorizer()2t} RNNoj| T AbF AMRE|E= 0|85
7] 9J5) Table 61} 7] ChatGPTo| A=s}eic}.

ru o%‘: rl

Table 6. Question and Answers for using Tokenizer()

Q&A Contents

Why is Keras's Tokenizer more commonly used
Q with RNNs compared to Scikit-learn's
CountVectorizer?

The reason why Keras's Tokenizer is more
commonly used with RNNs compared to
Scikit-learn's CountVectorizer is because
Tokenizer is specifically designed for
tokenization and sequence generation tasks,
which are common preprocessing steps for
sequence models like RNNs. Additionally,
Tokenizer seamlessly integrates with word
embeddings in Keras, allowing RNNs to learn
distributed representations of words, which is
essential for understanding semantic
similarities and capturing context in text data.
Therefore, Tokenizer provides more flexibility
and compatibility with RNN architectures,
making it a preferred choice for text
preprocessing in deep learning models.

& el

]
Husto] 2x|AE 89, Lol vo|x, @Y &
HEe wE oA

3 73}, countVectorizer()+= ©o] £&9 EAZ F
Fsto] 84 YA AsHL, Tokenizer(} 22t A
UAZ Y] 2 S0 H% ARAS Hojs) WRE A
U2 Y2lo] WG RNN 2ol Hgshl 2189 4
QIThe A2 2 Eiick Eat, Table 49) S22 A8
e o] eker} dord olgw olalE 4 gick. o
¥
AE

311t countVectorizer(

—

)

TfidfVectorizer() o= Ato]ZlA 45 AREsto] 4L
stoich HAER, +3F A7Y, Tokenizer() &4e 7
A g4 S ARgstol sl Fig 32 1 &5 22 A
of #ejet 9 E2glely] 93t 9] URot
#logistic Regression - original

lg_original = LogisticRegression()
sive Bayes — original

vive B
nb_original

Bernoul 1iNB()
#Random Forest — original
rf_original = RandomForestClassifier(

n_estimators = 80, criterion = 'entropy’, max_depth=100)
#Support Vector ne origina
svm_original = LinearSVC()_train, X_test, y_test

#Perceptron — original
perceptron = Sequential(}
perceptron.add{ InputLayer((5000)))
perceptron.add(Dense(1, activation =
H#ANN - original

ran = Requential()
rnn.add(Embedd ing( 10000, 4))
ron.add(Simp|eRN(4))
ron.add(Dense( 1, activation=

‘sigmoid’))

sigmoid'))

#Tokenizer define and fit on texts
tokenizer = Tokenizer()
tokenizer.fit_on_texts(X_data)
X_data_encoded = tokenizer.texts_to_sequences(X_data)
#Cor t a col lection of raw doc
count_vector = CauntVe:turlzer\max_features
tfidf_vector = TfidfVectorizer(max_features =

cuments to a matrix of Count and TF-IDF features

Fig. 3. Code for defining the Al models and tokenizers
used in the study

V. Discussion

1. Generative AI Utilization Results and Problem
Solving
ARlo|A] AF8SH AAIE Al= ChatGPT&E, ChatGPT=

Al 71 A7 A2 siAsks o ALSEI%h ChatGPT
£ = 7k A BAIE sjAsts B £90] HoixIg A
BR) I BRI W RA NS AR R sidstA
£ 2300} Al ChatGPT= R4 Holelg 34k v
He Axlstel SIS0l Hojels @i Alntele AlFst
gtk Unix] £ 2AIE sk o ChatGPT: SIS
o] %x] £HH AFAS 7ML 2Mstn =02 S 9l
RS 1M AR 5 qlA §lon], moju ma ey
5 UAE 0Re djdst nedes JEHos 4

s
+ ng
=)
2
i)

o]Q}zto] ChatGPTE= AR} W-SofA] HhAleh 4 Ql= 2
Al a0 £8o] E]Ich Fig. 4= AL W{ofA] AAAH
A_[%— /\}_8.6‘]- 2 O_Q‘} _1.‘_40]» X;;] 7].4 _,’]_7113 L}E}L‘ﬂq
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Fake News Al Techniques

Generation Selection

* Getting Al Techniques

* Getting ML Techniques

* Getting ML Techniques
suitable for middle school
students

Al Techniques
Programming

* The way of using
CountVectorizer for RNN

* The reason of using
Tokenizer for RNN

* Getting Fake News Data

{ Al Ethics ] [ Searching ] [Programming]

Fig. 4. The relationship between discussion topics
and the use cases of generative Al

2. Generative Al and Al Ethics
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4. Generative Al and Programming
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