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[Abstract]

In this paper, we implement an image-based café classification and recommendation system. Café
images obtained through web crawling are classified using a pre-trained classifier based on the purpose
or atmosphere of the café. Based on this classification, the system recommends nearby cafés that match
the user’s preferred purpose or atmosphere. ResNet is employed for café image classification to achieve
fast and accurate learning and inference. For the search component, ElasticSearch is adopted as the
database engine to enable flexible search capabilities, including synonym matching and morpheme-based
queries. The proposed method enhances the objectivity of recommendations by eliminating subjective

bias from café owners or staff during the assignment of labels that describe the café’s atmosphere.
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