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[Abstract]

The technology for analyzing emotions in music has recently emerged as an important research topic

in the field of affective computing. This study designed and implemented an Al-based system for music

emotion analysis. Using Spleeter, vocals were separated from the original music, and audio features

were extracted with Librosa.

The extracted features were then fed into a pre-trained emotion

classification model (SVM) to predict emotions at S-second intervals. The prediction results were

visualized through graphs and pie charts, clearly illustrating the temporal flow and distribution of

emotions. Experimental results confirmed that both the number of predictions and the average

probability are critical variables for emotion determination. In the future, the system can be expanded

by refining emotion categories, incorporating instrument-based analysis, and applying deep learning

techniques. The significance of this research lies in demonstrating the practicality and scalability of

music emotion analysis technology.

» Key words: Music Emotion Analysis, Music and Vocal Separation, Audio Feature Extraction,

Deep Learning, Emotion Visualization
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I. Introduction
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II. Preliminaries

2.1 Emotion Analysis through Music and Vocal
Separation
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Fig. 1. Spleeter by Deezer
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Fig. 2. Network Architecture of Spleeter
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2.2 Deep learning-based voice emotion
classification model
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Fig. 3. Mel Spectrogram by Emotion

2.3 Emotion Visualization and User Interface
Research
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Fig. 4. Emotional expression in music

III. The Proposed Scheme
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Table 1. Environmental conditions

Div Environmental conditions
1. Becky G, KAROL G. MAMIII
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IV. Experiment and analysis
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Table 4. Emotion analysis of MMAMIII

Table 5. Emotion analysis of Crazy

Album Information

Information

11 « Becky G, KAROL G. MAMIII
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Table 6. Emotion analysis of MMAMIII

Album Information

* Rema, Calm Down
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V. Conclusions
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