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[Abstract]

This study represents a convergent research methodology integrating arts management and technology,
analyzing visitor experiences of (Blooming Hwarot: Bridal Robes of the Joseon Royal Court) through
topic modeling and image recognition. Text mining of Instagram posts with TF-IDF and LDA was
applied to identify both objective information (exhibition title, theme, location) and subjective responses,
including storytelling on restoration, curatorial elements, and expressions of admiration and beauty. The
LDA results show that visitors emphasize the cultural value and conservation of the hwarot. Image
analysis, using Google Cloud Vision API and Word2Vec, extracts 39,335 labels, categorized into eleven
thematic groups. Fashion groups have the highest label frequencies, while Exhibition accounts for the

largest proportion across the dataset.
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I. Introduction
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Fig. 1. The hwalot in LACMA’s collection,
conserved through funding support

1} o] 7|8t
Kﬂﬁh Vs gAE @4, BA] e 7]eAF,
1A @i (projection mapping) 7]1&2 &5 510]
2= 7$ji\](hybr1d exhibition) & 2 =IC}{13]. o] HA]

oA 2 YA S Eol2te 29k fFol

= xﬂLg}g 5;\]01] ) ZAYS| %01 7131

»o4Qa 1T H ‘o

Fig. 2. Hybrid Exhibition Space Combining
Gyobaeseok and Immersive Media Content
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1. Data Collection
- Search Hashtag
- Collect Instagram Data (Text + Image)

2. Text Analysis
- TF-IDF Analysis
- LDA Topic Modeling

3. Image Analysis

- Google Vision API (Labeling with ML — Tag Output & Frequency)
- Word2Vec Tag Clustering (Tag Classification)

4. Integrated Analysis
- Numerical Analysis
- Class Adjacency / Statistical Results

5. Interpretation
- Synthesis of Findings
- Implications for Museum Experience Research

Fig. 3. Research Workflow
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Fig. 4. Procedural Flow of LDA Topic Modeling
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IV. Results

4.1 Results of TF-IDF Analysis
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Table 1. Top 30 Keywords from TF-IDF Analysis

No. Word TF-IDF
1 Hwalot in Full Bloom 103.415864
2 National Palace Museum 84.252874
3 Hwalot 81.832949
4 Exhibit 54.696114
5 Joseon 42.012965
6 Traditional Wedding Attire 40.834783
7 Museum 40.667209
8 Royal Court 37.995089
9 Royal Palace 35.545861
10 Female 34.333072
11 Gyeongbokgung Palace 32.752074
12 Embroidery 22.036085
13 Exhibition 21.839448
14 Hanbok 21.018993
15 Seoul 20.209952
16 Sponsorship 18.545004
17 Restoration 17.347825
18 Special Exhibition 15.646877
19 Visiting Exhibition 12.736395
20 Photo 12.521693
21 Princess 12.419080
22 Free Entrance 12.124946
23 Nam-Jun Kim 11.777715
24 Culture 11.293910
25 Donation 11.148944
26 Tradition 11.076208
27 BTS 11.008002
28 Time 10.776469
29 Period 9.821972
30 Marriage 9.771690
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Fig. 6. Visualization of the Results from LDA Topic Modeling

4.2 Results of LDA Topic Modeling Analysis
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Table 2. Top 10 Keywords from LDA Analysis

Topic & Subject Keywords Topic Share (%)
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. o/n-
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Collection 1.349
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Significance -
Conservation
1.044
treatment
Conservation 1.026
Meaning 0.976
Museum 10.079
Royal Palace 7.710
Gyeongbokgung 3911
Palace
Topic 2(23.0%): Seoul 3.701
Tourism and Time 1.923
Everyday life National 1.610
Photo 1.542
Today 1.365
Travel 1.236
Gwanghwamun 1.024
National Palace 9787
Museum
i o Hanbok 5.302
Topic 3(22.5%): Exhibition 2.456
E\)/(.hlbl.tlon Restoration 1.915
Acti Ii\.ng q Embroidery 1.857
C(I:Vl,lllltiia:lan Free Entrance 1.584
£ . Visiting Exhibition 1.533
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Period 1.438
Tradition 1.423
Culture 1.344
Joseon 9.521
Wedding Attire 8.926
Royal Court 8.032
Topic 4(21.4%): Female 6.947
Exhibits and Hongjangsam 2.552
Exhibition Princess Bok-on 1.591
Themes Special Exhibition 1.364
Full bloom(;#B) 1.283
Decoration 0.909
Pattern 0.798
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Table 3. Cluster-based Representative Image and
Label Extraction Results

. Label Label Proportion
Topic Group ey Ratio(%) of Topic
Groups (%)
Poster 1464 3.72 3.70
Exhibition 7232 18.39 40.25
Artifact 2387 6.07 8.64
Fashion 18551 47.16 10.37
Architecture 1502 3.82 1.98
Technology 3952 10.05 12.10
Travel 1215 3.09 1.23
Food 577 1.47 494
Landscape 1920 4.88 9.14
Human body 535 1.36 7.65
Selfie - - -
Total 39,335 100 100
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