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[Abstract]

Given the persistent challenges of youth unemployment and skills mismatch, a granular understanding of
how young job seckers actually prepare for the labor market is critical for policy intervention. While most
research on this topic examines the effectiveness of individual activities, understanding the combinations of
these activities as strategic 'patterns' is crucial for developing effective employment policies. For this
purpose, this study utilizes youth panel data, employing association rule mining (ARM) and logistic
regression. The analysis reveals that job search patterns are distinctly differentiated by sociodemographic
characteristics such as gender, educational attainment, and region. For instance, a strong association was
found between {female residents in the metropolitan area} and {preparing for official English tests}
(Lift=1.282). Furthermore, residents in the metropolitan area tended to focus on preparing for practical,
job-related certifications. This suggests that youth job search activities are not uniform but are the result of
strategic choices based on an individual's socio-structural position. These findings highlight the need for

customized support policies tailored to the specific characteristics of different groups.

» Key words: Youth job seekers, Job preparation, Association rule mining, Panel data,
Competency preparation activities, Job search effort activities, Customized employment support
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I. Introduction
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II. Theoretical Background

1. Job Search Behavior
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3. Association Rule Mining in Social Science
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IlI. Research Methods
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2. Determinants of Activity Participation
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2.2. Sociodemographic Variables
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V. Results

1. Analysis of Job Search Activity Patterns
Ad TRk HYEH 2E 2 2 Heg st

7] 9ol ABFARAES 2oy ATk 4R F4 7R

< 05)% 353t & 47lo) 7502 gojujat an

oA AAIRE =214 Alefx
e AT 21 =59 4400 4R B AGRIS Al

she Bl2ixlel Al WA A Gtk ol Ao
AH8E dlolele] w2l A Nt 32 AL
stof, olojxl a4l Angt clolelo] JINIshL 982
SRICE. Table 2= o 447} 714} 3 SP=(Lift) 32 7]
Fo2 §UL T AUFAY YL HolFEC

ATFARA G 235t A Hdso 78 FEL 2
A91Q] s350] o] offe}, & 71x] Feistan ojn)
o] o)

A S 20| AA| Al P92 olojxli, A 3ol

Vg BRRolT L2lMl ARg AFHOR HolE
SA, PRRRS S o) £71] WA AR TR A

A AL T2 ok Aor Ueyth 3 71K 4
2= FA 2l - /AR B AEE
(Lift=1.144) {211} o] A8A A8 od=fo]] AFohe f
glot}. ole} fix™o=z, 'FQl
5= @Alste 'Y
F3igick olst 3
ol xprle] ArbdE SHs7] ol 471 o E7Y A=
(signal)& A=A 0= FH3FAL 913

AR, 578 AR E7do

—n
Ly
)
15
r)l
IS
rlo
-
12
Pa)
il
e
|_'_4
offl
>

V)

o AL 9 74 5L U
A7} ohd, V1A A A2, A At 428
A/SHRA) S % 1A o)RKel He Rgo2 Jxst
of 9122 HAACE E3H, o3t Fo] e ol
AFAI G} 22 7)919] 8 S WS Awrslo] 9
2 w3k sHoleolck. ol2id B Auke 35 FY A
o A Lol et o3 AN TAL AR
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2.2. Differences in Job Search Strategies by
Educational Attainment

tHOR=13.65, p=.001). o= 1s}% FARSA 24

HEYI/L 523 AR Aoz sssiel[19), o]

S A Y 7382 285ke 7P AHYT sgsts 7io] wubdoel & Aako] AHele HojzCc)
o5 W & ohiSITh Sol 312 470l we4E A
9] AEXE A=317] Yot =t sFEA Y EL o 9 2.3. Regional Disparities in Job Search Activities
zahe Aol 3P Uetdth thE ol ATe 3o ARKGR A B0 MEld] 9lo] E 02 Fad 2
oI 4H(OR=4.85, p=012)7} 2 AWA Anlg Fujat 3t QUIYCH 2EUCIEAD)T vlR=d AZA} 2o
sbgo] QolshA| 9l o Lo, MARHS] ofa} Ax] & FeisH €% Alojo] xloj7} AL SEE ARARE
A AR (p)olA MY FEI 22 ZAA QA dlaeHo] ol o)A, dR/AR T A S Al
ARG LY agol of Yo vls) gEHoR B 24 5 2R oYy BEoI AvHoR o Al
Table 2. Results of Association Rule Analysis
. Confi .
Antecedents Consequences Lift dence Support | BIE | chi2 | p
(HAELH) QEA JRYE &5 L S5 (HAY=H) oM AHE 3.083|0.688| 0.132 | 253 |5635| O
(AFEH]) st (FFEH) 3UAFAHEA () Folaleted 3.066|0.594| 0.11 |211) 444 | O
(FFEH|) Folglarss, (FAFEH|) & (FFFH]) 3AFEH 3.04 |0.938| 0.11 | 211[4698| O
(FF=Hl) Fof3lats™ (HE=H]) 3AFEH 2.693(0.831| 0.161 | 309 [5867| O
(FZFEHNFOI2I3HsH, (FEFEHNSAFEE (FFEH|) 3 2.663|0.683| 0.11 [211)3487| O
(FFFHEREH AFS (GEEHNZAF01EE (FFEH|) 3 2.643|0.678 | 0.107 | 206 |3336| O
(AFEH) AHFEH AHES, (FFEH]) & (G 3G 84 2.59810.802 | 0.107 | 206 |3355| O
23y 0 E, (FEH) SUFAHEA (AFEH|) 2.54810.653 | 0.102 | 196 |2914| O
AFAE A, (FFEH) 3UF9EH (AF=H]) =Hd 2.415(0.619] 0.111 | 213 [2871| O
(AFEH|) &, AFA S _+=3 (G 32Fo 84 2.41410.745]| 0.111 | 213 |2975| O
(GFEH) s, dE_ 974 (G 3G 84 2.36810.731) 0.103 | 198 2613| O
(FF=Hl) Fof3lats™ (AF=H]) +d 2.35910.605| 0.117 | 225 [2916| O
JE_ 0, (9FEH]) 3AFoEH (AFEH|) 2.355|0.604| 0.103 | 198 |2481| O
(AFEH]) 3G 8A (AFEH|) = 2.339| 0.6 | 0.185 | 355|5266| O
(=) sHd, 2| &8 1 & (FF=H|) 2AFOEA 2.22910.688| 0.102 | 196 | 2236| O
(AFEH]) st (FFEH) 3UAFAHEA (AZEH) dHE 23S 2.07 | 0.58 | 0.107 | 206 | 1924| O
(AFEH|) Folaleted (AFEH) dHE 23S 2.014|0.565| 0.109 | 210 |1829| O
(FF=EH]) =4 (SZEH) HREH AES 1.863(0.522| 0.134 | 257 |1904| 0
(AYFH) dFE AES (G 3G 84 1.832(0.565| 0.158 | 304 | 229 | O
(AHEH) dRE A4S (AHFH|) Y2/ARE HH A4S 1.63 [0.524|0.147 | 282 11394| O
(AYFH|) Y2/AR HH A4S (SZEH]) st 1.599] 0.41 | 0.132|253|1114] 0
HARAY £ 3 (FZEH|) A28 1.536|0.209| 0.103 | 197 82.6| O
2| &St & (HZFZH|) A F=H| 1.44410.386| 0.13 | 249 | 69 0
(AFEH]) 3G 8A (AYFH) Y2/AR HH A4S 1.334]0.429| 0.132 | 254 | 44.7| O
N od, HFAY 4 H (SZFEH|) ZAFoEA 1.282(0.395| 0.106 [ 204 | 244| O
HEAY _+~EH (FF=H|) Goj3|sts= 1.247|10.242 | 0.119 | 228|267 | O
z| 38 _dE (FAZFH|) ZAFO|HA 1.241|0.383( 0.129 | 247|247 | 0O
AFAY =4 (AFFH|) sHd, (FFEH|) Z0Fog3 |1.221]0.226| 0.111 | 213 | 20 0
BE_ o4, AFAY_ =4 (AYFH) Y2/AR HE A4S 1.218]0.391| 0.105 | 202|154 | O
HZHLOH_25-27 (HZFZH|) A F=H| 1.213|0.324 | 0.124 |1 238 19.2| O
AFAE 4 (HYELH) oM A& 1.18910.265| 0.13 | 250|185| O
HEAY ~EH (HF=H|) HAEE ZAZ 1.18410.332| 0.163 | 313|23.9| O
HEAY ~EH (HYL) QY A2¥YE £E U SE |1.183(0.227|0.112 (214 144| O
AFAE o4 (AEF=H]) Hd 1.183|0.303| 0.149 | 286|209 | O
HARAY £ 3 (FEFE]) ZAFoHA 1.182(0.365| 0.179 | 344 | 27 | 0O
HHLOH_22-24 (HE=H|) shd 1.178|0.302| 0.115 | 221|125| O
48 94 (HFEH]) A3/t 1.17 10.227]0.115|220[13.2| O
HFAA 44 (FEFEH) YF/AF A AAS 1.144({0.368| 0.181 [ 347 |179| O
2| &St nE (FZ=H|) st 1.115|0.286 | 0.149 | 285 | 9.1 {0003
42 948 (HzrzH|) sH, (@ErEd]) 2990 [1.103/0.204| 0.103 | 198 | 4.5 | 0034
BE_ o (HE=H]) 3AFEH 1.096|0.338| 0.171 | 328 | 7.8 [0.005
HHLO|_22-24 (FF=H|) 2AFOEA 1.094|0.337 | 0.129 | 247 | 4.4 {0035
g8 o (HF=H|) AEE A S 1.092|0.306 | 0.155 | 297 | 6.2 {0013
g ol (FE=H|) &+ 1.09 [0.279] 0.141 | 271| 5.2 | 0023




Discovering Youth Job Search Bundles Using Association Rule Mining 325

Table 3. Logistic Regression Results for Competency Preparation Activities (N=1,919): Odds Ratios (p-values)
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Table 4. Logistic Regression Results for Job Search Effort Activities (N=850): Odds Ratios (p-values)
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