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[Abstract]

As Al recommendation services become widespread, concerns about fairness, trust, and transparency
have become central to understanding user acceptance. This study analyzes how users’ fairness
perception influences trust and continuance intention, and assesses the moderating and mediated roles of
algorithmic transparency using data from the 2024 Intelligent Information Society Panel Survey.
PLS-SEM results indicate that fairness perception significantly enhances both trust and continuance
intention, and that trust strongly predicts continued use. Trust also mediates the fairness—continuance
link, while algorithmic transparency strengthens the fairness—trust relationship. These findings highlight
the importance of the fairness—trust—transparency interplay in shaping user responses and provide

practical implications for transparent algorithm design and improved accessibility for vulnerable groups.

» Key words: Al recommendation services, Fairness perception, Trust, Continuance intention,
Algorithmic transparency
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3. Studies on Al Recommendation Service
Adoption and Continuance Intention
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Mediation: H4
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Fig. 1. Research Model
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Measurement Items

LV

Item

Measurement Statement

FP

fpO1

The portal’s recommendations provide diverse
information.

fp02

The portal’s recommendations are unbiased and
objective.

fp03

YouTube recommendations offer diverse content.

fp04

YouTube recommendations are not biased or
uniform.

TA

ta01

The portal’s recommendations match my
preferences.

ta02

The portal’s recommendations fit my news needs.

ta03

The portal’s recommendations are useful to me.

ta04

YouTube recommendations match my viewing
preferences.

ta05

YouTube recommendations fit my viewing purposes.

ta06

YouTube recommendations are useful to me.

CI

ci01

I will continue using Al news recommendations.

ci02

I will continue watching Al-recommended videos.

AT

at01

The provider explains how Al selects
recommended content.

at02

The provider informs whether the creator is
human or AL

at03

The provider discloses if creators use Al in content
production.

at04

The provider lets users block unwanted
recommendations.

at05

The provider improves diversity in
recommendation systems.

at06

The provider allows control over personal
recommendation data.

at07

The provider compensates users for Al-related
incidents.

at08

The provider considers user traits in
recommendations.

at09

Government regulation is needed when Al harms
public interest.

Note: FP, Fairness Perception; TA, Trust; CI, Continuance
Intention; AT, Algorithmic Transparency

4. Analysis Method
£ Apiie 128 el 52 H7iet o) 57

a7 7% Agsichs Aol PLS-SEMS =72
ghastoict shH, ZEAP|EE 1x9AAl R &(CB-SEM)
2 AMREIR] 9k oo rtheut 7t AlA), CB-SEMS

!
ol2x BYo] M= Wiot 84 34 FAHe 07
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V. Results

1. Sample Characteristics

<Table 2>9} 7EPO] :,LHQOJq Hg B2 ug Uy
44.3%, 01’4 55.7%2 o4 SEAIY] vlgo] Tha &

Rt dddiE2= 200H(14.0%), 30TH(24.2%), 40CH

(17.5%), 500](21.6%), 60T 0|AK(19.2%) 0.8, Z-Apd=
(40c) o)ol HHIe] oF 58%E AxIstol Ao %
2 u3g Bart sRle] 39, 1E ola %6.8%, U
ol 632%2, et o|4je] g WRF SUA} 3}
U ol ARSIt AERE AEY ARAPE

46.1% =2 7P Woron, 1 tr2og JuHH(26.1%), S
FAIFH(13.5%), FE(12.7%), FEHE(1.5%) «o=2
Uepde,
Table 2. Sample Characteristics
Category Item Freq. %
Gender Male 1,636| 443
Female 2,061 55.7
Teens 133 3.6
20s 517 14.0
Age 30s 894| 242
Group 40s 647 17.5
50s 797 21.6
60 and above 709 19.2
Education High school or below 1,359| 36.8
Level College degree or higher 2,338 63.2
Capital area 1,706| 46.1
Chungcheong region 470 12.7
Region Gangwon region 55 1.5
Yeongnam region 966  26.1
Honam/Jeju region 500 135
Total 3,697 100

2, Measurement Model Assessment
2 A7dME 72t Aaag PYeks AR Al
2|29} EjgAS <Table 3>} o] ZZsldnt. 7t 7]
Z2 Hair et al.(2021)[33]2} Henseler et al.(2015)[34]
o] ¥xo| we} QQUAAK] > 0.60, TEvkE Ynt >
0.70, YA A= A2l %(rho_a, rho_c) > 0.70, AEE}L
S E(AVE) > 0.500.2 A5ty
B0l QoIXAfA|= 0.60 o]Afo.2 LERt LA70d
& 7] RSISiC), U YEE: a4, o002 C1
Y2 WO} Hair et al.(2021)9] “0.40~0.70
o] P2 AVES} CRo] A »54 4% =741 7Hsdt
"L 7]z ufe} B0 Zestoc33). Teuke Ut
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Ato] AftiAlo 2 3 UeRt ) 7]Qlsitt £Q3%t A
. AVE: THEEIE TS AEigeo] BAK AL
ojty, ThRtUA 7HEoflA] AVEZF WA AHEE = Zlo] Urt
Aolgt= 7dolt. Hair et al.(2021)[33]> AVEZ} 0.40 o]
Aro] 1. Composite Reliability(CR)7} 0.70 o]ArQl 742
A7 Eo] EEE YA AiS sysiy 9oog A
aﬂgc}ﬁ 9 o1A3F 2 otk WA|GHL QI} 2 o JLofA
= w50l (R o] BF 0.70S A3lsta, 7 23]
gﬂﬁ.xﬁim NgA gdat FstH, HIMT 718014
= HEEAo] gEE 1o s YY) giZof, AVE 7]
% ojo] ARy} Azlot Bl AlSfetAl obe
Zlog moElch wRbA AVEZE 0.500] 0]ZstE g,
CR 7% 35 ChRlA 74 54 ==t MR- Thaerct
X gete B34 2 et £ pghde oled-g
AMoR £8 THse £F02 siHE 4 ol wEty
Arg o 24350 suErd et U duiol ¢
st SR

o g

Table 3. Measurement Model Assessment Results

LV Item oL CA rho_a | rho_c | AVE
>0.60 | =0.70 | =0.70 | =0.70 | =0.50
fp01 0.732
fp02 | 0.705
FP 03 | 0.714 0.674 | 0.740 | 0.803 | 0.505
fp04 | 0.692
ta01 0.701
ta02 | 0.627
ta03 | 0.659
TA 04 | 0.524 0.718 | 0.720 | 0.809 | 0.415
ta05 | 0.600
ta06 | 0.649
ci01 0.811
CI ci02 0.803 0.464 | 0.834 | 0.789 | 0.651
at01 0.681
at02 | 0.656
at03 | 0.686
at04 | 0.630
AT at05 | 0.653 | 0.833 | 0.837 | 0.866 | 0.428
at0é | 0.543
at07 | 0.634
at08 | 0.607
at09 | 0.622

Note: LV, Latent Variable: OL, Outer Loading:; CA, Crobach’s
Alpha; AVE, Average Variance Extracted

A2 7F A ==1M9 HTMT(Heterotrait-

g
Monotrait ratlo) %,\% %oﬁ %6} t}. HTMT:= Shse}
T EH R r2, durslog 0.90
ojsHAet 7] 2 0.85 OIo )Y T H2 7 Ro] £
Moz g 7;3; 2r}{34]. <Table 4>9] Z1}, R E
Ha 4] HTMT 3ol 0.85 njgko2 Ueht S4g7id 1F

F20] g1, HuYol £ 159 WEEPHL 2%
1 Q2 SIS
Table 4. Heterotrait-Monotrait Ratio

LV 1 2 3 4 5)

FP

TA 0.821

CI 0.229 | 0.372

AT 0.687 | 0.846 | 0.506

AT x FP 0.061 | 0.067 | 0.180 | 0.002

3. Structural Model Assessment

2 <Table 5>+= PLS-SEM 7|8t L2 @& w7t At
£ AAlgE Aot ZE AH=2O inner VIF
1.045~1.1512 Ueh} 5344 BR7L Qe HoR o
QU= AT}, AIZ|(TA)ofl it R*+= 0.383, A £0]& QE(CD
of thgt R::= 02572, Ro] £8 F4UAE A 4
oA Adsty Q&2 HoErh E3H (Ppredict 7*0]
TA(0.381), CI(0.186) &% 02 Atslste =9 o|& Ef
g/dol FHHEICE  aw3r] FA ZAny, FP-
TA(0.439)= 2 &1t TA—CI(0.143)= £7F 509] I
A2 wgow, AT—TA(0.008)2F ATXFP—TA(0.003),
FP—CI(0.022)= AF2 giuta UERITH

Table 5. Structural Model Assessment Results

Path VIF f2 R? Q%predict
FP—TA 1.045 0.439
AT>TA 1.070 0.08 0.383 0.381
ATXFP—TA 1.033 0.002
FP—CI 1.501 0.022
TA—CI 1.501 0.143 0.257 0.186

4. Hypothesis Test

2 3L 50008 ¥ EAEH(bootstrapping)S &
3l 7t 7149 A=A (path coefficient)?} §o4FS
7A%stgich B4 ZAnt <Table 6>9] ZE 2t 804
% 0.05 ofalolH Ao golstgich

HA, 3874 AA — Al=(HDY F=2A
40.189, p < 0.001)2, F474 Qo] =24

25 0.532(t =
= Al A0

tist A7 73ekel S sholskgict. A4 914l — R]&0]
2 o5 (H2)0] AFELE 0.157(t = 8.003, p < 0.001)2
Qelstol, B0l A2 01§ K43l 39N JFL

OjRlE o Uehgrt. 417 - x|40]8 ol (H3):
0.400(t = 21.508, p < 0.001)Z O =& S9o]4& Ho,
olgAto] MZ7t ZBtLLE Au|A A|% 0] olws} k&
opile AAlgit. Et ol ) ETNHA) 25 Zu), B4 9
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Ao] A2IZ opfR Al%olg ol x| ZgEum
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Table 6. Hypothesis Test Results

e YA %0l 8
dol, 2Te)E £9o] 1 WA
PN 5T WLYS AFHOR
A2 ol gte] Al2lR Tttt 3

Hyp. Path Coeff. SE t value | p value

H1 FP—TA 0.532 0.013 | 40.189 | 0.000xx*x*
H2 FP—CI 0.157 0.020 8.003 | 0.000%**
H3 TA—CI 0.400 0.019 | 21.508 | 0.000%x*x*
H4 FP—TA—CI 0.213 0.012 | 17.782 | 0.000%x*x*
H5 ATXFP—TA 0.029 0.014 2.130 |0.033«

* p < 0.05 ** p < 0.01, == P < 0.001
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Conditional Effect of Algorithmic Transparency on Faimess Perception -> Trust

Algorithmic Transparency Level

Low AT (-1 SD)
104 — Mean AT
....... High AT (+1 D)

0.5F

0.0

-0.5¢

Predicted Trust Al Recommandation (TA)

—20 -15 -10 -05 00 0.5 1.0 15 2.0
Fairness Perception (FP)

Fig. 2. Simple Slope Analysis Graph

5. Additional Analysis

5.1 Moderated Mediation Effect of AT

& A4e 3784 AA(FP)o] AZ(TA)E iz A%
o& 2 &(Choll vlRl= PRt Faels FBA(AT)
szl wel welleAs Assdn. oz 9l
SmartPLS 4.09] 2715 7Pd&3Hconditional indirect
effect) A2 AAlstolon], £ *é 572 B Mean),
F3(—1 SD), =2(+1 SD)e.2 dAs}ct.

A A} <Table 7>} Zo], B& &4 IH
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Different
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Effect

Boot
SE

Boot
LLCI

Boot
ULCI

t value

p value

+1 SD

0.224

0.014

0.199

0.252

16.538

0.000#x**

Mean

0.213

0.012

0.191

0.237

17.782

0.000%x**

-1 SD

0.201

0.013

0.178

0.228

15.795

0.000%x**

* p < 0.05, **

p < 0.01, =+ P < 0.001

5.2 Multi-Group Analysis
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Table 8. PLS-MGA Results: By Generation
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Table 9. PLS-MGA Results: By Region

Difference 1-tailed 2-tailed Difference 1-tailed 2-tailed
Hyp. Path (A vs B) (A vs B) Hyp. Path (A vs B) (A vs B)
(A - B) (A - B)
p value p value p value p value
H1 FP—TA 0.014 0.293 0.587 H1 FP—TA -0.076 0.998 0.003*x
H2 FP—CI -0.155 1.000 0.000%*x*x* H2 FP—CI -0.184 1.000 0.000%x*x*
H3 TA—CI 0.092 0.008 0.015% H3 TA—CI -0.040 0.865 0.271
H4 FP—TA—CI 0.054 0.011 0.023+ H4 FP—>TA—CI -0.051 0.987 0.026*
H5 ATxFP—TA 0.032 0.125 0.250 H5 ATXFP—TA 0.025 0.192 0.384

* p < 005 **p < 0.01, » P < 0.001

Note: Group A
Group B

Age 40 and below (n
Age 50 and above (n

2,191)
1,506)

22j3, Al FAAE| 20 tieh AAa} o]-§8i50] A4
A|of me} xtol & Hole=AlS e Hfsl, +=d("

A} Bl H(BE B)E 72519 PLS-MGAES 3
stict. Alsgelao] maw, = 2] o ]_ e A,
Alg Qzel AR E 48 e S
A7t EAY10I[36,37), ol2i gt Atolh 374 ALt Alg],

J2) @ Aol ol 7 Pl = S 0 4 9k,

<Table 9>9] & H/ﬂ A}, 17(1/\3 )
3 MRSl A e(H2), 57873 MR -AIS0]
& =(H4)9] Al BRoA SAK o= [oJet Afo]7} Lt
ERATHp < 0.05). ®A HIASA = —0.076)2 &7
QI4jo] Al=jo] Djxl= o] ulpEUoA o ZEe
o:]_f_ﬁ_q o]‘_—. KJE 7(4__1.}\-1)_} qx]E" 74 040] /\H:HK oz
atel 7oA ZAA T ZMTA] olAlo] Al@] aAjo] sHA
89102 x1g3te ojnj3ict,

F3 HAASAT = —0.184) Ado] 2w, ¥l Ed
O] 8AIALE TAA olAlo] X|&o|L o]ro] DR A

ﬂdﬁl-iIoZ:

27T 7

A2t o 3k ol M FUAol it o]
Y T 7% RGBT ey HEigel Al ol
A0 3y 5102 RGeS AT Y 259 of
8RS YR a2l 2F 5 7128 2
A2 o FAGtE 4TS E‘i‘if%.

cigol HACIAAL = —0.051)04 = 92l xfol7} &t
Qsjo], 822 eold %33 Q40| 4122 opfz
A%018 oo ojAl At o bl Ueldc,

* p < 0.05 ** p < 0.01, == P < 0.001

Note: Group A = Capital area (n = 1,706):
Group B = Non-capital area (n = 1,991)

VI. Conclusions

1. Summary and Discussion of Findings
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