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[Abstract]

This study investigates how the agglutinative nature and morphological complexity of Korean are
reflected in language model (LM) internal representations by fine-tuning KLUE RoBERTa Base on the
NER task and conducting qualitative and quantitative analyses of attention maps. Our methodology
includes a stable training design based on subword-label alignment and masking respecting
character-level —annotations, attention weight extraction, attention strength visualization, and
pattern-specific attention distribution quantification. The analysis reveals three patterns: span-internal
cohesion, where entity tokens attend to span boundaries; boundary alignment, where post-entity particles
tagged O function as boundary cues; and long-distance dependencies, where distal arguments form
semantically coherent links. These findings suggest that Korean linguistic characteristics are structurally
organized at the attention layer and head level. This work enhances the interpretability of Korean LMs

and establishes a foundation for interpretability research applicable to diverse downstream tasks.
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II. Preliminaries
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1.2 Structural Modeling and Interpretability
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2. Design of the Fine-Tuning Model
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Table 1. NER Configurations and Evaluation Metrics
Item Value
Optimizer AdamW
Learning Rate 2e-5
Weight Decay 0.01
Batch Size(train/eval) 8/8
Epoch 3
Evaluation Metric Precision, Recall, F1,
Accuracy
Loss Function Cross-Entropy

3. Visualizing Attention Maps
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3.2 Visualization Interface
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IV. Experiment Result

1. Qualitative Study
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Fig. 2. Span Cohesion (casel)
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