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[Abstract]

This study investigates the predictability of post-listing price surges and cross-exchange premiums on the
Upbit market. This Study is to demonstrate the empirical validity of an integrated analytical framework that
combines offshore market signals with online social signals. By integrating pre-listing Binance data with
quantified social sentiment from online communities, we evaluated the ex-ante identification of market
anomalies, specifically short-term surges and the formation of the "Kimchi Premium". Empirical results
indicate that while the MLP model is superior for detecting price surges, a Logistic Regression model
augmented with social factors is most effective for identifying compound events of surges and premiums
simultaneously. These findings suggest that combining global price dynamics and investor sentiment, provides

a robust basis for screening structural inefficiencies in segmented cryptocurrency markets.
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I. Introduction
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II. Related work

2.1. Structural Characteristics of the Domestic
Cryptocurrency Market
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2.2. Cryptocurrency Price Prediction
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III. Dataset Construction

2 AFollA ARESE HlofE] 45 HR|= Fig 13} 2t
alle] Azt = AZiadA 12 ©9 OHLCV(Open,
High, Low, Close, Volume) AJAE HolES £416}0]
Q1 &9 BA HlolEAlS HdstaL, sAlo] 2219 AR
Uelziel 28 BAE doleig 323ste] EY o



90 Journal of The Korea Society of Computer and Information

2021 ~ 2025
Amin / OHLCV

Social Factor

2

» A p— | Nébember 23, 2024, 05:03:51 PM
Global Ci lized C.)om DEE (. e Il 1ve beeﬁgemng notifications of new ATHs
Cryptocurrency Exchange (CEX) Ticker Preprocessing o e | fOT all SOT OF {OKeNS €VETY 2 hOUTS for the
Datasets B : ||| pastfew days*BTC, ETH, SOL and so
. UPBiE ‘ preprocessing T~s<_ || many memecoins hitting ATH
o L ) J ) R 2SR Wy T = ;v;}iengonen notifications about BGB
- L] i ! s
. : ; ¢ Actual Ticker tokens ||| an exchange tokerrhitting ATH twice in 3
I ! i . soL : days!!! Nahhhh this is crazy work &
‘ LW Models ‘
\ i
. Dat ATH BEGB |
Korea-based Centralized ata I . .
Cryptocurrency Exchange (CEX)  extraction ' I l Detecng Social Factor extraction

Price Surges

Fig. 1. Overall data pipeline from exchanges and social forums to prediction models
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3.4. Social Factor
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IV. Experiments

4.1. Experimental setup
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4.2. Model Selection

4.2.1 Logistic Regression (Logistic Regression)
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4.3. Evaluation Metrics
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4.3.1 Area Under the ROC Curve (AUC)

AUCE 7RES 13 2502 uboPiaiN, 18 3
of & Aotfiex] 02 2ot & ZU=AE sAlol
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7} Al Eolck. A% dlojEldle] AUCE 71F02 nda
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4.3.2 F1-Score

ARl EAF oA shuel AR 71ECe R o]Fl
wi7s odolor ko, Y =(Precision)et A&
(Recall)o] xo} gl Fl-scoreS ARHESIH. 4E
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Table 1. System Environment

Variable Description

Target Variable(Labels) *Within H days after listing

Indicator for a price surge: 1 if the
Upbit price increases by at least 10%

y_up
relative to Tj; 0 otherwise
Indicator for a premium event: 1 if
y_gap the Upbit-Binance price gap reaches at
least 10% at any time; 0 otherwise
Indicator for a joint event: 1 if both
y_both

y_up =1 and y_gap =1. 0 otherwise.

Outcome Metrics *Within H days after listing

up_maxret Maximum cumulative return on Upbit

gap_maxret Maximum Upbit-Binance premium

Pre-listing Price and Volatility *Pre-listing window

Number of minute-level observations
in the pre-listing window

Mean log return

Standard deviation of log returns
95% of absolute log returns

pre_n

pre_logmean
pre_logstd
pre_abs_p9%5

Social Factors

social_share Monthly ticker mention share
EWMA of z-scored monthly mention
share over the 6 months before listing

(ty ~6to £y - 1)

social_norm

4.3.3 Accuracy
Hatel AR WS oM B Ul REgt v)
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4.3.4 Precision
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V. Results

5.1. Experimental Results
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2 AR5 4o 452 vl
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B s £ 580 SA e 44 meE
Z713E 7420 = MLP= AUC 0.84=2 A= A&ntn ACC
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wEl7} ZotE|cebe A 18 Selo] Aush 9xld
AJAFSHT}. Logistic Regression Market-onlyof|A]
AUC 0.72, F1 0.47, ACC 0.47, Precision 0.40, Lift
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moju|go] sl AN Aol A A slle] AHZiA
AN 7dEe A8 PAER HuA QPgARlor Hid
A= AlAReict

BHHEILE ]ogistic Regressiono] 71 45 A=
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0.67, Precision 0.37, Lift 1.492 =2 M-S 7|&
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AUC7F 0.892 #7} 7§AE]9ict. Precision EA] 0.430
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=7} jAEQlon, ACCE 0.682 QAISH 258 SA|s)
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Table 2. Performance comparison for surges > 5%
within 1 day

Method AUC F1 ACC Precision Lift
5 | Market | 067 050 053 0.30 1.02
>0
@
@ | +Social | 057 051 053 0.30 1.02
— | Market | 072 047 047 0.40 1.36
a
2
@ | +Social | 080 051 082 0.40 1.36
o | Market | 083 063 05 0.50 1.70
<
P | +social | 084 062 071 0.50 170

Table 3. Average performance for compound events
of surges (3%/5%/7%) and Kimchi Premium

Method AUC F1 ACC Precision Lift
u:Er- Market | 0.78 045 0.5 33 3
o)

2 | +Social | 078 055 0.6 0.40 1.61
— | Market | 0.85 062 067 0.37 1.49
a
@

‘@ | +Social | 0.89 0.57 0.8 0.40 1.37
- Market 0.79 0.51 0.57 0.33 1.36
o

+Social | 0.79 057 059 0.41 151
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Table 4. Summary of top 3 assets by composite score

Ticker MINA 0G SEI
T, 2023/10/24 2025/09/22 2023/08/16
R_max 116.6 78 153.8
G_max 280.3 264.0 130.9
S(=RxG) 3.27 2.06 2,01
pre_log_std 0.01 0.04 0.02
pre_vol_mean 205,125 533,724 4,929,458

5.2. Result Analysis
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Fig. 2. Daily price trends for the top 3 assets

VI. Conclusion
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