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[Abstract]

In this study, we propose a multi-representation learning model that integrates heterogeneous
information—movie poster images, audience reviews, and textual phrases extracted from posters—to
predict the genres of Korean films. While visual features are learned from posters using a CNN,
relying solely on posters may fail to fully capture genre context, especially when discrepancies exist
between the director’s intended genre and the audience’s perceived genre. To address this limitation, we
additionally construct a Word2Vec-based review analysis model and an LSTM-based text genre
prediction model using OCR-extracted poster phrases. By integrating the genre probabilities from the
three models, the proposed approach achieves approximately 75% overall stable performance, effectively
compensating for genre-specific errors compared to the single poster-based CNN model (approximately
78%). The proposed multimodal framework enhances the interpretability and reliability of genre
prediction, and future work will focus on expanding genre categories and refining the weighting of

OCR-based textual features to further improve performance.

» Key words: Movie genre prediction, Multi-representation learning, Convolutional Neural Network,
Natural Language Processing
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II. Related Work

1. Movie Poster Image-Based Genre Classification

A3t TAEE A2E AR o 72 MIdsh= A|ZF U
o]7] fjzofl, CNNg &8¢t oJujx] 7§t =2 7 A+
7F Fdts] zledE]o] it} Chuet Guow Uit2 gt &

A dolElle PESHL, AR 9% % AR 3Rg
WA FBote A AAYS Aste] Lefelole 2
25 2AE ORolth1]. Sl CNNS o]g3) gat

.

ZAE oJujx|gto s F2E FFohs A HalEQlo
o, g got 2AEE gide= o HEolE: A= I
% 2ddo] A|Qtsl v} QITH2].

Sung 5 EZAE oJUX]E Y= o= = CNN 7[gt

w718 ool ZAEO| YRjE AJZPA mjjido] g2
7o fadE B3] Korai 52 3% 7 o9
RGB ZAE] o|0|X|5 AJsHe] 287] =20 tigh O &
2 FRE g EHN, g2 HojEAloae] ZAH
718t a5 7hsdS A5 oIiT4]. E3h et mAHY
AR 5742 729t AEK|of HHOL AT O AIQE]

= SHAIS 7}7(]1;} i/\EiL Aad 8

%}ﬂﬂoﬂ QéL ol

71 dFHoR AZE & AR oJopiA]y AAL
TR A2 FEe ATAC =Y mAdEY] gE
01‘ 7F 7

F2 3 AP Redt Feole 2R/ WHsH

2. Text-Based Movie Genre Classification
BIAE APl oslo] U&at £9]712 Wt RAAO
2 §hdoy] mheol, AlsAA 2 R-ATUE S S8

— o= & o0
BAE N2 25 A7 9] 2] Aol ok

Battu 52 3} A]SA|ATES Qado g slo] A=9f o
SAlO o &Sk O 24 Bed 222 A
St H2E Il AR A olste BElZA 2

2 OF v} QItH7]. Van der Lee= Atb IHAZ
oz GAEIT UG S92 BYK02 F530]
Bt H2E TRskE A5 +3YskAH8l. Cuomos

o

O.

Oﬂi} = =l

stof, AlsAlau Y REn o F5

o
B2 M gkt 7]ojdh 4~ 9182 WAHr}{9].

TIT o

F]dol= EsiARH(transformer)
257} s 347ElL 9ok Shauka )
eg eloe sk de g2 ve 2AE o
2, o EdAmojel AEA oflig YT B2 Ao
(Genre Attention) 7]8F &S Fotste] A= 7F &4
R0 2 X2J5tATH10]. Zhang 52 ARAIAE

oz glojd

ru

>

)

—a2 20

AEZ 3835) A2

il
r—f' ['I_Ik?_\ﬁ
oo
o o
o
oPt
ozl

I
EXS 7Jskl= o] Z7H(language

augmentation) A=t & E AEHS ZAgholo], |G

7]1:]]— Ata H

E]OLI_:] :;E

o]aﬁ_]— HAE

$R0) BAE YuE HINo2 Y- 1

ARSI
I ATSL AT PR 7 HRE

WIE 4 Aths RS 7HRIRIEE ZAEOIM AEE=

AR 2O 0P ol=ot e U HEsA R

g Rold @ 9lck. 4, 2jRo] A9 Bl

ZBA WP} b WgElo] 2ol o=t A2 2ol

E 7]— J_]aﬂ l:‘l:l_P}\ooP A olonz] E,}—I|Lo1 H]?ﬂoﬂ Eﬂ/\E7}
Mots A oA HAe] 2= 37].

3. Multimodal/Multi-representation Movie

Genre Classification
Aol ZAH Olﬂlxl, AlBAlA, olad 4, tiEf

oY 5=

o
12 2571

O)‘{

A E8sh= HE| 2 (Multimodal) B2}
28k 913} Li 52 ZAE-ZF-o1H-

dEtEolE & oet RE2ES SYcte TEHRE A

2 FRAM, =Wl A 2RES AR APIAE
(self-supervised) Ooff1Md 2 Cj&3l5(contrastive
learning) T Y IE A|etsto], = FA4 A¥ld 51t

S YoM A2 7 TEHS FHAZHIL
Vishwakarma 5 S AL28) A2 eIl

oln
Iru
ol
3
S~
b
o
2
o
N
_L4
o
>
i)
lTl
d
ifte

Sulun 52 TRt Atlsks RN FEe 1aE
SEUEH, A, FMAE, 34, g9 adtg 52 4T
w719 Ashs YACR o Ve BERY g2
©Re oYste], Ry Ago] WY 2T ofy] 7|
¢t s P2 HE 4 e BAH{14]. o, 2~
Elot AlsAlAE A ARSSle REIRE A2 R 2E
= A= o], ZAF ojojx|et EA2] 2982 A U
o2 e 45 UEAI #2271 AAH 15



142  Journal of The Korea Society of Computer and Information

520l clofat sdelele] Aug Adstel ot 4
22 Bestes A7t 2w of2olAln 9ok S3] A
MelsH 592 B8] A% 3. HAE YU §
ke Aol AgEglon, o2ia Wie U By
€] 73 H2uct E P2 25 45S Holk Joe
uDEQI) o]g Zo] Sulun 52 o 1H ol x5
g A7} S HAE S7g ATslel F2E BRI
UelRg ZY9 a2 Aolton, AeeY S3e
8ol Yo gAY 2 LR aUNYe 8Y
cH15]

E3 AT ATAME DR A B Hen
o B B4 AT} H2 34 YMY BN B4

A

o|r
(o]
=
‘O,
)
>
|

Lo} AR & S

III. The Proposed Scheme

1. Poster Genre Prediction Network via CNN
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Fig. 2. Test results for poster genre prediction.
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2. Review Genre Prediction Network via NLP
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IV. Experiment and Results
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ofje} o 50] ot

o o o = =20
o7t Agg BAELh TP o o A(78%)S B, 218 NLP(62%)%t
OCR-LSTM(68%)=> 57 F=ollH ev-R/E H7dshks 9
6. Error Case Analysis TS ofo] B BB of 5% »E9 PN B5E
QFF Al 24 A, ofZ midHo] FEHAT: UERACH CAM BAS &3 nolo] 225h= A|7HA o
1. ZAE] gAlRlo] 2 ZgAdut 2aust H¢- Ng solgion), o e AlE E5 TAH TR, 2]
s DUZE ZAH, Ul FA ZAH £ o] =3y, OCR HIAEQ] AW 3 & 7} 13 ujAlo]
2. 2|79 A mo] AA A=t 2UAlske 4 &A™ Forw mjorstgirt
« cajutof] Oisl "AF ==, "ElsiH” 5 AdeA g, 2 Aol ARESE B8 WA Al R A=
2 5 d =52 U Faohs WHos F3EQlon, o] 3
3. OCR HI~AEJ} gat W&zt AAA o] gle 3% 9 7 mdllo] o5 Azt el E4LS 585 vhst
© AR BE, 224, BE 27 2Y Al Zshe A7 EXfItt. £35] 574 A=ojlA dTiRle
4. =% 4= gt 2 50l e 229 o5 gEo] 2Y WA TS
« 2fiA+F0Y, Betopage] 5 GAVE Rest oy AR FRest gasks @4do] AEQIch ol2{gt
stoM &5 57t ZAibs & B 75 & WAl Y A9 A A
ofefet N2 e 22 Ui FF ol F= VISRl 2ol opd g ARRRITE FE AoME F2E JHEAE
27, 9IAE ZEY Jg}, 29 g YA 7ol tigh  skasl= uRAlou confidence 7]8E gating, attention
25 AAES Al 719 e 22 nwshe A AhE Aol 24 v
FElEols A2 27 Ao A4 dEettor  glelo] Jldes Mooz RAFIo 2 E9 wolo]
7t F2oM9] o5 A5 BletE Sw0l AWs] oB7] MLg ot A 4 91 7oz J|tEich
wol, & ApolM= o7 =2 FYA(RWA, S, & 2 AFols 2 7 AP EXRICE §A, HlolHAl
o, A9, AW, Z0jo)o ofs Precision, Recall, o] £ Z2Eoq 2AH gk Fatofl ggE]of 9lo] &F
Fl-scoreE #7t=2 AbEsto] Hluwstict. 4 Zih =2 2 2xol 53 9hAlo] st 715A4o] ojch Est ot
2B 719 CNN 2dlo] AJZPA S74Jo] F5igt 204 abi 2]He} OCR 7|8t 7= BlAE ZAIN} M2 114
2 d5e BOl B, S 222 SY AR G Al o 9 u] iR, rolxvt xE AL oE s
A @A} ofgh Aol A Recallo] 7B &= A4S & o] Ashe 4 Qich nxjatog 2 Qoxs A 2de]
&4 it 5o] AgE] 3 SR 20t dol HAE Elo] AL 95f T Ha 7| S RS ARR S
gb AL sl Uefe 49 2li B ZAH &7 on, o]k 7} »dlo] AZle S £935] UtdstR] & 4
HIt oS Hestke a7t WEESIC ot 2 qich % djlolNE glojg] Welo] ehA), Ak2d thof
+ &9 229 77t AA Bt A= Ue Hlud Aol Awst TJejy 7HEA| sH5olu attention 7]8t
ofet A2 s Weet QR F Bt aus Fof o g3 Ak A gsto] olefst slE B WUt ok
Bt Sles HARH. & AFolA Aokt O B JIYE A2 oflF e
AR et AFY oM e &8 7ol Al ol &
o] AE|Y Mu|20|M= Aot FRIX 55 A] ZAH 0
V. Conclusion OR|eF g8 7, £7] WA Yk GojHE VRte s
F2 15 AAzor AU 7IE A= BH1E B
2 AolME Fot ZAE oJulx], P 2R, XA sl g 2838 & 9Jr} T3 Bt Aba Fe|xof tfs] B
Bl Yl OCR &+2h= Al 7HA] o]dA Bl JHS st of ARsls A2 AJHE Algsto 2y 34 A|AH] A
= gt A=2E daste o B Sls g giolu A g0l 8848 wol: o 7o
(Multi-representation Learning) 7|89F RE-8 Aot5t 2 QIc} o]2ist AojA 2 JA= g3} A= BAo] AI=
ot ZAE OJuARl= CNNez, 2jF HAEE SRE oflet AA| AH|A oA E8 7hedt BE
Skip-gram 7|8t NLP 282 ZEAE 7= LSTM 7|8t 2X9] 71H5/dS ARt
g2 737F shgotl, olg9 g2 =Eis 595t St et AdolElE gidez mAH-R-T1E
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