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[Abstract]

In this study, we propose a Performance Context Ontology (PCO) that expresses expert competency
information embedded in recruitment or academic domains in the same performance context structure
and enables effective competency matching even between cross domains. First, we design an ontology
schema by deriving a conceptual framework of performance contexts that can be commonly applied
across cross domains using LLM. Then, ontology instances are constructed by extracting performance
context concepts from unstructured data collected from each domain. To verify the effectiveness of the
proposed ontology, an integrated ontology for recruitment and academic information was constructed to
confirm whether competency-based matching is appropriately performed even in cross domains. In the
future, we expect the proposed ontology to serve as a foundational technology for developing an expert

search system to effectively identify key experts required by institutions.
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II. Preliminaries
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1.2 Ontology Design Methodology
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1. Performance Context Ontology Model
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1.2 Derivation of Performance Activity Types
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1.3 Integrated Ontology Schema Design and
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2. Performance Context Ontology Centered

Integrated Ontology Construction
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2.2 Cross-domain Semantic Linking
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IV. Experimental Results
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1.3 LLM-based Instance Construction Results
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1.4 Cross Domain Semantic Linking Results
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2.2 Comparative Retrieval Results between
Existing and Proposed Models
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Fig. 11. Comparative Experimental Results between
Existing Domain Ontology and PCO

2.3 Discussion on Retrieval Performance of the
Proposed Model
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V. Conclusions
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