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[Abstract]

This paper examines how different skill design types affect task performance in a Korean office-task
automation environment based on OpenClaw. We compare four SKILL.md design types: procedural,
constraint, example, and checklist. Seven benchmark tasks are constructed, including reply drafting,
identification of information to confirm, checklist generation, and structured summarization. The outputs
are evaluated in terms of format compliance, inclusion of key information, handling of uncertainty, and
avoidance of unsupported details. The results show that OpenClaw performs stably and accurately across
most tasks. Differences among the four skill design types are generally small. Performance drops appear
mainly in tasks involving scheduling uncertainty. Overall, task structure and uncertainty have a greater

influence on performance than the instruction organization strategy of the skill template.
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Table 2. Benchmark Task Configuration
Task Task Type Core Objective Key Evaluation Focus Output Format
. . Exclusion of unsupported time . . .
Reply draft Write a polite reply draft under . PP . Email subject + email
task02 ) . . proposals, handling of uncertainty,
generation scheduling constraints . body draft
format compliance
Identify required follow-u . . . Requested items
. y q . P Detection of confirmation needs, .q . /
Follow-up action actions and missing . . information to
task03 o . . non-commitment to uncertain support .
organization information from an o ) . . confirm / follow-up
.. . conditions, action limit compliance .
administrative request actions
Create a checklist of missing L . .
. L. . Missing-information detection,
Checklist or uncertain information . . . .
task04 . . . avoidance of redundant items, concise 4-6 bullet points
generation before replying to a meeting .
checklist structure
request
. . .. | Inclusion of key schedule and request
Structured Summarize a long notice email . y . q ’ .
task05 . separation of confirmed vs. 3-line summary
summary for reporting to a professor . . .
unconfirmed information
Reply draft with . . Conservative interpretation of . .
P y. . Write a cautious reply draft and L P . Email subject + email
task0é6 clarification . . availability, no unsupported time
. include one follow-up question . . . . body draft
question generation, question inclusion
- Prioritize information that . . . L
Priority-based 0 € 0_ atio a Ordering of confirmation priorities, .
. . must be confirmed before . . Ranked checklist
task07 confirmation . . avoidance of premature booking -
. processing a room reservation . (1st-4th priority)
planning assumptions
request
Structured Report confirmed information, Separation of .
. . . . . 4-line structured
task08 reporting requests, uncertainty, and risks confirmed/requested/unconfirmed/
. . o . . summary
summary in a fixed format risk information, no overcommitment
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Table 4. Mean Performance Scores by Task and Skill Design Type

Task Procedural Constraint Example Checklist Task Mean
task02 5.0 55 5.5 50 5.25
task03 7.0 7.0 7.0 7.0 7.00
task04 7.0 7.0 7.0 7.0 7.00
task05 7.0 7.0 7.0 7.0 7.00
task06 6.5 6.5 6.5 6.5 6.50
task07 7.0 7.0 7.0 7.0 7.00
task08 7.0 7.0 7.0 7.0 7.00
Skill Mean 6.64 6.71 6.71 6.64 6.68
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V. Discussion
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