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Abstract

Objectives: This narrative review examined research trends in artificial intelligence (Al) chatbots for oral health education and
counseling, with a particular focus on differences between Korean and international studies in their progress toward clinical
application. Methods: International studies were searched in PubMed and Web of Science, and Korean studies in RISS, KCl, and
DBpia, with the search limited to publications from 2019 onward. Of the 63 eligible international studies, 12 were purposively
sampled to balance dental subspecialty and country of origin, with all studies reporting user or clinical outcomes retained; both
Korean studies meeting the criteria were included. The 14 studies were categorized into three translational stages: development,
performance evaluation, and effectiveness validation. Results: International studies spanned all three stages and included
randomized controlled trials that assessed clinical and behavioral outcomes in patients. In contrast, the Korean studies remained
at the development stage, with no assessment of response quality and no effectiveness validation involving actual users.
However, many international studies were also preliminary or small in scale, indicating that widespread clinical adoption has not
yet been achieved. Conclusions: A pronounced gap exists between Korean and international research in the clinical translation
of Al chatbots for oral health education and counseling. To bridge this gap, Korean research should move beyond development
toward user-centered evaluation and effectiveness validation, supported by the construction of Korean-language datasets,
standardized assessment metrics, and multidisciplinary collaboration involving dental hygienists.
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A7F ACH4L.

SHH Q13 A5 (artificial intelligence, AT)¥} 2F1o{x] 2 (natural language processing, NLP) 7]&:2] @42 o] 8 Holof] | 28 AH|A 1t
A2 AlFSEL QITH5]. I FolA = tit = 210l (large language model, LLM)E 7|REO.2 8k AT A2 Q17 fALRH A 0 2 7)o
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879/dS Eole WFO= oA Aoz yididnh J2u ARY} thE WigS Aske ¥
(hallucination) @/, 2.2 eHd, #2124 24l 52 °1735] sfidslior & A= #)71= 3 AEH]10].
ojof whz} i elofl A LA wlg- S 1% AT 5171 ) o] oA aL QL OLH11-18], o] 29U SAle 7= thE
F&E ERlrk. =olollA= Axe] SH A B7H12 13BlollM vobr 72e] thzA|d & A4l o 8Aks thde= gt a3t 25 1H19,20]
7F S A AL QAR = A= BRSNSl F-Ashs Bl 2 M2 9loi[21,22] i xS A el A sl 1 anke A
Sohe BARE Uo x| Zstal 3ot g e ko]
ARk o 2 £RYE o] itk 55| FgEA WS AdH Y
(translational gap)& THe: A= 719 o] F01212] Q3ke
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A LA
& e R nE3EE AL AR Wit Sule] AT SR A CE 1Esh] 913 Ul2{ElE 2R narrative review)oltt.
PRISMA (Preferred Reporting Items for Systematic reviews and Meta-Analyses) A3 5 B3 7fo|=2iolof| ulz} 2318 47 H7}s}
= AAA 3 wE oEA), A RN WSS AT ATe A A, S S E B2 AT, A A AT S TR FHE
|3 o] AdA|t At 2| 10] o] A go] Tt wfebA 2 dte &t 2718 6k AAA £ 12 ET ALo) W gt F0
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2. 551 240

8 A2 20261 49 195 49 269471A] =361l o) 2|F A2 2026\ 4 26 0]t =-9] £32 PubMed, Web of Science
of| 4] 27 51 om A AL (chatbot OR ChatGPT OR large language model OR artificial intelligence) AND (dental OR dentistry
OR "oral health") AND (education OR consultation OR counseling)< 7|20 2 A5}t I £31-2 sk A1 BAH|A(RISS), 3=
a8 oJ(KCI) DBpiag 2835130, Z44]-2 (ChatGPT OR A8/3% Al OR th3 o 2% OR LLM OR A1) AND (F4EZ w5
OR 2|48 18- OR A} g OR 217 2-8513ict. /93 AleF LLM 7]9F i Aq7p 242 0 2 Z7ke}7| AR A7) S 11est
o] 20199 o] & ZFS 2SI
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ST (2) YA =7 (3) Yol F= g0l 2 2MgE o] skeX|of| ARE E31 02 a1tk AlQ] 752 (1) 774 4 ATt 5 S/} AH
To] Gls Al S8 A7 (2) eathg] 25, AV, B 34 Q) Y& %Hiﬂ E7bse 230 SRl 3 o] AT A2 At 1%10]
F3Ysielom, AlEat 252 A ESH S i ERlsto] AA7|50] 55 o F-5 Wittt T AL E 435 o] A2t 2 S Eet 9
2 BaRlo) 2 A 42 4 GO0, A % Aol 718 BE Belo] Bsh 1 70 1 g sto] who] Azbi e SAIstgict
39 BHL $YU 717 M8 Al S8 A5 YT Wt A7} OB Aiste], 97 99 U 9] BEL Ak 24 5
(purposive sampling)& AAISHITY. oof] X|x} Al X5 Gt 3 =7 Fxs JEHI Tefsto] F51-E HlEetg o, WL ASHA
91 ol 8- I AF AT W4 TPl & DBL Adslolck, ) R MY 71ES S5 YA LB IHS M B glo] B
z3toto], 2T A S £ 148 0 = Yoot 28 A4 1Y 9 9AME 29 4= <Fig. 1> 2tk
International literature Korean literature
Database search Database search
PubMed, Web of Science RISS, KCI, DBpia
(n=2,198) (n=11)
After duplicates removed After duplicates removed
(n=1,543) (n=5)
After title and abstract screening After title and abstract screening
(n=697) (n=4)
After full-text review After full-text review
(n=63) (n=2)
Studies included Studies included
(n=12) (n=2)

Fig. 1. Flow diagram of the literature search and selection process.
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ZolA S 35 B7He 714 AR o] 82 Y] o &3t Bl o] 2717H] 4 F7M(clinical translation)2] HAE 2 RaEFct 2 A
ois AE =9l 23 282 7NE-715 PN, /s B2 77, 2t ASEA 412 FHEste] BAIITKTable 1>.

1) =rlQ) 3t o] -5
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Table 1. Summary of overseas studies on Al chatbots for oral health education and consultation by translational

stage
Author (year) Country Al model / Chatbot Target/domain Methods and main findings
Stage 1. Development
Fanelli et al. (2025) Italy PerioGPT Periodontal  Built a periodontology-specific model; compared
(periodontology-specific ~ knowledge/  with 5 general chatbots on 50 items and validated
GPT-40 + RAG) development on 71 items. Achieved the highest accuracy
(81.16%), showing that a domain-specific model
can outperform general LLMs.
Stage 2. Performance evaluation
Lv et al. (2024) China Bard, ChatGPT General oral ~ Blinded evaluation of responses to 40 patient-
disease/patients derived questions by experts and laypersons.
ChatGPT-4 performed best, though variability
existed across models.
Jacobs et al. (2024) USA ChatGPT Third molar ~ Assessed accuracy against AAOMS clinical
extraction/  guidelines and readability via Flesch-Kincaid.
patients Accuracy was acceptable, but readability was low
and citations were absent.
Mohammad- USA ChatGPT, Bard, Bing  Endodontic FAQs Evaluated the validity and reliability of chatbot
Rahimi et al. (2024) / patients responses to endodontic FAQs. Confirmed
potential as an information source alongside
limitations for public use.
Chen et al. (2025) China Ernie Bot, ChatGPT, Orthodontic ~ Evaluated responses to 50 pre-treatment questions
Gemini consultation /  across 6 dimensions. Mostly scored 3-4, indicating
patients cautious use and need for expert verification.
Ozcivelek and Tirkiye DeepSeek-R1, ChatGPT, Prosthodontics/ Evaluated responses to 35 prosthodontic FAQs for
Ozcan (2025) Dental GPT patients accuracy, readability, and actionability (in-silico).
Some responses contained unverifiable citations.
Tuzlal et al. (2025) Tirkiye ~ ChatGPT, DeepSeek,  Dental implants/ Evaluated 45 implant FAQs across 5 chatbots.
Gemini, Claude, patients ChatGPT-ol ranked highest (relevance 4.99), with
Perplexity large performance differences among platforms.
Stephan et al. Germany ChatGPT (report Radiology report Randomized 300 patients; the simplified version
(2025) simplification) explanation/  of Al-generated radiology reports improved
patients comprehension and communication.
Stage 3. Effectiveness validation
Pithpornchaiyakul Thailand ~ FunDee (dedicated Toothbrushing Validated as an alternative to in-person training
etal. (2022) chatbot) education/  during COVID-19. The 30-day FunDee improved
caregivers  toothbrushing skills without face-to-face training.
Hunsrisakhun et al. Thailand FunDee Plus (dedicated Child oral health RCT with 320 dyads. The standalone chatbot was

(2025) chatbot, PMT-based)  / caregiver-child an effective alternative to a group combining
chatbot with in-person training for improving
child oral health.

Santonocito et al. Italy Al chatbot (guideline- Orthodontic ~ RCT with 100 orthodontic patients (chatbot

(2025) based) patient vs. leaflet). Gingival inflammation (MGI) improved

education/  significantly, but knowledge gain did not differ.
patients

Islam (2025) Pakistan ~ ChatGPT (educational ~ Endodontic & Randomized comparison in 100 patients. The Al

content) restorative/  group showed higher clarity, usefulness, and trust,
patients lower anxiety, and better knowledge retention.

AT: artificial intelligence; RAG: retrieval-augmented generation; AAOMS: American Association of Oral and Maxillofacial
Surgeons; LLM: large language model; FAQ: frequently asked question; RCT: randomized controlled trial; PMT: protection

motivation theory; MGI: modified gingival index.
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Table 2. Summary of Korean studies related to Al chatbots for oral health education and consultation

Author (year) Category Al technology / model Target/data Methods and main findings
Park (2024a) Development GPT + RAG Dental hospital board Built a dental consultation Q&A chatbot
(LangChain) consultation data  that retrieves consultation content similar

(60,218 characters) to the user’s question. Simulation suggested
improved access and accuracy.

Park (2024b) Development RAG + function calling Same consultation Improved handling of complex questions
+ Al agent dataset via function calling and parallel processing.
Simulation-stage demonstration; no user/
clinical validation.

Al artificial intelligence; GPT: generative pre-trained transformer; RAG: retrieval-augmented generation.
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