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Abstract This study proposes a K-fantasy animation production pipeline utilizing generative Al and
verifies its effectiveness through the short animation "Anrisu in Wonderland." Traditional production
methods pose high entry barriers for independent creators and small studios due to their high costs and
heavy reliance on human labor. To address this, an integrated pipeline combining commercial Al tools
like Midjourney, Runway Gen-4, and Higgsfield with LoRA fine-tuning techniques was developed. A
strategy of separately fine-tuning character and background models ensured consistency between
frames. A dedicated dataset reflecting the structural proportions of traditional Korean architecture and
the unique color system of the "Weird Country" was constructed, overcoming existing Al limitations in
expressing Korean aesthetics. Expert evaluations confirmed positive results in visual completeness,
production consistency, aesthetic expressiveness, and production efficiency. Compared to traditional
methods, this approach reduced production time and manpower, proving its potential as a practical
alternative for generative Al-based K-content production.

Key Words : Generative Al, K-Fantasy, LoRA Fine-tuning, Character Consistency, Korean Aesthetic
Sensibility, Al contents Production Pipeline

re
-l
rir

MEet7|smistn Wi Yey H7H| X222 = ASLICE
} : Z¥3|(chanwch@seoultech.ac.kr)
20253 12¢ 24 82 20263 028 06 AAAZ Y 2026 02 19Y

*

B2
=
)
>

it}

+
ne



224 M=QIHUgEs=2X 123 H15, 2026

1. M2

OTT EAEFY 4947 tAE v|to] &4 it
< w4 eg, K-EghK-3-K-gEo] olo] K-ofyH|
o] d71A] K-Edl=7t 2EH A4 T ARE

S QieH1l B9 3= A AH3 §& A, 1f
AARE @ddos Asjast 'K-weps] 2= 53
A a9}t 22 AAE PSS e R A AR
A ApEskE AAYES Adoh. 28y o3t EixE
2 £29 LR AAF6E] oA =gk
A&y} 7l gFo] SAlo aErh

EAl= AEAR1 ofyHold Az BhAlo] o]t =8
£ o] ofgth= 23 A ok 714, &3
A, Zgof] o]2= A 1Fo] ke FHAHo R FPH
), & &9 22 AZox wrfet A AIZkH1E0]
2Q9tH2]. ol AEFo] BEJ 59 ARt F4
TE AZARA =2 AYFHoR ZHEote, BlEA
H3ol= A =80 7|9sHA t-357] ol fA RtE=

8 Qlo] =i SIth3l.

o|2|gt Azt 49 24 HEEAS AT tiete
2 32 B8E ATA= L8 AEL Al ot
Qo] BAFelal leH4]. 84 BY(Diffusion Model)[519]
o 3%do] Midjourneyl6], DALL-E 3[7], Stable
Diffusion[8] & HIAE-F-o]u]X|(Text-to-Image, T2I)
T 17 AR8BKEIQIT, Runway Gen-4[9], Higgsfield[10],
Kling[11], OpenAl Sorall2], Google Veo3[13] &
B B AlY] SR BEIE RS A A|F ol
AATE Ut o]2fdt =52 AR Mg
I AZ 58 f71HoR A AL Ad

ey 7129 HE BAAY Al BES K-HERA] ofYy
o] d Azt IR HEsrlole F 7R dAAel
7148 1@ A7 AT

A, N B3 EA°lt ofyHol A A&
oYt AN 5L MHEY JF-Ax- 7240l o
=A fA =] olok gt dev A Al B=e 5YE
SFLEE P95 JEoltige T vl AiEEY] dF
FELh ool mIHSHA ¥slsl= @4o] EAsHH, o]
<= ofYHold9 A UYL Ashcte Z=2HA A
&2 ZRg3tr)

=4, =4 vz 289 Aot A8E Al B
2 FE AT 49 diiE dlolHAC R SEE o],
S AT B2, A5 44, A A3 A 5 g 2L

99 WSk 848 ST ASHOR AR

p
5l

[ i

=55t Aofo] ik, T A AZe] Ao} ZAlo
So| ulg] A T asE A4 HHoIA o7
U 33UR A% oplnh £ 49U} s B
et

ofo] & Q7 o] FAE I2s7] AT K-wet
A ofuslold A8 Az ol merole Attt A

H gy ujy nds 5g¥oz sigole By
LoRA(Low-Rank Adaptation)[14] T1%d Az}

Midjourney, Runway Gen-4, Higgsfield 5 A& &
TE 18R Agsto], e T =4 1

P A F 7K IAE SAl0 25k RES AAl

N

ol d
i)

AQrgE nto]Lapelo] A g /g K-HerA] T ofjuH
o|d Tzo]=9] etel4=, 9] Ay 718-AdkE B3l AF
Hog HFSHAh MFE 3L Yol AEH
E40] E3}E CCIP(Contrastive Character Image
Pretraining) A1¥& A Brletglon], I Azt d
271 1290 o= 3 B4 BrlolA A4 Ak,
A& 4, mshd 1@E, A’ a&4 Auto] 44
B 4378063 )9 384 ATE RISkt ®
3t S AR A o] Az 713 F 64% B, o]
1 50% dxfolgks A& WS FFH R 4S5t
A},

2 =72 e Zo] A" 28004 B4E3
Al oJu]R|-J4 B8 BE9 7|&4 ¥2et LoRA =1
7 719 Higt ol24 wiFEE AAET 3% olA=
e £9F oelFd g A dud 3
7F P ES 7|&tith 4300 4= THol=9] Qe A
ZF AHIE Bl Al 719 9= A7 A4 mho]malE
AFHow BAM) sAoAE AR/t A B4 87t
AIE BAsH, 6FolA= A Al AT 54
HWE AR} mpRgo R 77349 AEoA A At
o] AAET T AT WS =it

¢

b

2. O|2X HiZ

B AeA S s5S tlolH Y] fES HiEe R
2L ZHI=E 522 FAsk= Al 7]&oltH14].
o] & 9AE DEDES s}y o|m|R} A A
Aol BIAE-E-o]u]X|(Text-to-Image, T2D)2} ElA
E-E-GHText-to-Video, T2V) BHEC| T I

I



44

o2t

Al 7]gh K-IEFX] OfLIHI0]4 FIZF Tpo|Bafel A7 225

5] skl Qlet

HAE-F-olujz] A e 7xe St 2d
(Diffusion ModeDell gieh. [Z18 113 Zo] o] Zd&
o|22RE AlFtslo] GAIFCR o|=E A|ASHH
olu|AE o= WA o= FEitt. ARAPT =gt
HAE ZRIEE CLIP[15] 22 9AE 9H9 2dZ
53l HEz HEE, o] HEHE 2= 510 ofu]A]
A7d mdo] AE3t.

Po(xe—1[x()
&g ~@ @z ~®
L N o =
B o H A

[Fig. 1] Conceptual diagram of the diffusion model

qEAQl A2 T2] B9&+= Midjourney, DALL-E
3, Stable Diffusion, NanoBanana &°| 3Ith
Midjourney= 1|4 SAEL} ALY dT|AHoZ Hr}
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4= Qi

[Fig. 2] Image generated by Midjourney
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[Fig. 3] Example of NanoBanana image synthesis

HAE-5-GAF B2 T2l 718 Az Aoz &
A5t Ao =7, 3D Al37Hspatio-temporal) ©oElA o
AUES E8oto] e 7t AT didS IRt
[16]. THEAQ] A8 ZF2Z+= OpenAl®l SORA,
Runway Gen-4, Kling, Higgsfield, Midjourney,
Google Veo3 5°| 3t}

Runway Gen-42] 7% aleph 7152 &3l slL19]
olAR ofy] AR FHZ AT £ flow,
Act-Two 7153 HAA(lip-sync) 71’52 53l A=<
ARl o Bk 5715k &= qlo] i E i3 AH A
Zto] Zhg-Frt.

Higgsfield= 9524Q1 7H2t 9129 & 54 %
Aol AL A G A EHEolh BA "HEH 7
2 E&5td 7} ool WE e HHE AAA
A §A = 9lom, A HAZ(Depth of Field)2t
A= PF(Optical Distortion) AO1E Bl A4 24
ojdE sk & At W(pan), BE(til), F(zoom),
=2(dolly) T 93t &3 7IHZ F@sto] Avrte
A Aol 7hsst

Midjourney®] 94 882 FAHE olRA&E 7|92
2 5% Y99 F2 JdE w0, A&EAHAT 1
LRH0E FAQE AT 4= Utk BT JAER
(extend) 715 Bl Y Zolg dFT & qirh

Google Veo3+ Transformer[17] 7+%9] SAtHH
2, 24 o7A] &= o] BA=M, Flowss &3l 2t
148% Aol9] F7IA g 4 qirh

o

2.2 ORIEY 7|H

7129 g2 AAE Al 2dS vzl mjelqt of
o] W&ol, 54 HEY =4 u-E X &6)A
A3l ) A7 ek ol &S] Q8 mel
(Fine-tuning)7|¥Ho] &t} mRl%Y 7ol &4t
9] g A E HolEu Yok= AEHY HloJEE o]
|5 nEdS F7t SFAFCREN EY £40 ndS
ur=5lsk= "otk DreamBoothl[18], LoRA,
StyleAlign[19] 5] #Ho] 9low, J3oA LoRAE
e 2Eo] B REGE AT w205
A% 115y 7IHoltt, [19 4]19] LoRA 7]& Yo
A & S % 71 ofoltjol= nEo] B TEAE A
B AUo|ESHA] &1, Al B AlZo] 249 HAY
PES RAE] 54171 Aolth o|FA ShH 54
7ok & metulE 471 34 o1&, £H &= i
g B8o] . E AFoAE= LoRA TRIFY 7]



N
N
o
P
o
ro
m
II9£
FIEI

Al M1238 HM15, 2026

sgHo Aolg 4 9

Pretrained

Weights
‘_H”_\
e m
{_%

[Fig. 4] The fundamental principles of LoRA
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(Table 1) Anrisu Character Dataset Structure

Number of
Category images Key components
face 29 Basic expression, no emotion

Expression of 5 Expressing various emotions such as

emotions surprise, fear, determination, and smile
Upper body 7 Various postures (jumping, running,

full body sitting, raising hands, etc.)

Lighting . _

changes 9 Natural light, strange purple lighting

o 00 0

ann

" Q& ‘ piidd
R T T R

[Fig. 5] Dataset image for Anrisu character
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(Table 2> Background Dataset Structure

Categol Numilezr @i Key components
gory images 4 P
Hanok Structure 15 Roofline, eave curve, traditional
Korean house style
. Blue, Red, Yellow, Green Saturation
Korean pine 7
Contrast
Forest of the R I
Strange Kingdom 45 grain direction, reflected light
Monster Appears 7 lllumination structure, contrast ratio
Background

WAy Bps  MB(p  HAGe  AB0hers  WAGOmo  BQIerg W2 @asns a3 gaipeg

[Fig. 6] Kwaeiguk Background Use Dataset Images
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g FEoto] AEE XYkt
(I 3>2 LoRA @& ARESE ours 23} LoRA &
48 A83HA] &2 Baseline BE9 X =4 AE
Aeet oot
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(Table 3) CCIP Face Distance

Scene Proposed Baseline
(Ours) (flux_dev)
cave 0.1360 0.1507
classroom 0.0731 0.0578
forest 0.0296 0.0752
palace 0.1089 0.0934
street 0.0419 0.1465
ALL 0.0779 0.1047
(18 715 CCIP AxE NdE gAaEgog yehd

J=izolt}. forest, street ©] F R K- ”}E]'X] o]
o9l 34 wiFe=, JHHE LoRA7ZL sid WEolA
£35] Aty o s ZE3he HojErh v classroomAl

oA Baseline LHo| B £2 J5& Hol&= 2= 1
el Qlth. o]+ classroomo]| @tfo|x UAFZ QI
Ho=s, HE wdo| sk53t vlojg Haof 77| uf
Eo& 4% 4 Qlth

0.35

anrisu_flux_lora(ours) [ flux_dev

0.301

0.251

more similar)
o

o

0.20 4

o
0.154 %

0.10 4

CCIP distance to ref (lower

[Fig. 71 CCIP segmented character cosine similarity
box plot
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(Table 4) Test data image

Scene Proposed Baseline
(Ours) (flux_dev)
cave
classroom
forest
palace
street
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[Fig. 8] Characters in ‘Anrisu in Wonderland’
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Image Generation and Model
Training
Midjourney Data Set Fine-tuning Model

Generate an image of the sceneby Provided
inputting the scenario content as a Character LoRA // Style LoRAImage
prompt. generation via fine-tuned models

Reference

Generation
o
Adobe Photoshop
Manual retouching
Video
Generation
Midjourney Video Runway Gen4

Character and background
compositing/editing

Audio
Generation
Center

Y
‘Adobe premiere Pro / After Effect

Final editing and post-production

[Fig. 9] Al-Based Content Creation Full Pipeline

4.3 Al O|O]X] A4

E AFoA= Midjourney v7< 71 A4 S
2 AAsk, Flux_dev 7]5H9] LoRA TRI%FY &
w3 Aesleict o]zst A3he Eo| IEmEQ] 9o
A AL} sk A AR A4S BgFo R ZhE
SIS AASkSic

Midjourney9] &4 HHAAE &-8oto] FAF A
e I FHet Y9 IS fA6IeH, [
I 1017} Zo] Midjourney Edit®] Generative Fill ¥
InpaintingS AFESHe] 20 2 w7 9] wo|=y o
A QBAEZ JAAHA HAsH

T
o |o

P

(a) Image of the will-o'-the-wisp (b) Image of the will-o'-the-wisp

before modification after modification

[Fig. 10] Image before and after applying Midjourney
Edit
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[Fig. 11] Image Generation Using Midjourney Option
Features
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[Fig. 12] Example of NanoBanana Synthesis
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[Fig. 13] Video Generation Process Using Runway
Gen4
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(Table 5) Expert Panel Composition

Field N“”.“t.’e’ of ratio
participants

Video Producer 1 8.3%

Graphic Designer 5 41.7%

Video Director (Video Technology) 3 25.0%

Post—productl‘on edltmvgvand colour 3 25.0%
grading specialist

Total 12 100%

ARe 619 Wt B AAYoH, 2 32 57)

5
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(Table 6) Expert Panel Evaluation Item Composition
and Questions

Evaluation

Criteria Key Evaluation Questions Examples

* The color palette and lighting in the video felt natural
and harmonious.

Visual quality | * The visual consistency was maintained as there was

little difference in resolution or texture between

frames.

Direction and | * The character's movement and viewpoint transitions

Scene were maintained stably.
Composition | * The overall direction effectively guided the audience's
Skills gaze and heightened immersion.

« Even as the scene changed, the characters'
appearance and proportions remained consistently

Character and stable.

gg?:gg:;d * The character's style (artistic style, linework, color
Y palette, etc.) was consistent with the background's
aesthetic tone.
. « Traditional aesthetic elements (e.g., Korean color
Aesthetic ;
; palette, the beauty of negative space, restrained
expressiveness

composition) are well expressed.




44

ogr

Al 7|8t K-

HELX| OHLIMIO|M M|Zh mo|Z2tol 7t 231

* Symbolic elements within the scene (light, fog,
background structures, etc.) enhanced the narrative's
emotional tone.

* There was almost no occurrence of resolution

Technical degradation or color distortion.
Stability * No afterimages or noise interfered with the viewing
experience during the Al frame interpolation process.
* | found the Al-based production method to be more
Production efficient than traditional production.
Efficiency * The speed of incorporating requested revisions was

fast, and the quality of the incorporation was high.
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(Table 7> Expert Panel Evaluation Scores and Key

Opinions
Average
Evaluation score . -
Criteria ® eiins Key Narrative Opinions
out of 5)

“The color palette and lighting beautifully
captured the work's atmosphere, and the
texture rendering was also very delicate,
resulting in a high level of overall
refinement.”

Visual quality 4.36

“The scene transitions and camera angles
Scene flow seamlessly, creating a smooth
Composition 4.37 rhythm and stable pacing, resulting in an
Si\'lls exceptionally high level of overall
production quality.”

Direction and

“The harmonious blend of color tones and
spatial depth between the figures and
background creates a unified visual
composition, with the subjects standing
out naturally and impressively.”

Character and
Background 4.26
Consistency

“The aesthetic atmosphere and emotional
delivery of the work blended

Aesthetic harmoniously, allowing for natural
) 4.39 . . .
expressiveness immersion, and the delicate portrayal of
emotional flow was particularly
impressive.”
. “The frame quality is stable and the colors
Technical . S
o 4.49 are rendered consistently, giving a strong
Stability »
sense of technical excellence.
“The Al-based production process
significantly boosts work efficiency,
Production 439 enabling rapid handling of repetitive
Efficiency : editing or correction tasks, making it
highly practical and valuable for real-world
applications.”
average 4.376
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(Table 8) Comparison of Efficiency Between
Traditional Production Methods and
Al-Based Production Pipelines

Ca Traditional animation Al-based production
tegory . "
production pipeline
Average production
time Approximately Approximately
(per minute of two weeks 5 days
content)
8 people 4 people
Participating (storyboards, character (Prompting,
personnel design, coloring, editing,| Visualization, Editing,
sound, etc.) Sound)
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