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Finding Relevant SNP Sets and Predicting Risk to Disease Using
Simulated Annealing

Dong-Hoi Kim’, Ssang-Yong Uhmn’, Jin Kim"

ABSTRACT

We applied simulated annealing algorithm and decision tree to find SNP sets relevant to a disease and predict the disease
risk. For time complexity problem of SA, we construct an initial SNP set by fast heuristic algorithm and applied efficient

transition rules to obtain new SNP sets. The experiment results show that we can obtain new SNP sets with the improved
prediction performance compared to others by traditional feature selection algorithms.
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