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ABSTRACT

In this research, we used Support Vector Machines(SVMs) as the learning and recognition unit of the
speech, one of artificial neural network, to segmented from the continuous speech into phonemes, an
initial, medial, and final sound, and then, performed continuous speech recognition from it, A decision
boundary of phoneme is determined by algorithm with maximum frequency in a short interval. speech
recognition process is performed by Continuous Hidden Markov Model(CHMM), and we compared it with
another phoneme segregated from the eye-measurement. From the simulation results, we confirmed that
the method, SVMs, we proposed is more effective in an initial sound than Gaussian Mixture
Models(GMMs). We plan to construct a optimum hybrid classifier of SVMs and GMMs, and apply to
continuous speech recognition.

© 2014 KKITS All rights reserved

KEY WO RDS : Phoneme segmentation, Pattern secognition, SVMs, CHMM, GMMs

ARTICLE INFO: Received 15 January 2014, Revised 5 February 2014, Accepted 14 February 2014.

LA E & 59¢ SHRMIE SestEt A7) AR
Hu ok 3 Ao g A7vh 2 o
A6 AUMAE ol4d UEH 72 & 402 o deze £y AYgd &
SVMso] ZZ< m3 9o o SYMse] 7]A 3 4 DBol it 87t F7bEa 9lom HTKS 2
& AU ETAAE BLANS HEoE 4
"Corresponding  author is with the Department of Eo % AE:]?_] é} 9] 1‘—/_]__%] = 75]%“]_‘8]'01 }_7] % AR
Electronic Engineering, Gyeongnam National University, . _ _
dS LAsT o]Eo Eg}o e Zo
33 Dongjin-ro Jinju Gyeongnam, 660-758, KOREA. == TSI folEelt EnelE 2 e2E
E-mail addresses: kslee@gntech.ac.kr Sste]l AHES7IE SkARE o3 AE I



Journal of The Korea Knowledge Information Technology Society(JKKITS), 35~40, Vol.9, No.1, February 2014

4r

AR 743 HolEe) R ofgol U

[

o

olp

e

* 7(x],y])aERN 6:]’{-:': H—ﬂlEi

palz!

i

rERYandbER €]

0,

(w-2x)+b

ojn

AzME 54 99

=
T

&
A E,

sion(w - x+bR1 BE

A7IA, wt b= fv=
AN A&d defvHEolt wer

o< 73 WH

=

o
hu

o

ojn
ol

ol
P

YT

t:;l.

S F9E 3 o)y

B

Optimal
Separating

Hyperplane

t71 ¢l

9]

wol on] 2 Ao ¥

Support Vectors

L
L

U & A9

o|

]

7k AgkE o

i

g Al

i

o 7% GMMHETF SVMso] =&

A

A3, =

R

e

Figure 1. Separation in Linear Space
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2. Support Vector Machine (SVMs)
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