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ABSTRACT

This research evaluated differences of classification performance for feature selection methods
using LDA topic model and Doc2Vec which is based on word embedding using deep learning,
feature corpus sizes and classification algorithms. In addition to find the feature corpus with
high performance of classification, an experiment was conducted using feature corpus was
composed differently according to the location of the document and by adjusting the size of
the feature corpus. Conclusionally, in the experiments using deep learning evaluate training
frequency and specifically considered information for context inference. This study constructed
biomedical document dataset, Disease-35083 which consisted biomedical scholarly documents
provided by PMC and categorized by the disease category. Throughout the study this research
verifies which type and size of feature corpus produces the highest performance and, also suggests
some feature corpus which carry an extensibility to specific feature by displaying efficiency
during the training time. Additionally, this research compares the differences between deep

learning and existing method and suggests an appropriate method by classification environment.
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