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An Application of FP for Big Data Software Cost Estimation
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Abstract

Era of large volumes of data that data increases exponentially has arrived. This is because the
holdings of smart devices per use and one of the social services has increased. Regardless of the
development costs and the importance of scale calculation of precise software in the early stages of
development in big data project management, cost estimation study reflects the big data environment was
not nearly done. In this study, for an attempt to overcome these limitations, we have proposed a FP
method of applying fuzzy logic. The proposed method in this paper is to reflect the actual size of the
components of the FP, it is possible to correct cost estimation. Only the level FP value associated with an
increase(decrease) in the boundary value increases(decreases), it is possible to minimize the ambiguity
even ripple effect FP during the early stages of development. Fuzzy FP method proposed in this study, it
is possible to calculate the appropriate cost for large-scale software in big data environment.
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Infrastructure Marketing (e.g. Unica) RDBMS
(Private) Cloud Analytics (Tableau) OLAP
Networking Modeling (SAS) Messaging
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* Terabytes

* Records

* Transactions
* Tables, files

* Batch

* Near time
* Real time
* Streams

* Structured

* Unstructured

* Semistructured
* All the above
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