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A Study on the AI Quality Process Factors Through Internal
Correlation Analysis Of Chatbot Applications
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Abstract

This study identified factors that affect the quality and process of Al chatbot service from the user’s
perspective after it has been developed to increase the continuous satisfaction of application services using
Al chatbot. The factors related to satisfaction and quality items were analyzed through the response data
of the developed chatbot agent developer and the users of the linked service, and correlation analysis was
conducted with the satisfaction of the Al chatbot. According to the research results, the satisfaction of Al
chatbot can be checked by analyzing the correlation of factors in the response data. These correlation
factors can be used to identify the quality process along with the characteristics of the AI chatbot.
Through this correlation analysis, we confirmed the need for a foundation for continuous quality
improvement through the learning ability of Al itself. As a result of this study we analyzed the factors
between chatbot agent developers and users, and derived an Al quality process through continuous
reinforcement learning, which has implications for continuous improvement operations.
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